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Abstract: The successful development and deployment of Al systems depends on
access to data which is used to train models using several different techniques - from
machine learning to automation. However, issues related to underlying datasets which
are used to train algorithms and bottlenecks within organisations which undertake Al
development result in Al-driven products or services that fail to scale due to concerns
regarding bias, quality and unfair use of data. Who has access to the data used to build
Al systems, what are the conditions under which the data is shared and who benefits
from data use are some of the significant questions that remain unaddressed under
prevailing logics of Al research and development. These systemic issues combined with
prevailing power asymmetries in Al research and development result in arbitrary
exclusion of individuals and communities - who are the primary producers of data -
from participating in algorithmic governance and decision making. Regulation on how Al
is researched and developed requires a paradigm change to push for responsible Al.
Institutional frameworks for regulation of Al should adopt perspectives from procedural
justice praxis to ensure that fundamental human rights are upheld and create space for
public dialogue around Al deployment for specific contexts and purposes. It is this
paper’s contention that embedding data stewardship - an approach to data governance
which unlocks data for responsible use without compromising the agency of individuals
and communities that produce the data - can go a long way in advancing Al innovation
through safe, trustworthy and fair mechanisms.
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Introduction

The successful development and deployment of Al systems hinges on access to data
which is used to train models using various techniques' - from the more prominent
machine learning (ML) and natural language processing (NLP) to automation, robotics
and machine vision. In a sense, availability, accessibility and quality of data® are the
primary drivers of the innovation potential of Al products and services.

In fact, Al integration is considered the foundation of the Fourth Industrial Revolution,
purportedly ushering an era of prosperity that is fuelled by troves of data.? This data is
produced by individuals and communities - digital footprints that humans leave in the
wake of their interactions with technological applications and devices. A 2018 report by
Forbes pegs the amount of data generated everyday at 2.5 quintillion bytes.* These
traces of information have since transformed into crucial determinants of development
and welfare in contemporary societies, with Al finding application across a variety of use
cases in agriculture,® climate change,® finance,” healthcare® and law enforcement,’
among others.

Who has access to this data, what are the conditions under which it is shared and who
benefits from data use are some of the significant questions that remain unaddressed
under prevailing logics of Al research and development. Broadly, problems encountered
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in Al development can be bucketed into two categories - issues relating to the
underlying dataset used to train various Al algorithms,’® and bottlenecks arising from
designers of Al systems."" As a result, several Al-driven products and services have
either failed or are unable to scale due to pervasive concerns around bias," quality'
and unfair use of data."

It is this paper’'s contention that embedding data stewardship' - an approach to data
governance which unlocks data for responsible use without compromising the agency
of individuals and communities that produce the data - can go a long way in advancing
Al innovation through safe, trustworthy and fair mechanisms. Underscoring such
innovation is the need for holistic data governance frameworks that intermediaries such
as data stewards are best positioned to deliver.

Fissures in the digital economy

The above mentioned challenges serve to foreground an insidious, but oft overlooked,
aspect of Al research and development: the power asymmetries in the current digital
economy which propel such unilateral innovation. These asymmetries manifest as
opaque, insulated Al ‘black boxes™® that arbitrarily exclude individuals and communities
- who are the primary producers of data - from participating in algorithmic governance
and decision-making.

In turn, the existing iniquities in the digital economy have produced renewed
discussions around the political economy of data. More specifically, the way in which
organisations - both public and private - amass data and capture its value for furthering
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their interests, has become the subject of a number of investigations,'” spurring the
need for new regulations' and in a few cases, demands for redressal."” Scholars have
highlighted the extension of conventional modes of capital accumulation® and
rentiership in the digital economy?®', that hold data producers “captive”* with limited
bargaining power or agency to dictate how their data is employed in Al development.

Moreover, current discourse on regulation of information markets is overwhelmingly
preoccupied with data protection and consent as a means of authorising data sharing
activities. However, this model of regulation - termed the “privacy model”® - is blinkered
in as much as it cannot facilitate meaningful participation of data producers (individuals
and communities) in decisions regarding Al development, use and deployment. It
ignores potential implications such as “consent fatigue” engendered by
incomprehensible cookie notices and terms of use, as displayed on digital platforms,
that actively hamper the ability of data producers to provide informed consent. For
instance, an investigation by the Financial Times revealed that 79% of health-tech
websites surveyed deployed cookie notices that extracted sensitive information from
data subjects and shared it with third-party advertisers as well as data brokers, without
acquiring explicit consent required by the EU’s General Data Protection Regulation.*

Such instances violate the “contextual integrity” of privacy,” as the normative “notice
and choice” approach to collecting consent fails to afford data subjects with a
reasonable explanation of what their data might be used for. Thus, under prevailing
conditions of big data analytics, there exists grave harms to the autonomy of individuals
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and communities who have limited avenues to engage with downstream uses of their
data.” The General Data Protection Regulation, 2016, India’s proposed Data Protection
Bill, 2021 and Ghana's Data Protection Act, 2012 are some of the data protection
legislations that follow the “privacy model” of regulation.

Growing realisation about the abiding extractive characteristics of the digital economy
and the inadequacy of the current data regulatory ecosystem have recast fears about
lack of trust and transparency in Al design and development.”” Most crucially, the
absence of any meaningful legislation to address harms arising from certain hazardous
Al processes® and products® ensures that governance and public oversight over Al

systems have been rendered virtually impossible to achieve.

Consequently, the ubiquity of algorithms and the problems they produce call for the
radical reconstitution of relationships between individuals, communities and the
organisations that process their data. Respect for human dignity and rights must be the
lynchpin upon which emerging technologies, such as Al, should be founded on.

Reimagining Al futures

Progress in Al comes with immense transformative potential for human advancement,
increasingly defining the solutions to world's toughest challenges in healthcare,®
financial inclusion,®' food security,*> among others domains. But, research has
demonstrated how even the most well-intentioned Al tools and technologies have
disconcerting social, economic and political ramifications, manifesting as
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discrimination,® exclusion® and misery.* And herein lies the essential paradox of Al - a
system which represents unparalleled human ingenuity and creativity but bearing
unprecedented, alarming risks for human welfare and development.®®

Amidst these promises and perils, it becomes incumbent upon public and private actors
involved in Al research, development and deployment to examine the precarious
foundations it relies on. Such reflexive praxis must take into consideration the dire
intended®” and unintended*® consequences produced by thoughtless Al use and abuse,
going beyond mere consideration of ethics to a rights-based Al paradigm for the future.

While some might argue that such a movement towards redefining the Al paradigm has
already begun, it remains grossly inadequate and hegemonic, falling short of producing
a meaningful mechanism for public oversight over Al systems.*® The OECD Al Principles
(2019),* Public Voice’s Universal Guidelines for Al (2018),*" World Economic Forum's Al
Ethics Framework (2021)* are a few examples of legally non-binding principles and
frameworks for ‘responsible Al development. More recently, the European Union has
made an influential first step towards Al regulation through its Artificial Intelligence Act,
2021.% But scholars have been quick to point out that this Act risks adopting the “wrong
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definition of Al",* greatly restricting its scope for well-rounded coherent application
across industries and public agencies deploying a variety of Al systems. Elsewhere,
lawmakers in the United States’ Congress have introduced the Algorithmic
Accountability Act, 2022* in a move to address the ubiquity of automated
decision-making (ADM) in public life. However, researchers have criticised* the
proposed legislation for several reasons, ranging from the un-reliability of
self-assessments as a tool to address harms arising from ADM to lack of continuous
monitoring and limited availability of public information and oversight.

Further, over-emphasis on Al ethics in the frameworks mentioned above draws
attention to only a narrow, technical subset of problems and risks treating issues in Al
research or development as mere “design flaws” that can be solved through revised
business practices.”” On the other hand, systemic concerns® such as dwindling social
cohesion (ex: echo chambers on social media platforms), political abuse of Al systems®
(ex: automated propaganda, bot farms, deep fakes, voter manipulation, etc), lack of
diversity within Al research community, exploitative labour practices (ex: Al data
labelling),”® ecological costs of Al development (ex: energy consumption, mining of
lithium and rare earth metals) and the social trade-offs°' in Al deployment finds little

mention within contemporary frameworks for developing ‘ethical Al'.

Specifically, the problem of lack of diversity within the Al research and development
community speaks to the power imbalance between the creators of Al systems and
those who are impacted by it. The adverse impact is particularly egregious for
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populations in the Global South - where vulnerabilities are amplified due to absence of
institutional remedies™ for harms arising from Al deployment. This is because most Al
development is undertaken in the Global North with little comprehension of the
developing world, ignoring critical perspectives of relationality and social context™ in the
process. Such privileged systems of knowledge production within the Al community not
only exacerbate existing issues of bias, discrimination and exclusion as previously
mentioned, but also replicate long-standing patterns of epistemic violence.> In doing so,
Al research and development deftly bypasses dialogue from actors and entities that
exist beyond the core, i.e the Global North, suggesting a carryover of colonial mentality.

Reimagining Al futures is critical to address the systemic issues outlined above. To
achieve this, algorithmic governance and more broadly, regulation of Al must extend
beyond insular ‘technocratic discourse’ dominated by so-called experts, primarily
located in the Global North. A paradigm change is necessary to push conversations
about responsible Al from an exercise in ethics mapping and self-regulation by industry
to binding regulatory action by governments globally. To effectively guard against Al
exceptionalism, public authorities must implement governance mechanisms that not
only regulate how Al is researched and developed, but also create the space for public
dialogue around Al use/deployment for specific contexts and purposes.

Institutional frameworks for regulation of Al should seek to adopt perspectives from
procedural justice literature and praxis to ensure that fundamental human freedoms
are upheld in Al research and development. Procedural justice is defined as, “...(the)
idea of fair processes, and how people’s perception of fairness is strongly impacted by
the quality of their experiences and not only the end result of these experiences.” In
turn, the successful incorporation of procedural justice principles in policy rests on four
pillars:*® i) Voice: individuals are provided an opportunity to express their views and
participate in decision-making processes; ii) Respect: individuals are treated with dignity;
iii) Neutrality: decisions taken are unbiased and guided by transparent reasoning; and
iv) Trustworthiness: decision-makers convey honest motives and concerns about
well-being of individuals impacted by their decisions.
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Although procedural justice primarily enjoys widespread application within research on
criminal justice systems and law enforcement, it nonetheless holds valuable lessons for
public policy and decision-making in science and technology. As Joss and Brownlea point
out in their seminal paper,”” procedural justice praxis is indispensable to gain
community acceptance for specific public policy decisions and establish the legitimacy
of institutions making those decisions. Additionally, Joss and Brownlea offer that:
“...there is a functional relationship between decision processes and decision outcomes: if
those affected by a decision perceive the procedure of reaching that decision as fair (as
opposed to unfair), they are, first, more likely to accept and endorse that decision even if it
contradicts their own viewpoint and, secondly, they are more likely to entrust the
decision-making institution over time. Thus, procedural justice contributes to the stability of
both the decision and the institution in which it is made. The effect produced by this
relationship has been called the ‘fair process effect’.”

Human input into the process of Al research, development and deployment is necessary
to ensure that proposed and upcoming regulatory frameworks for Al systems are
anchored firmly in the praxis of procedural justice. An approach to regulation that
incorporates elements of public participation® and anticipatory governance that is
informed by broad-based social discourse can have positive implications for trust and
legitimacy of Al systems, as well as the actors building and governing it. Additionally,
participatory approaches to Al systems governance can provide the much-needed
regulatory scaffolding to ensure that decisional autonomy* of individuals and
communities and their preferences over data use in Al are upheld through the Al value
chain. Borrowing from a different context, India’s rural employment guarantee
programme provides a rubric for lawmakers contemplating legislations that embed
participatory mechanisms for oversight into Al systems. The National Rural Employment
Guarantee Act, 2005 provides for social audits®® by members of the public to ensure
accountability, transparency and citizen involvement in monitoring the performance of
the programme.
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To this end, data intermediaries - ‘a mediator between those who seek to make their

! - constitute a promising

data available and those who seek to leverage that data
avenue to accelerate Al innovation in a manner that respects the rights of data
producers (individuals and communities), while making available accessible and quality
data for Al research and development. Moreover, embedding data intermediaries within
Al systems regulation is in line with the move from model-centric to data-centric
approach® to develop Al. Data intermediaries can solve for twin issues of data
availability, accessibility and quality on the one hand, and also through mechanisms for
direct or delegated representation of data producers, data intermediaries can ensure
adherence to the four core tenets of procedural justice and participatory governance of

Al systems.

For individuals and communities, data intermediaries constitute critical conduits that
negotiate data sharing agreements and vet data requesters to ensure that the former’s
data is used for predefined purposes only. This is an important function that promises
to overcome the constraints of the prevailing “cookie notice” mechanism for privacy self
management and opens doors for delegated consent.®® In a similar vein, data
intermediaries are better posed to serve the needs of data requestors (corporations,
public agencies, research institutions) by providing value-added services such as
anonymisation, pseudonymisation, standardisation and analysis of data making it
amenable to use in Al development.®

Lastly, the inherent flexibility in structure and organisation afforded by data
intermediaries surface a multiplicity of mechanisms to ensure equitable, human-centric
models for data governance. These mechanisms range from data fiduciaries and data
trusts to data collaboratives, data commons and data cooperatives.®® Each of these
mechanisms have differing legal statuses, structure, composition and modes for
facilitating sharing of member data. A specific subset of intermediaries - termed ‘data
stewards’ - are of primary concern to this paper. The subsequent sections will lay out
the definitions and functions of data stewards, while drawing from the experiences of
compelling use cases of interface between stewards and Al research in the larger
ecosystem of data-driven innovation.
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Stewards also face several limitations. Lack of enabling legislative instruments to further
participatory mechanisms for data governance and absence of legal recognition for data
stewardship pose significant bottlenecks to the sustainability and scaling of stewardship
initiatives.® As also, databases or registers of data stewards demonstrate that most
stewarding initiatives are overwhelmingly concentrated in the Global North.*’ This
reflects an urgent need for diversifying the communities that find representation within
stewardship initiatives, including voices from the Global South and that of marginalised
communities in the Global North. Further as data stewards begin to achieve scale, they
risk failing to represent®® interests of all members, while floundering to manage
individual and collective interests. This can lead to ineffective decision making and the
consequent failure to manage community’s data. Though nascent, disparate and with
teeming challenges, the success of data stewards to deliver equitable outcomes hinges
on the creation of enabling legislative, regulatory and technical pathways to effectively
manage data for use in Al systems.*

Data stewards in service of Al

As previously discussed, data intermediaries encompass a variety of governance models
for organisations that facilitate greater access to, or sharing of, data.”’A data steward is
a subset of data intermediaries which works on behalf of the member community to
manage data, its governance and sharing.”

The Ada Lovelace Institute proposes a framework for ‘participatory data stewardship’,
where people whose data is used or with which decisions are taken are meaningfully
involved in how that data is used.” It is a ‘responsible, rights-preserving and
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participatory concept [which] aims to unlock the economic and societal value of data’ in
ways that empower communities to take the reins of their data.”

In effect, data stewardship aims to unlock the societal value of data, while upholding the
data rights of individuals and communities to participate in decisions relating to the
collection, management and use of data.” This is in line with Viljoen’s 2020 paper which
makes a significant argument for reorienting power relationships within the digital
economy, in favour of communities that would enable them to exercise meaningful
control over their data and dictate its downstream uses.”

Elsewhere, the Open Data Institute defines data stewardship’® as the process of
deciding who has access to data, for what purposes and to whose benefit, to realise the
value and limit the harm that reckless use of data can bring. Specifically, bottom-up
approaches to stewardship’’ can help to ensure that the design and governance of
stewards reflects the experiences and interests of communities, improving the
representativeness of the steward and more broadly, the data that feeds into Al
systems. This can enable a higher degree of confidence that the systems used to
steward data are fair and just.

Aapti Institute’s work at the Data Economy Lab’® aims to empower individuals and
communities to play a pivotal role in data governance and has documented numerous
examples of how this can be achieved.” Their research has delineated specific
functional considerations that arise while attempting to build a data steward and have
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coded the considerations in the Stewardship Mapper® and Navigator®'- both of which
constitute useful tools for Al researchers and developers looking to explore
rights-preserving mechanisms for data governance.

Therefore, the problem of lack of diversity within the Al research and development
community and its systemic concerns as previously mentioned can be addressed
through data stewardship which is aimed at putting communities first and affording
people greater agency in governance of their own data.®

Perspectives on ‘data ownership’

Dominant discourse within the digital economy’s regulatory landscape is riddled with
metaphors that consider data to be a “resource” or “property” that can be traded or
exchanged in return for services or money.®’ Thus, when users engage with digital
service providers or platforms, data sharing is legitimised through “consent notices”
and in effect, the ownership of data is transferred unto the data receiving/processing
entity. But, such consent provisioning is widely critiqued as it fails to furnish users
with meaningful control over their data, without a reasonable understanding or
explanation of what their data might be used for.

Further, this narrow approach to data regulation risks commodifying data,®* ignoring
the power asymmetries that have come to characterise the digital economy. Data
producers (individuals and communities) have little control over how their data is
used by data holders (corporations, public agencies) within the rubric of this
“ownership” approach in ways abrogate the rights of users over data.®” This approach
is also problematic inasmuch it considers that privacy and associate data rights can
be owned and hence, are alienable - an implication that is essentially untenable when
international law and jurisprudence have come to regard privacy as a fundamental
and inalienable right.®®
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Scholars offer that the erosion of user control over data props up digital enclosures
that ultimately disregard data’s non-rivalrous nature.’” Consequently, there is a
pressing need to move away from the “ownership” approach to data regulation, in
favour of a paradigm that recognises users’ rights over their data. This rights-based
approach focalises decisional autonomy® of users in ways that enable them to
exercise control over who has access to their data, how it is used, for what purposes
and to whose benefit. Data rights offers a much more comprehensive system of
protection than ownership because these rights continue to exist even after users
share their data with platforms or public agencies.®® In such a context, data stewards
can function as vehicles to realise one’s data rights and enable data subjects to
effectively exercise control over their data through a well defined system of
participatory data governance.

Figure 1: Perspectives on ‘data ownership’
Function and practices of stewardship within Al systems

The Govlab®, an initiative that develops and tests prototypes for new pathways to
leverage technology and data, defines responsibilities of data stewards to include
collaborating with external parties to help unlock the inherent value of data,”’ managing
data responsibly and preventing harms to data generators and other stakeholders, and
ensuring relevant parties act upon the insights generated through data.

In fact, data stewards play several roles - from engaging with the community,
conducting data audits and risk assessment, implementing a more responsive approach
to reaching out to partners who wish to use data for specified and pre-approved
purposes.’” Data stewards also ensure higher levels of accountability, and consider the
ethical implications of data use in specific circumstances and contexts, while
participating in externally validated public impact measurements.”
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Furthermore, there is a need to build trust in the data ecosystem to enable data sharing
for public benefit. Lack of user control over data leads to abuses of privacy and a
resultant decrease in trust.’® Further lack of transparency® on how data is used to train
algorithms that feed into automated decision making serves to only further alienate
users. Data stewards have the ability to build trust® i
with insights on how their data is used and exercise meaningful control such that they

in Al systems by providing users

are engaged throughout the value chain of data - rights from its collection, processing
and sharing with third parties.”’

Stewarding function Explanation Example
Ensures accountability Build high quality datasets | Landing Lens enables ML
for analysis, assess the engineers to collaborate,

risks of Al deployment test, confirm and deploy

deep learning models
based on high quality and
verified data. The platform
manages many models,
helps increase accuracy of
the system, identifies
issues and helps track the
efficiency of Al projects.

Enables participatory Create transparent and iNaturalist unlocks the
governance participatory mechanisms | social value of data by
to provide individuals with
meaningful control on how
data is used

creating a wealth of
knowledge about local
biodiversity and harnesses
deep neural networks on
the database created with
active help and
participation of its
member community.

% Open Data Institute. (2018). ODI survey reveals British consumer attitudes to sharing personal data.
The ODI Retrleved December 7,2022, from

% Mulgan G & Straub V (2019) The New Ecosystem of trust Nesta Retrleved December7 2022,
from h WWW.N new-

% Pentland, A, & Hardjono, T. (2020, April 30). Building the new economy: Data cooperatives. Works
in Progress. Retrieved December 7, 2022, from https://wip.mitpress.mit. nxqayv

% World Economic Forum. (2019). Rethinking personal data. World Economic Forum. Retrieved

December 7, 2022, from https://www.weforum.org/reports/rethinking-personal-data/


https://www.weforum.org/reports/rethinking-personal-data/
https://wip.mitpress.mit.edu/pub/pnxgvubq/release/2
https://www.nesta.org.uk/blog/new-ecosystem-trust/
https://theodi.org/article/odi-survey-reveals-british-consumer-attitudes-to-sharing-personal-data/

Reduce bias

Create frameworks for
data governance that is
sensitive to institutional
discrimination

Data for Black Lives has
developed a governance
framework with data
scientists, technical
experts and policy working
groups to undermine the
discriminatory effects of
technology

Increases representation

Make datasets more
representative to
overcome the problem of
siloed datasets.

Commonvoice® helps
make voice recognition
open and accessible to all
by offering a public dataset
of voices of volunteer
contributors from around
the world. The platform
provides an open source
database that may be used
to train machine learning
models and build
innovative applications on
top of it.

Figure 2: Functions fulfilled by data stewards

For instance stewards like OpenHumans® adopt a participatory approach to research

on health and education wherein members of the platform are engaged through the

lifecycle of a study - from framing research questions to being consulted periodically on

the progress of the research while retaining granular consent frameworks to control

access to their data. Members are free to withdraw from participating in a specific

research project by revoking access to their data at any time. In the event of

non-compliance with the pre-defined data governance protocols of OpenHumans, the
specific research project is black-listed and de-platformed.'®
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Other examples include Data for Black Lives, an early-stage steward, which is working to
bring recognition to the experience of Black communities who have been marginalised
through the action of algorithms.'®" The steward hopes to subvert the discriminatory
effects of technology by creating a framework for data governance that is sensitive to
institutional discrimination. This framework is developed within the Data for Black Lives
policy working group, providing a space for lawyers to work alongside data scientists
and technical experts to actualise reliable pathways to data governance.'®

In the context of Al, data stewards can assist in creating a secure data pipeline for
research, preparing data for analysis, assessing challenges and risks of Al development
as well as deployment, implementing steps to avoid potential bias and ensure greater
accuracy of probabilistic systems. This is particularly instrumental for a data-centric
approach to building Al systems, foregrounding the necessity for quality and reliable
data that can be supplied by trusted stewards. For instance, Landing Lens'® is a steward
which offers a platform to build and operationalise Al solutions in the context of
industrial automation and manufacturing. Landing Lens enables ML engineers to
collaborate, test, confirm and deploy deep learning models based on high quality and
verified data. The platform manages many models, helps increase accuracy of the
system, identifies issues and helps track the efficiency of Al projects.

Similarly, Neptune'® is a metadata store that was developed for Al researchers, data
scientists and production teams wherein the hub logs, stores, displays, organises and
compares all metadata generated in a machine learning cycle and helps keep track of
the datasets used by a company.

iNaturalist'®

is another platform that allows a global community of naturalists and
scientists to share their observations of nature. This platform responsibly stewards
sensitive data and harnesses deep neural networks on a database of images that have
been labelled by the site’s community of experts. Lastly, iNaturalist unlocks the social
value of data by creating a wealth of knowledge about local biodiversity with active help

and participation of its member community.

Commonvoice'®, an initiative by Mozilla, helps make voice recognition open and
accessible to all by offering a public dataset of voices of volunteer contributors from
around the world. The platform provides an open source database that may be used to
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train machine learning models and build innovative applications on top of it.
Commonvoice attempts to free siloed datasets that are concentrated in a few
companies, thus disrupting the power asymmetry that exists between data producers
(individuals and communities) on the one hand and data users (corporations) on the
other. Lastly, the platform also attempts to solve for underrepresentation of
non-English speakers and people of colour by mobilising people everywhere to share
their voice.

These use cases highlight the need for engaging communities and ensuring
accountability in the process of data use by Al researchers and developers. They serve
to demonstrate that development of Al systems is intricately wedded to data
governance, setting the stage for participatory governance of Al systems itself. This
argument corresponds to insights from an Al ecosystem survey'®” conducted by Alan
Turing Institute' and Al Council'®. Respondents stated that citizen needs should be
embedded into the governance frameworks of emerging technologies which will help
cement public trust around Al, reduce bias inherent to Al models and evaluate
acceptable thresholds for errors in Al systems, if any."'° Particularly, the survey surfaced
the need to prioritise human engagement and social research into deployment of Al
systems.""! This reiterates the significance of adopting a procedural justice lens while
contemplating frameworks for regulation of Al so as to democratise the value and
benefits derived from such technological innovation.

The way forward

“Detective Thorn: It's people. Soylent Green is made out of people. They're making our food
out of people. Next thing they'll be breeding us like cattle for food. You've gotta tell them.
You've gotta tell them!”

- ‘Soylent Green’, (Dir.) Richard Fleischer, 1973

Although one might wonder about the relevance of ‘Soylent Green’ - a 1973 futuristic
dystopian thriller with foreboding implications for human existence - for Al governance,
the authors of this paper argue that it bears crucial insights nonetheless. For one, the
movie mounts a powerful critique of over-consumption engendered by exploitative
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modes of production which treats human beings as mere ‘fodder’ for the larger
capitalist machinery.""?

More significantly, Soylent Green illustrates the violence inflicted upon humans who
have been consistently and systemically disembodied and disempowered in ways that
prevent them from taking control of their own lives. Herein lies a remarkable metaphor
for human existence in datafied societies - people are organised and governed by their
production of digital data through opaque and ill-advised ways by corporations and
governments alike."” Their existence, often, is reduced to their digital footprints that are
‘fed’ into the training of Al models, invisibilizing their role as originators of data.

The account of epistemic violence explained above is characteristic of Al systems which
is further complicated by technical issues within contemporary axes of research and
development in Al. This is because Al builders are disproportionately concerned with
manipulating the models and/or techniques used to build these systems. "'* This kind of
limited focus on models used to train Al application calls into question the veracity of
such applications. It risks ignoring a more fundamental artifice of Al development which
is that Al systems are as worthy and reliable as the datasets used to produce it. As a
result, there is less focus on acquiring and preparing the requisite datasets that
underscore Al development.'™

However, the move towards a participatory paradigm for data governance, such as data
stewardship, promises to remedy the ills of existing methods of Al development and
promote recognition for data rights of individuals and communities. Stewards, by virtue
of their deep links with a diverse community of data producers, can curate, standardise
and supply representative datasets to train Al models, reducing the scope for bias."'®
Due to their varied functional and operational structures, stewards can facilitate
enhanced control over one’s data, outlining the terms for data use in Al development

and demand accountability from erring data users through well-defined mechanisms
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for grievance redressal.'"” Embedding data stewardship as a core tenet of Al governance
frameworks is indispensable to ensure that community consent and participation,
privacy protection and broad-based public benefit from data use are the guiding
imperatives for Al research development.

The impetus to embed data stewardship finds resonance within contemporary policy
discourse emerging from diverse quarters around the globe. To begin with, the

t'"® embraces data intermediaries to “play a
key role in the digital economy”, facilitating “the aggregation and exchange of

European Parliament’s Data Governance Ac

substantial information”. Intermediaries are proposed as vehicles for data subjects to
exercise their rights vested in the General Data Protection Regulation, 2016 and gain
meaningful “control over data pertaining to them"”. Specifically, the Act makes reference

to models of stewardship such as data cooperatives'"”

as mechanisms for participatory
data governance, so that individuals and communities can channelise data use for
socially beneficial purposes. In this context, data intermediaries such as data stewards
can significantly reduce the cost of data acquisition for Al builders while ensuring quality
and standardisation of data for research and development. Most crucially, data
stewards are critical conduits in the Al ecosystem that can enable responsible and
trustworthy use of data, as seen through examples such as CommonVoice' and

iNaturalist."

Other European legislations such as the Artificial Intelligence Act, 2021'*

adopt a
risk-based classification of Al systems, with accompanying obligations and enforcement
tailored to the level of risk attributed to a particular system. Those Al systems classified
as 'high-risk’ applications such Al integration for credit scoring that results in denial of
essential services or biometric surveillance for law enforcement come with significant
compliance requirements - from ex ante Al Impact Assessments by multidisciplinary
teams to conformity assessment audits by external parties and lastly, human oversight
for post-market monitoring of the application.' In such a milieu, data stewards can
perform the role of technically qualified and autonomous third parties who can not only

participate in ex ante assessments, but also be continuously involved in the monitoring
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and evaluation of the social consequences produced by deployment of Al systems.
Member communities steered by data stewards could prove to be a powerful source of
human oversight into Al systems, enabling participatory governance of Al applications in
the process. A steward, like Data for Black Lives,'* is best posed to perform such an
oversight role and mitigate the discriminatory effects of automated decision making
systems.

Further, in India, policymakers are mulling the regulation of anonymised and
pseudonymised data through the introduction of the Non-personal Data Governance
Framework, 2020."%° Among other things, the NPD Framework seeks to usher in an era
of user-driven data sharing for use in policy making, planning and development,
research and innovation in emerging technologies such as Al. Data in anonymised form
is considered to be owned by communities which, through mechanisms of delegated
representation, can direct the use of their data for specific purposes, including the
development of Al applications.'*® Data stewards can function as representatives of
communities and ensure that their anonymised data is used in accordance with their
best interests, in ways that enhance collective welfare. Additionally, data stewards bear
duties of care and loyalties towards their member communities, such that they are
compelled to hold data users (like, builders of Al applications) accountable to the
Framework.'”

While these policy developments are encouraging and are suggestive of growing
appetite for regulating Al, there is yet much to be done. It is imperative that lawmakers
across jurisdictions abandon the prevailing top-down approach to regulating Al
applications and engage with communities which are at the receiving end of Al's adverse
ramifications. A truly reflexive, bottom-up praxis of policy making for Al has now been
made possible through the practices of data stewardship outlined in this paper,
delineating and securing a position for human beings in a world that seeks to treat
them as mere 1s and Os.

Acknowledgements. The authors are grateful for the review and inputs provided by
their colleagues at Aapti Institute’s the Data Economy Lab. This paper has greatly
benefited from their feedback and engagement.

124 Data for Black Lives (n.d.). Retrieved May 28, 2022 from https://d4bl.org/

125 Ministry of Electronics and Information Technology, Govt. of India. Revised Report by the
Committee of Experts on Non-personal Data Governance Framework, 2020. Clause 7.1, 7.6, 7.7
Retrieved May 28, 2022 from
https://static.mygov.in/rest/s3fs-public/mygov_160922880751553221.pdf

126 |pid.

127 |bid.


https://static.mygov.in/rest/s3fs-public/mygov_160922880751553221.pdf
https://d4bl.org/

Funding statement. This paper was produced as part of the ongoing research around
data stewardship conducted by the Data Economy Lab at Aapti Institute. The research is
supported by the Omidyar Network.

Competing interests. The authors report that there is no competing interest.

Author contributions. Conceptualisation: Soujanya Sridharan; Methodology:
Soujanya Sridharan; Shefali Girish; Supervision: Soujanya Sridharan and Astha Kapoor;
Writing original draft: Soujanya Sridharan; Shefali Girish; Writing - review and
editing: Soujanya Sridharan and Astha Kapoor



