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S6-Orbi [I]" F[U_‘ quM L Figure 4: The number of MS/MS scans for a set of standard samples run on a Thermo Scientific LTQ Orbitrap Velos. The samples indicated in Figure 5: Subspace clustering can be used to detect patterns based on a subset of features. These patterns
- red were run when the in-source fragmentation broke down. The samples highlighted in blue might seem outliers as well, but the figure on the can subsequently be reevaluated based on the individual metrics to identify their interestingness. The top
i ML3 i ) ( _ ) right shows that these samples simply ran for a longer time. figure shows each of the specific subspaces across multiple experiments detected by the CartiClus> subspace
S6-Orbi@86 "I]]" ’—H:I-' jac 'S an open objddt model clustering algorithm. The bottom figures show examples of how these subspaces can be traced back to the
| source Java API for L ) individual metrics, with the aim of trying to find interesting patterns.
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I , I ] | . The abilit;; to work achL \ (0B jgcML library contains all the required functionality in order to work with gcML data. Using these tools we can easily perform data mining techniques on big datasets detailing several hundreds to
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direction.
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Reproducibility

Figure 1: Reproducibility of identifications between different )
experiments on different instruments. Shaded boxes represent (Figure 3).
peptides, while white boxes represent proteins.1
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