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Data-driven machine learning method to estimate
missing exoplanet properties by applying clustering
algorithms

Most complete data set by combining the NASA

radil of these planets are often unknown. We therefore
propose an estimation method using machine learning.

exoplanet archive and exoplanet.eu database
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Fig.3: Known radii versus their estimated values after the UMAP e Needs only 3 host star parameters & orbital period of

inverse transformation. The solid black line corresponds to the
equality of the true and estimated values. Dashed lines represent
the average error in radius for Hot Jupiters between 0.5 and 2.0 R,
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e Promising for parameter estimation in exoplanets

o Useful tool In the target characterization of
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upcoming missions such as PLATO and Ariel. y
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