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Problem and motivation Background Event kit

Event Name: Attempting a bike trick
Video collection

* Zero-example event detection: retrieving, from
a large video collection, videos that are related
to a given event textual description, where
training examples for this event are not given

¢ Typical solution: transforming both the event
textual description and the available videos into
concept-based representations using simple
concept terms retrieved from a pre-defined Retrieving complete

Definition: One or more people attempt to do a trick on a bicycle,
motorcycle, or other type of motorized bike. To count as a bike for
purposes of this event, the vehicle must have two wheels (excludes
unicycles, ATVs, etc.).

Visual cues:

Scene: outdoors, often in skate park, parking lot or street
Objects/People: person riding a bike, bike, ramps, helmet, concrete
floor, audience

Activities: riding bike on one wheel, standing on top of bike, jumping
with the bike (especially over or onto objects), spinning or flipping bike
Audio cues:

Audio: sounds of bike hitting surface during the trick, audience cheering
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Method outline A) ELM (Event Language Model) B) CLM (Concept Language Model) C) Concept number selection
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