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[Abstract| This paper introduces model-based network meta—analysis (MBNMA), which combines both

model-based dose—response meta—analysis and network meta—analysis, thereby correctly fitting the dose—

response relationship, providing the mixed comparison results, increasing the accuracy of effect size estimation,

and improving the interpretability of model parameters. MBNMAdose package provides a complete set of functions

that allow for performing dose—response MBNMA, model checking, ranking, prediction, and plotting of a number of

informative graphics.
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dose agent

1 Tfelt—-Hansen P 2006 22 6 0 Placebo
1 Tfelt-Hansen P 2006 30 14 1 Sumatriptan
2 Goadshy PJ 2007 467 213 1 Almotriptan
2 Goadsby PJ 2007 472 229 1 Zolmitriptan
3 Tuchman M2006 160 15 0 Placebo
3 Tuchman M2006 174 48 1 Zolmitriptan
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>library(MBNMAdose)

>HEF2PPITT$agent<—Hmisc::capitalize(tolower(H
F2PPITT$agent))

>network <— mbnma.network(HF2PPITT)

>plot(network, level = "treatment", label.distance
=3) #ULEI1A

>plot(network, level = "agent", doselink = 2,
remove.loops = TRUE, label.distance =3) #ULI&|1B
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>nma.triptans <— nma.run(network, method =
"random")

>plot(nma.triptans)+ggplot2::geom_line() #ULIE]2
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>emax <— mbnma.emax(network, emax="rel",
ed50="rel", method="random")

>summary(emax)
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>emaxume<—mbnma.emax(network, emax="rel",
ed50="rel", method="random", UME =T)

>summary(emaxume)
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>ranks <— rank(emax, direction = 1)

>summary(ranks)

>plot(ranks, params = "d.emax")
>plot(ranks, params = "d.ed50")
>cumrank(ranks,sucra=T) #JL[&3
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>pred <— predict(emax, EO = 0.2)

>plot(pred, overlay.split = T, disp.obs = TRUE) #
&4
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