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... dati e scienze umane??

Are artistic/humanities disciplines/methodologies only
considered valid if we call them 'data'?
In other words, can we not accept different kinds of

research methodologies as valid *on their own terms*,
rather than on those imported from (or imposed by)
other fields? #munin2018

USIAMO | DATI ANCHE In the humanities, we all use research data,

SE NON LO SAPPIAMO. altt'w?l_.l_gh .we mav not be aware of_ |§. I‘r IS l|Ie m_
the case of Monsieur Jourdain, the title character of

UNA VOLTA Moliere’s Le Bourgeois gentilhomme, who learnt, to
REALIZZATO, LA his great satisfaction, that unwittingly he had been
peaking prose all his life. With research data in

. the humanities it is exactly the same: you are using

CAMBIERA PER It, even if you don't know it, and once you realise it,

SEMPRE it will affect your research workflow forever.



https://allea.org/portfolio-item/sustainable-and-fair-data-sharing-in-the-humanities/

What is Data, Anyway?

} \Ntr
Sustainable and FAIR Data

- #option of the term could be that in the Examples for Humanities data: primary sources
; (texts, pictures), secondary sources, theoretical
texts, digital tools (software), annotations, etc.

2020 ;
humanities,

most “sources” are research data and their
management has in fact always been part of the
scientific process, digitization only adds complexity

digitized sources, born digital sources

various formats and types (pictures, texts,
multimedia, measurements, etc.)

Are Humanities and Cultural Heritage
data special?

Yes and No!

Humanities are a very broad research discipline, many specific
research contexts, but also increasingly interdisciplinary research

Wuttke 2018

Humanities research lives from enrichment of data (layers of
interpretation)

Problematic to distinguish between primary data (raw data) and
secondary data

\ LE «kFONTI» SONO DATI Ej;ﬁzhv::sh) ownership of the data (cultural heritage institutions,
C; E S E M P R E | NTE R P R ETAZ| O N E gut: M;:;y issue':.and sgl:tiq:s apsply to ttlw)e broader field (and
PROBLEMI CON | DIRITTI . . :



https://allea.org/portfolio-item/sustainable-and-fair-data-sharing-in-the-humanities/
https://doi.org/10.5281/zenodo.1491249
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Reports on Zenodo

Cosa sono i da :

DATI NON SONO MAI ~
«GREZZI» : e ESSERE FORMALIZZATO

\ I S .y | CON UN LINGUAGGIO
‘ DATI SONO SEMPRE | .
ESPRESSIONE DI UN 5 I MEGLIO «<RECORD»
METODO DI DATO?

C’E SEMPRE UNA SCELTA
[METODOLOGICA,
EPISTEMOLOGICA,

DATI= DOCUMENTI
- DEBOLI (MERE
REGISTRAZIONI)

,,y;OL_'ﬂCAﬂ"J | - FORTI (INTERVENTO
i C’'E SEMPRE | UMANO
INTERPRETAZIONE |
[DATI NON SONO GENERAT] g | DATI SONO UN PROCESSO,
DA UNO STRUMENTO] DINAMICO E DIACRONICO

=B i

/
DATI SONO DISCUSS| | ANCHE | LIBRI SONO DATI PER

‘ FUTURE INTERPRETAZIONI


https://zenodo.org/search?page=1&size=20&q=co-operas
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Sustainable and FAIR Data
Sharing in the Humanities

RESI ACCESSIBILI E
AGGREGATI APRONO
A NUOVE RICERCHE
INEDITE E POSSONO
ESSERE RIUSATI


https://allea.org/portfolio-item/sustainable-and-fair-data-sharing-in-the-humanities/

PENSATE A TUTTI | MATERIALI DELLA
VOSTRA RICERCA COME «DATI» CHE

POTREBBERO ESSERE RIUSATI
E A QUANTO SAREBBE UTILE PER VOlI
SE ALTRI CONDIVIDESSERO | LORO
- PERQUESTO OCCORRE
DOCUMENTARLI DIGITALMENTE

— ' DALL'INIZIO: NON SI PUO MAI SAPERE
@ RECOMMENDATIONS COSA SARA UTILE

J
» Think of all your research assets as research data that could be potentially reused by |’ &?

other scholars. Consider how useful it would be for your own work if others shared their
data.

» Familiarise yourself with the FAIR Data Principles before you start collecting data and

building corpora e.g. FORCE11: the FAIR Data Principles, GO-FAIR: FAIR Data Principles and
discuss with colleagues and experts to build a better understanding.

» Digitally document all your research and data collection work -- at the beginning of a
project it is difficult to judge which information of the research process will be important
and valuable later on.


https://allea.org/portfolio-item/sustainable-and-fair-data-sharing-in-the-humanities/




. @

. ...vi & mai capitato..:

DI AVERE | DATI SUL COMPUTER
DEL PhD CHE POI SE NE E
ANDATO??

DI PERDERE DATI?

_ DI CHIEDERE DATI DOPO AVER
LETTO UN ARTICOLO E IL
COLLEGA NON LI TROVA PIU??

DI APRIRE DATI ALTRUI E NON
RIUSCIRE A LEGGERLI??



ightmare ™
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‘ UBO DEL DATA STEWARD: N .. EIN PIU:
\\ - NESSUN BACKUP - DATI PRODOTTI CON FONDI PUBBLICI .
- NESSUN SOFTWARE DI - PUBBLICATI SU SCIENCE CHE LI RICHIEDE
ACCOMPAGNAMENTO - UTILI A UNA RICERCATRICE DI AREA

- NESSUNA LEGENDA DATI DIVERSA

o


https://www.youtube.com/watch?v=N2zK3sAtr-4&ecver=2

V.1Feb 2021

Perché occuparci dei dati?

1. NELLA VALUTAZIONE EX ANTE
Journal open-data policies (SCHEMA DI DMP)

2. NELLA DISSEMINAZIONE
w This list is part of the Open Acces: «FAIR, AS OPEN AS POSSIBLE»

UN NUMERO CRESCENTE >4 o~ Horizon Europe (HORIZON)
B] R|V|STE LO R|CH I[EDE = - ~ AR Euratom Research and Training Programme

(EURATOM)

General Model Grant Agreement
EIC Accelerator Contract

Il EOSC Association: Advancing
Open Science to accelerate the
L i creation of new knowledge, inspire
Gazzetta ufficiale dell'Unione europea ) education, spur innovation and
promote accessibility and

DIRETTIVA (UE) 2019/1024 DEL PARLAMENTO EUROPEOQ E DEL CONSIGLIO
del 20 giugno 2019

EOSC SI BASA SU
DATI FAIR

. % “
1. PERCHE DOBBIAMO.
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&
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relativa all'apertura dei dati e al riutilizzo dell'informazione del settore pubblico

DATI DELLA RICERCA
INCLUSI NELLA DIRETTIVA



https://ec.europa.eu/info/funding-tenders/opportunities/docs/2021-2027/common/agr-contr/general-mga_horizon-euratom_en.pdf
https://www.eosc.eu/
https://eur-lex.europa.eu/legal-content/IT/TXT/PDF/?uri=CELEX:32019L1024&from=ES
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Steward

Data ownership
& life-cycie

Data Users

Use, research
and dev., 6.g. ML

Copenhagen Univ. June 17 2020
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WE NEED 500.00 DATA STEWARDS |
DATA STEWARDS ARE ONE OF THE
CRITICAL SUCCESS FACTORS OF EQSC

European Open Science Cloud (EOSC)
SRIA 1.0 Version 1,015 February 2021

7.4. Critical success factors

The developments and expected impacts described above will not happen spontaneously. For
these benefits to materialise a number of critical success factors (CSFs) must be in place. The
following CSFs have been identified for EOSC:

Researchers performing publicly funded research make relevant results available as
openly as possible;

Professional data stewards are available in research-performing organisations in
Europe to help implement FAIR principles and support Open Science;



https://www.eosc.eu/sites/default/files/EOSC-SRIA-V1.0_15Feb2021.pdf
https://docs.google.com/presentation/d/1YoJbQFqpMOoRFRPUnfZ0pH8Xh4Yds5pbnPXVv6CZtSg/edit#slide=id.p

in research practice.

Coordinate cross-jurisdictional efforts to foster global Open
Science through policy and investment.

Incentivise early publication and release of data and software
outputs.

Invest in state-of-the-art IT, data management systems
infrastructure, economies of scale, and people.

Data, software and models should be timely and FAIR:
Findable, Accessible, Interoperable, Reusable.

Require the use of Data Management Plans.

Use common generic as well as domain-specific metadata
standards, and persistent identifiers.

Provide documentation of context, methodologies used to
define, construct, and compile data, data cleaning and quality
checks, data imputation, and data provenance.

T

What are the Key Recommendations?

8
9
10

11 E.c.c.css should be as open as possible and as closed as

12
13

The RDA COVID-19 Recommendations and Guidelines are aimed at developing a systematic approach
for data sharing in public health emergencies that supports scientific research and policymaking,
including an overarching framework, common tools and processes, and principles that can be embedded

Use Trustworthy Data Repositories committed to the lojg-

term preservation and sustained access to their data
holdings.

Expedite article and data review processes, prioritising and
fast-tracking data at all stages.

Balance ethics and privacy, taking into account public
interests and benefits while addressing the health crisis.

ecessary.

Seek technical solutions that ensure anonymisation,
encryption, privacy protection, and de-identification to
increase trust in data sharing.

Provide legal frameworks that promote sharing of
surveillance data across jurisdictions and sectors.

COVHZ)_RDA

2. PERCHE SONO

IL FONDAMENTO
DI UNA SCIENZA
SOLIDA E DI UNA
RICERCA
RESPONSABILE

E NELLA CRISI SI
CAPISCE LA LORO
IMPORTANZA


https://www.rd-alliance.org/system/files/FINAL_RDA%20COVID-19%20Recommendations%20and%20Guidelines%20on%20Data%20Sharing%20Infographic.pdf

Perché occuparci dei
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71% of you got this right. Quite a
few pairs of sunglasses, but we
have a *lot* of USB sticks! Let us
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Scientists losing data at a rapid rate 2013

Decline can mean 80% of data are unavailable after 20 years.

Elizabeth Gibney & Richard Van Noorden

DAT

es age, the odds of their

80% PERSI
ENTRO 20
ANN|

S MENU | QCERCA la Repubblica ABBONATI | QUOTIDIANO R A

10 marzo 2021 » i [

OVH, dall'incendio
. del datacenter di
d Strasburgo disagi
* anche per i comuni
italiani
B di Alessandro Longo
Y A Pavia, Cattolica, Trapani e altre citta finiscono offline siti e servizi pubblici dopo I'incidente
| nella citta francese. L'Agenzia delle Entrate esclude che i rallentamenti registrati oggi siano

legati all'episodio. Per gli esperti é la conferma che bisogna accelerare la migrazione a un
cloud pubblico, come detto anche dal ministro all'innovazione Vittorio Colao ieri
s & /o
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s v il backup: definizione (meno seria)

s
”

.
Il backup e quella cosa che andava fatta prima.

(fonte: Proverbio cinese)

S.Aliprandi, Sicurezza dati e privacy (le norme) 2017

3. PERCHE | DATI SONO
FRAGILI...

..ECCO A COSA SERVE IL
DATA MANAGEMENT PLAN.
NON E SOLO L'ENNESIMA NOIA
BUROCRATICA



http://www.nature.com/news/scientists-losing-data-at-a-rapid-rate-1.14416
https://blogs.ch.cam.ac.uk/pmr/2011/08/01/why-you-need-a-data-management-plan/
https://doi.org/10.5281/zenodo.1491249
https://www.repubblica.it/economia/2021/03/10/news/l_incendio_di_ovh_manca_offline_siti_e_servizi_di_comuni_italiani-291648493/

Parliamone [dal corso febbraio 2021]
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IE.‘I.T.'I...I[}E!lﬂb”I per obsolescenza
Backup su circa 5 memorie diverse.
Non mi € mai capitato di pefderll Non

software Tutti i dati =20 anni
irrecuperabili per obsolescenza

ompatibilita (dotn ASCII) Avolte e
stato un problema ricordarsi il
significato delle colonne a causa di

na insufficiente descrizione.

Li conservo nel mio pc o hard disk
esterno. O/E NAS del laboratorio S, &
capitato, che dati non backupati™ si
perdessero percheé la macchina si era
rotta...
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Nikolai Ivanovich Yezhov was head of the People's
Commissanat for Internal Affairs until fell from Stalin's
favor and power. Among art historians, he also has the
nickname "The Vanishing Commissar® because after his
execution, his likeness was retouched out of an official

| DAT| POSSO N O ESSE R E press photo; he is among the best-known examples of

the Soviet press making someone who had fallen out of

MANIPOLATI...E VOSTRO favor *dissppear®
INTERESSE PRIMARIO EVITARL

[ & A > ¥ AR Lazzeri-Di Donato RDM, 2020



https://doi.org/10.5281/zenodo.4326562

5. PERCHE ALCUNI SONO UNICI E
IRRIPETIBILI (EVENTI SISMICI O :
METEOROLOGICI)




' Bt " SPESSO IN MODO
CHE POSSONO WS 07O, FAVORENDO

E RIUTILIZZATI A8 |NNO\/AZ|ONE

SETTaT

Enhanced Access to Publicly
Funded Data for.Sciaencae,
Technology and Innovation

News

Text Size

Astronomers Find Elusive Planets in Decade-Old Hubble Data 10.06.11

In a painstaking re-analysis of Hubble Space Telescope images from 1998, astronomers have found visual evidence for two
extrasolar planets that went undetected back then

- Finding these hidden gems in the Hubble archive gives astronomers an invaluable time machine for comparing much earlier
‘._‘. planet orbital motion data to more recent observations. It also demonstrates a novel approach for planet hunting in archival
Hubble data

e Exoplanet HR 8799 System


https://www.oecd-ilibrary.org/docserver/947717bc-en.pdf
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cuparci dei dati?

Data creates a bridge betweet
spawning discovery and innovz
the hard sciences. Data dissol
channels of communication, li
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7. 1| DATI CREANO PONTI
FRA LE DISCIPLINE...



https://www.weforum.org/agenda/2012/01/davos-2012-decoding-the-data-deluge/

m—— ' ..E NON E INDIFFERENTE PER LE

MISSIONS DI HORIZON EUROPE...

. . TSR, W, - - ’
missions sono interdisciplinari] - |

r— . =

Mission areas
5 mission areas have been identified, each with'a dedicated mission board an
help specify, design and implement specific missions in Horizon Europe

Mission area; Adaptation to climate change including societal transfarmation

Mission area: Cancer EU missions wil e —
Mission area: Climate-neutral and smart cities « be bold, inspirational and widely relevant to society

« be clearly framed: targeted, measurable and time-bound
Mission area: seas, coastal and inland waters « establish impact-driven but realistic goals

» mobilise resources on EU, national and local levels

Mission area: Soil health and food Horizon Europe « link activities across different disciplines and different types of research and innovation

« make it easier for citizens to understand the value of investments in research and innovation


https://ec.europa.eu/info/horizon-europe-next-research-and-innovation-framework-programme_en
https://ec.europa.eu/info/horizon-europe/missions-horizon-europe_en
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5y rvgy with researc

We know there are but
approaches for integrity tend to iocus on researchers

The way in which we measure s prot atic and could even Ii | i

lead to integrity issues - 'L\
Moemie u.ul:u-rt Ehnn

Indicators used to advance with

indicators needed to advance

INTEGRITA SI VALUTA SUL
PROCESSO NON SUL
RISULTATO FINALE

DORA community call March 24, 2021

The Turing way

Welcome

ALL European
Academies

PROJECT
g RePRoOuC muvy

’,/ R 1«00

- » \\SC\Si m’
~ )

The European
Code of Conduct for

Research Integrity
REVISED EDITION

8. PER ESSERE | 9.PERLINTEGRITA
RIPRODUCIBIL %) DELLA RICERCA


https://ec.europa.eu/research/participants/data/ref/h2020/other/hi/h2020-ethics_code-of-conduct_en.pdf
https://the-turing-way.netlify.app/welcome.html
https://sfdora.org/2021/03/08/dora-community-call-overcoming-obstacles-to-align-research-assessment-with-community-values/

Perché occuparci di dati?

I debito pubblico deprime la crescita? Il clamoroso JWMi'\vaLlae
errore di Carmen Reinhart e Kenneth Rogoff 2013 -

VALIDAZIONI E Growth? A Critique of Reinhart and Rogoft
CO NTRO I_I_l Thomas Herndon* Michael Ash Robert Pollin

April 15, 2013

(E SCOPRIRE ERRORI) Herndon, 2013

DA

We replicate Re lll]l wrt and Rogoff (20104 and 2010b) and find that coding errors
selective ex a, a nconventional weighting of summary statistics
lead to rate present the relatio p between pub (

= and GDP growth among 20 advanced <-mmun|i(:\' in the post-war period. Our finding is

* ESCLUSIONE SELETTIVA DI DATI
SCHEMA NON CONVENZIONALE DI PESATURA DEI DATI
ERRORE NEL FOGLIO DI CALCOLO PER SELEZIONARLI



https://www.youtube.com/watch?v=dXKbkpilQME
https://keynesblog.com/2013/04/18/il-debito-pubblico-deprime-la-crescita-il-clamoroso-errore-di-carmen-reinhart-e-kenneth-rogoff
http://www.peri.umass.edu/fileadmin/pdf/working_papers/working_papers_301-350/WP322.pdf

. Q\ scienzainrete

o i i s sounica mrevnione e v SCIENtIfiche (che so: errori di metodo, ambiguita negli obiettivi da raggiungere,
Jan 19, 2021

Curiosamente, la posizione espressa dal professor Doshi € stata criticata non su basi

g  Utilizzo di software e strumentazioni inadatte) ma dell’opportunita politica e del
principio di autorita. Cioé su presupposti diametralmente opposti a quelli di una
Le ragioni di Peter Doshi sui
vaccini: ""Fidati, ma verifica"

COVID-19/Filosofia

PR —— Chi pratica il metodo scientifico ha la testarda abitudine (incomprensibile ai piu) di

trarre conclusioni dall’analisi di dati secondo i criteri di un’ipotesi di ricerca e

applicando un metodo che consente la verificabilita intersoggettiva dei risultati.

Questo atteggiamento mentale e diametralmente opposto a chi basa le proprie

opinioni e—peggio— decisioni sulla “fiducia” (spesso tramutata in “fede”) e dunque

sull’autorita di eminenze varie. Non discuto questo atteggiamento nell’ambito

religioso; ma in quello laico, quello della scienza, si. Se un dogma esiste, nella

e ———— Dratica del metodo scientifico, & quello della metodicita del dubbio. insieme a

quello dell’assenza di certezze. Un teoria g thebmjopinion ' atast Authors « Topic
quando vale. E successo, tanto per fare un ¢

di fuori dei laboratori, con la gravitazione d
Peter Doshi: Pfizer and Moderna's “95% effective” vaccines—

we need more details and the raw data

Five weeks ago. when | raised questions about the results of Pfizer's and Moderna's [ ]

covid-19 vaccine trials, all that was in the public domain were the study protocols and

a few press releases. Today, two journal publications and around 400 pages of summary data
are available in the form of multiple reports presented by and to the FDA prior to the agency's
emergency authorization of each company’s mRNA vaccine. While some of the additional
details are reassuring, some are not. Here | outline new concerns about the trustworthiness

and meaningfulness of the reported efficacy results.


https://www.scienzainrete.it/articolo/le-ragioni-di-peter-doshi-sui-vaccini-fidati-ma-verifica/andrea-monti/2021-01-19
https://blogs.bmj.com/bmj/2021/01/04/peter-doshi-pfizer-and-modernas-95-effective-vaccines-we-need-more-details-and-the-raw-data/
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Ti , dat like footnotes. | might not
Nessun dato? "B Eiidemtivianthiym

g are not there.

& Traduci dalla ling ori

Is withholding your data simply bad

SCIence, Or ShOUId I-t fa“ Under SClentIﬂC )‘ | twitter.com aIastairdunni: status 968453078218395648
| e Y Y Y T T L)
misconduct? ‘

NESSUN DATO?
PIGRIZIA O FRODE?
o - | DATI COME NOTE A PIE’
| [l PAGINA: POSSO NON

ﬁ 'H scientific community think about those withholding their data? Are they guilty of T I— E G G E R I— E ’ M A D |V E N TO
scientific misconduct? Nicole Janz argues that if you don't share your data, you are === SOS P ETTOSO S E N O N C | SO N O

breaking professional standards in research, and are thus committing scientific misconduct

Classifying data secrecy as misconduct may be a harsh, but it is a necessary step.

Gold Standard Questionable Research Scientific
Research Integrity Practices Misconduct

T

Data secrecy

Open data P-hacking Fabrication
Open code Sloppy statistics Falsification
Pre-registration Peer review abuse Plagiarism
Version control Inappropriate research design

Not answering to replicators

Lying about authorships



https://twitter.com/alastairdunning/status/968453078218395648
http://blogs.lse.ac.uk/impactofsocialsciences/2015/07/03/data-secrecy-bad-science-or-scientific-misconduct/
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https://twitter.com/wvanwezenbeek/status/973527086685093893

4 * Yes, alot, but they don’t tend to use the word data
* Research Data are data that are produced in and
used in scientific processes such as digitization, study ©
of sources, experiments, measurements, interviews,
and surveys

—’f' We could then def ine data in the

%, " phumanities broadly as all materials
and assets scholars collect, generate
and use during all stages of the
auea 2020 Bresearch cycle. In this report we
! focus on digital assets.

AV UL Ve S

DATI = TUTTO CIO CHE VIENE RACCOLTO,
GENERATO E USATO NEL PROCESSO DI RICERCA

sl o AR [T R Ll A S, SO Y L G R S AR TR o ¥ ’ v T



https://doi.org/10.7486/DRI.tq582c863
https://doi.org/10.5281/zenodo.1491249

Essentials 4
Data Support

COME SONO RACCOLTI (ESPERII\/IENTI, SIMULAZIONI...)
COME SI PRESENTANO (TESTI, QUESTIONARI, VIDEO...)
IL LORO FORMATO ELETTRONICO (.TXT, .MKV...)

IL LORO VOLUME (BIG DATA...)
IN CHE FASE SONO DEL CICLO (RAW DATA...)

RICHIEDONO

O The way the data is collected. STRUMENTI E

TRATTAMENTI
DIVERSI

O By experimenting, simulations, observations, derived data, reference data.

O The data forms.

O For example text documents, spreadsheets, lab journals, logs, questionnaires, software code,

transcripts, code books, audio and video recordings, photos, samples, slides, artefacts, models, scripts,
databases, metadata, etc.

O The formats for electronic storage of the research data.
O The size (volume) of the data files.
O The research lifecycle phase the data is in. Univ. Southampton 2016



https://eprints.soton.ac.uk/403440/1/introducing_research_data.pdf
https://datasupport.researchdata.nl/en/start-the-course

bltl

Univ. Southampton 2016

Five Ways To Think About Rescaivii vaia

Science has progressed by ‘standing on the shoulders of giants” and for centuries research
and knowledge has been shared through the publication and disemmination of books.
papers and scholarly communications. Moving forward much of our understanding builds
on (large scale) data sets which have been collected or generated as part of this scientific
process of discovery. How will this be made available for future generations? How will
we ensure that, once collected or generated. others can stand on the shoulders of the data
we produce?

Deciding on how to look after data depends on what your data looks like and what
needs to be done with it. You should find out if your discipline already has standard
practices and use them. We hope that this brief introduction will give some templates of
what is already being done in a few disciplines and enable you to start thinking about
what you might do with your research data to make it accessible to others.

Further University of Southampton guidance can be found on the library’s web site
http://library.seton.ac.uk/researchdata. Any research data management questions can
be emailed to researchdata@soton.ac.uk.

This part of the guide introduces five ways of looking at research data.

1 Research data collection

The first way of thinking about research data is where it comes from (Research In-
formation Network, 2008). Each of the case studies in Part II illustrates one of these
categories.

Reference data: Example: the reference human genome sequence in Case Study 1
A data set that can be used for validation, comparison or information lookup.
Scientific experiments: Example: materials engineering fatigue test in Case Study 2
Data generated by, e.g. instruments during a scientific experiment.

Models or simulations:  Example: CFD helicopter rotor wake simulation in Case Study 3
Data generated on computer by an algorithm, mathematical model. or the simulation of
an experiment. A computer simulation can help when experiments are too expensive,
time consuming, dangerous or even impossible to perform.

Derived data: Example: chemical structures in chemistry in Case Study 4

A data set created by taking existing data and performing some manipulation to it. Each
data set requires careful curation because the original data may be needed to understand
the new data.

Observations: Example: archaeological dig in Case Study 5

Data generated by recording observations of a specific, possibly unrepeatable, event at a
specific time or location.

2 Types of research data

3 Electronic storage

forms, some electronic and some phys-
ical. Here are some examples:

e Electronic text documents. e.g. text.
PDF. Microsoft Word files

e Spreadsheets

e Laboratory notebooks, field notebooks
and diaries

e Questionnaires, transcripts and code-
books

e Audiotapes and videotapes
e Photographs and films
s Examination results

e Specimens, artefacts and

slides

samples.

e Digital objects, e.g. figures, videos

e Database schemas

e Database contents

e Models, algorithms and scripts

» Software configuration, e.g. case files

e Software pre-process files, e.g. geo-
metry, mesh

« Software post-process files, e.g. plots.
comma-separated value data (CSV)

* Methodologies, workflows, standard
operating procedures and protocols

e Experimental results

» Metadata (data describing data). e.g.
environmental conditions during ex-
periment

e Other data files, e.g. literature review
records. email archives

Research can come in many different»

P.

The third way to think about research
data is how it is stored on a computer.
Here are some of the categories of elec-
tronic data:

Textual, e.g.:
o Flat text files
e Microsoft Word
s PDF
s RTF

Numerical, e.g.:
+ Excel
. CSV

Multimedia, e.g.:
s Image (JPEG, TIFF, DICOM)
+ Movie (MPEG, AVI)
¢ Audio (MP3. WAV. 0GG)

Structured, e.g.:
e Multi-purpose (XML)
o Relational (MySQL database)
Software code, e.g.:
s Java
e C
Software specific, e.g.:
e Mesh
e Geometry
« 3D CAD
e Statistical model
Discipline specific, e.g.:
e Flexible Image Transport System
(FITS) in astronomy
e Crystallographic Information File
(CIF) in chemistry
Instrument specific, e.g.:
e Olympus Confocal
Data Format
e Carl Zeiss Digital Microscopic Im-
age Format (ZVI)

Microscope

Data can be born digitally, such as a simulation, or ingested into a computer, such as
scanning a photograph. Some data can remain in a non-digital format.

<

0



https://eprints.soton.ac.uk/403440/1/introducing_research_data.pdf

- {il ciclg di vita del dati] |

; PLAN &
e © DESIGN
»

SHARE & STORE & COLLECT
DISSEMINATE MANAGE & CREATE

EVALUATE ANALYZE &
& ARCHIVE COLLABORATE

Services offerings throughout the research lifecycle

Planning:
Access & Reuse
Plan & Design
(14 service offerings)

Research Lifecycle

Active Research:
Collect & Create
Analyze & Collaborat
(22 service offerings)

Dissemination &
Preservation:
Evaluate & Archive
Share & Disseminate
service offerin



https://researchsupport.harvard.edu/

...un passo indietro...
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Information Guide: Introduction to Ownership of Rights in 2018
Research Data. CREATe, University of Glasgow, 2018

Burrow, S. (3, Marzoni, T. (® and McCutcheon, \ (2018) Information Guide: Introduction to Ownership of Rights in Research Data. CREATe,
doPe”A'RE University of Glasgow, 2018. Documentation, University of Glasgow.

How do | know if my research
data is protected?

Guides for Researchers 2 e
Learn more about what is research data and their protection by

——
) Wainer Lusoli
_ Following v
@w_lusoli
intellectual property rights OQenAI RE

repeat with me: #researchdata is NOT mine. |
| DATI GREZZI | was paid to get it, I'll get a #nobel 4 it, but it's
I . " .
NON SONO «MIEI» B NOT mine linkedin.com/pulse/repeat-m ...
NON ESISTE COPYRIGHT  [EGCIsERIEElE
PERCHE, NON SONQ CREA'L . f & Traduci dalla lingua originale: inglese

& a
g N
ars act e el i

o Repeat with me: research data is not mine

I'his time though it happened. What it was: 64% of researchers believe they own the

Seldom do | see something that truly shakes me at work. You
Eb know, work is work, | am no neurosurgeon, no médecin sans
frontiéres nor am | a social

data they generated for their research.

I'he result comes from a solid linkedin.com
piece of academic research based

on equally solid (open) data. The 11:18 - 12 apr 2017

14retveet 18Mipace @GO 5@ @ @ = |usoli, Apr2017

study and the report 'Open Data -

»

" the Researcher Perspective' were
| - r . -

» done by CWTS / Leiden and

b for £ Elsevier. Credit giving, check.

. | | n | | - -

Of course, the study reports



https://www.openaire.eu/how-do-i-know-if-my-research-data-is-protected
http://eprints.gla.ac.uk/171314/

Support

RESOURCES

HELPDESK

della ricerca

Thomas Margoni TRAINING
University of Glasgow - CREATe
OpenAlIRE project

_ POSSONO ESSERCI ALTRE FORME DI
#  PROTEZIONE DEI DATI (ES. CONTRATTI)

- PER DATI CHE RICADONO SOTTO GDPR &

2 VA SEMPRE ESPLICITATA LA BASE LEGALE ,;~
© SULLA QUALE SI CONDUCE LA RICERCA

AT >>;\\\3\\\\\&\\\\‘\\\\\\\§\\\\\

dOpenAlRE Legal Policy Webinars

Supporting researchers on the
reuse of data: legal aspects to
consider

29th April and May 4th, at 2 PM CEST

AR 1\ N\ ¢ )



https://www.openaire.eu/item/aspetti-legali-dei-dati-della-ricerca
https://www.openaire.eu/item/openaire-legal-policy-webinars

[i tre passi fondamen

L0 open FAIR

///
/ : 1. | DATI DEVONO ESSERE «AS OPEN AS POSSIBLE» N

: - ' ; -2".\\
2. MA SE | DATI NON SONO «FAIR», APRIRLI COMPORTA RISCHI N\
(USO SCORRETTO, CATTIVE INTERPETAZIONI, ...)

3. MA SE | DATI NON SONO CORRETTAMENTE GESTITI, RENDERLI
«FAIR» COSTA TROPPO TEMPO E DENARO. CON EOSC, DATI GESTITI E
~ DATI FAIR TENDONO A COINCIDERE, FAIR BY DESIGN

', E GESTIRE | DATI CORRETTAMENTE E NELLINTERESSE PRIMARIO DI CHI FA RICERCA,
/

PERCHE L'INTERA RICERCA SCORRE PIU FLUIDA
| e —




Open consumption “Canluseit?”

If there is no license, the legal default is that you cannot use it!

Open for analysis

Open for reuse
Open for redistribution
Open to adapt
= Open for redistribution of adapted versions

Open, but with obligation to cite

Open, but not for commercial applications



https://www.lcrdm.nl/files/lcrdm/2019-06/Shades%20of%20Open.pdf

1. | dati vanno gest'ti

A b

gh= "~ & N CONSERVAZIONE
B e SULLUNGO —/ ASPETTI LEGALI /]
AP g an -  PERIODO N /’ 2
> 3 o — —
; = S T = I I\J_
DS - “;;’ ¥ = =

~— ORGANIZZAZIONE —— |- 2
B < (file naming,

f/ folders,

versioning...)

. BACKUP E STORAGE

JIO=ta management s an active process by which digital resources remain
discoverable, accessible and intelligible over the longer term, a process that invests
data and datasets with the potential to accrue value as assets enjoying far wider use
han their creators may have anticipated. In the world of research, such a value-
adding process is a significant c:c:-ntnl::rutc-r tr.:: the much desired achievement of |m|::rac:t

e N ”, |
>§\.<',‘ \ il 5 .y\‘ ( E
A A RS ‘ | ¥\ /N B 3
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To be Findable:

F1. (meta)data are assigned a globally unique and eternally persistent identifier.
F2. data are described with rich metadata.

F3. (meta)data are reqgistered or indexed in a searchable resource.

F4. metadata specify the data identifier.

TO BE ACCESSIBLE:

Al (meta)data are retrievable by their identifier using a standardized communications protocol.

Al]l the protocol is open, free, and universally implementable.
Al.2 the protocol allows for an authentication and authorization procedure, where necessary.
A2 metadata are accessible, even when the data are no longer available.

TO BE INTEROPERABLE:

1. (meta)data use a formal, accessible, shared, and broadly applicable language for knowledge representation.
12. (meta)data use vocabularies that follow FAIR principles.

I3. (meta)data include qualified references to other (meta)data.

«ACCESSIBLE»

TO BE RE-USABLE: #KOPEN»

R1. meta(data) have a plurality of accurate and relevant attributes. — DOVE EA QUALl

R1.1. (meta)data are released with a clear and accessible data usage license.
R1.2. (meta)data are associated with their provenance. CO N DlZl O N l
R1.3. (meta)data meet domain-relevant community standards. Force 11 | DATI SONO

ACCESSIBILI



https://www.force11.org/group/fairgroup/fairprinciples

Tim Berners-Lee, the inventor of the Web and Linked Data initiator, suggested a
5-star deployment scheme for Open Data. Here, we give mmpleﬂfm‘_each step

of the stars and explain costs and benefits that come along with it
>

i.,.
R »




UGLI STRUMENTI
VANNO «ASSAGGIATI» E ADATTATI AL PROPRIO CONTESTO...
IMPARARE A USARLI PER SUGGERIRLI (IMPENSABILE CHE UN
RICERCATORE SCENDA COSI NEL DETTAGLIO)
FONDAMENTALE IL SUPPORTO
FONDAMENTALE UNA POLITICA ISTITUZIONALE CHE CHIARISCA RUOLI
E RESPONSABILITA E DEFINISCA IL LIVELLO DEI SERVIZI
CREARE UNA RETE DI DATA STEWARDS
[COMPETENZE DI DOMINIO + TECNICHE]




$.# OSFHOME ~

S0N0 tre PASLIRS

1. | 32 vanmno gestit correttamente [neflinteresse del rcercatoce: i iavoro risulla plu Muldo € si 1
R N0 res FAIR by design
E POSSIBILE, | dati vanno apert

Sesone del datl (B Mons, 20200
GUIDE £ CORSI SULLA GESTIONE DEI DAT)

MAgeMent expert guide (Corso free in 7 moduli)
tialsadata (corso free in 6 moduli)
TER paging cel corsi (scorrere | Sngoll modull su Data protection, Data shamng.. )

COME SCRIVERE UN FILE ReadME

* Cuida MIT Bozton
o Cuida TU Deift

COME CALCOLARE 1 COSTH

* DMawardc

s ey s «OPEN SCIENCE IN PRATICA»
fiE s YA G TROVATE RACCOLTI TUTTI |

& NAMING cormenbons

d ol srucur LINK CHE VEDRETE NELLE SLIDE i

ing ROA [REGISTRAZIONE]

BACKUP E STORAGE

& SL0rage pro e comro

* ADpraisal 1C0%5a Conservare)

ASPETTI LEGAL)

moership of Rhts in Research Data 2018

GOPR, direttiva sui generis, pratezione del datl.)

webinar AL
ebinar Leg {
nal dMa FOSTER project
ia ethics FOSTER project

UbO del data Steward (orsetn)

Data management dal ricercaton per | ricercator (3 wdeo)



https://osf.io/yxesw/
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Because good research needs good data

About

News

Events

Services

Guidance

Research

_ Welcome at DANS: the Netherlands institute for

-~ 2 Landelijk
Research Data Management

Home Experts/Mailing List Task groups RDM Advice & Tips RDM in NL About us/Meetings

E About ANDS | Events | Contact Us o @
andS Australia data service
‘ About us News and Events Partners and Working with Online Services Guides and
- = Communities data o - resources —

FAIR data training

If you run workshops on FAIR data, or
include FAIR in training that you are
already running check out these ideas
and resources.

Digital Curation Center UK

Search the ANDS Site

Enter Keywords

\
” \
> 4
i T

- \ '

,,. r‘:-. \ {
e -
. A/
/.

Nederlands  Contact

Data Archiving and Networked Services

The Digital Curation Centre in collaboration with After two D ‘ N S Dutch data service

Research Data Netherlands have developed an | enrolment
online course on Delivering Research Data the 5th of
Management Services (DRDMS). HOME FOR RESEARCHERS FOR DATA PROFESSIONALS FOR PARTMNERS PROJECTS ABOUT DANS NEWS AND EVENTS

E

Dutch consortium mensss Q@ Permanent accesswodigital research resources.

fiat can we do for you?

ANS for researchers DANS for data DANS for partners
professionals

The data support collective

OOOO?
X

[
o
[
o [
e
\


https://www.ands.org.au/
https://www.dcc.ac.uk/
https://dans.knaw.nl/en
https://www.lcrdm.nl/en/rdm-advice-tips

Taylor & Francis Group

an informa business

019

P Data Stewardship for Open Science

?gsNFgglsr{QF Implementing FAIR Principles

i
the worst way imaginable to communicate the outcome ot the scientin
process. If science has become indeed data driven and data is the oil
of the 21st century, we better put data centre stage and publish data
as first-class research objects, obviously with supplementary narrative
where needed, steward them throughout their life cycle, and make them
available in easily reusable format.

Yet another recent study claimed that only about 12% of NIH
funded data finds its way to a trusted and findable repository. Philip
Bourne, when associate director for data science at the U.S.A. National
Institutes of Health coined the tcrror the 88% that is lost
in amateur repositories or on laptops. When we combine the results of
the general reproducibility related papers and the findability studies,

GET ACCESS PREVIEW PDF

PASSARE DA ARTICLE+

A DATA +
In conclusion to this paragraph, my statement in 2005: Text-

[CAPITO Ll ACC ESSl Bl |_| DA nining? Why bury it first and then mine it again? [Mons, 2005] is

——
article(Data(+)).



https://www.taylorfrancis.com/books/9781498753180

nature Feb. 25, 2020 I tell research institutions that, on average,

5% of overall research costs should go

towards data stewardship. With €300
Bunk. First, taking care of data is an ethical duty, and should be part of good

Invest 5% of research funds in ensuring
data arereusable

Itisirresponsible to support research but not data stewardship, says
Barend Mons.

billion (US$325 billion) of public money
spent on research in the European Union,
we should expect to spend €15 billion on
data stewardship. Scientists, especially
more experienced ones, are often upset

D

when | say this. They see it as 5% less

- : . funding for research.
research practice. Second, if data are treated properly, researchers will have

significantly more time to do research. Consider the losses incurred under

« PRENDERSI CURA DEI
DATI E ETICO

« ASSUMERE DATA
STEWARDS FA

RISPARMIARE TEMPO

« FAIR=FULLY

ARTIFICIAL
INTELLIGENCE READY

the current system. Students in PhD programmes spend up to 80% of their
time on ‘data munging’, fixing formatting and minor mistakes to make data
suitable for analysis — wasting time and talent. With 400 such students, that
would amount to a monetary waste equivalent to the salaries of 200 full-
time employees, at minimum. So, hiring 20 professional data stewards to
cut time lost to data wrangling would boost effective research capacity.
Many top universities are starting to see that the costs of not sharing data

are significant and greater than the associated risks. Data stewardship offers

excellent returns on investment.

mean ‘fully Al ready’), which will open up unprecedented research

opportunities and increase reproducibility.


https://www.nature.com/articles/d41586-020-00505-7

Costl

Data science report, 2016, cit. by Susanna
The problem Sansone Apr. 27, 2021

Discoveries are made using shared data and this requires data that are: DN st of not having FAIR

research data
+ Retrievable and structured in standard format(s)

. . . . Cost-Benefit analysis for FAIR researcl h data
- Self-described so that third parties can make sense of it

10,2 bn + 16 bn
. w' —

Data preparation accounts for about 80% of the work of data scientists

€ " I SONO COSTI PER GESTIRE, RENDERE FAIR E CONSERVARE | DATI..
MA PENSIAMO ‘=

& . AQUANTO COSTEREBBE NON CONSERVARLI E NON GESTIRLI

~ - AQUANTO TEMPO PERDETE PER «PULIRLI» PRIMA DI POTERL
@BV USARE (79% DEL TEMPO PER PREPARARLI] ~d

— X > vl . 2 A x A, T e


http://visit.crowdflower.com/rs/416-ZBE-142/images/CrowdFlower_DataScienceReport_2016.pdf
https://twitter.com/maqcsociety/status/1387029314453995520?s=20
https://publications.europa.eu/en/publication-detail/-/publication/d375368c-1a0a-11e9-8d04-01aa75ed71a1/language-en

+
O OpenAlRE

What will it cost to manage

and share my data? ‘ :
(2) Whatto cost in? (Jovennire  comnite Howto e oo

Based on these examples, we have
performed some comparative calculations.
The cheapest repository changes at
different points so shop around!

Guides for Researchers

How to identify and assess Research Data
Management (RDM) costs

ZOGB of data could cost you between L DSW Storage Costs Evaluator
€0 - €109 to deposit

Total costs: TB costs per year:
2261¢€ 452 £

of data could cost you between
7SGB €245 - €340 to deposit

Vaolume

Lifetime

2OOGB of data could cost j. !
€790 - €906 to dep DSW Storage Costs Evaluator

Total costs: TB costs per year: Result details
2261¢€ 452 € ~

%‘ DM costing tool L
&> Storage drives 158€ s
ngtrcc

& Storage servers 4a21€ v

Data Manag s etk me

S Tape backup 68€ v

| Data Management costing tool X seus s15€ v
m 'fUDEIf‘[ I8 incident response 62€ v

’ Uninterruptible power supplies 495€ w



https://www.openaire.eu/how-to-comply-to-h2020-mandates-rdm-costs
https://zingtree.com/host.php?style=buttons&tree_id=511095771&persist_names=Restart&persist_node_ids=1&start_node=1&start_tree=511095771
https://storage-costs-evaluator.ds-wizard.org/

B GESTIRE | DATI

Good data management facilitates
the reuse of data, which helps

avoid duplication of effort, and
mitigates against data loss. It also

supports collaboration, facilitates &
continuity across projects, and \,

improves the visibility and impact \ \
of research outputs.

2020

N
-~ e \

How and why you should manage
| your research data: a guide for
researchers

An introduction to engaging with research data management

processes. JISC Guide


https://www.jisc.ac.uk/guides/how-and-why-you-should-manage-your-research-data
https://allea.org/portfolio-item/sustainable-and-fair-data-sharing-in-the-humanities/

Pefche gestire,l'dati

Davies on why data manag... © g
Guarda piti?™™ “Cofdividi

RISPARMIO DI TEMPO
MAGGIORE EFFICIENZA
CONSERVA E PROTEGGE

| DATI SONO UN «PRODOTTO»
TRASPARENZA/INTEGRITA Guarda su. B Vvt

Save Time - By spending a little bit of up-front time and planning and organising the data you produce you will
save time and resources in the long run.

Increase your efficiency - If you document your data properly whenever you or someone else comes to it they
will be able to understand it quickly and without difficulty. Thus saving time and increasing efficiency.

Preserve and protect your data - It is relatively easy to produce data that will be useful only the once and for a
very specific purpose. Learn how to ensure that the data can be useful again and again, and how to make sure
that it is never lost.

Data is an output in its own right - that’s right; data itself is increasingly being seen as an important output of
research. If shared, it can better enable researchers. The REF (Research Excellence Framework) now takes note
of it.

Meet grant requirements - Many funding bodies now require that researchers archive data as well as the
resulting publications as part of their project. Good data management will make this easy rather than a last
minute chore.

Open Access - In the UK government policy has moved to an open access framework, Producing and making
available data is a vital part of this process. Journals are increasingly making room for data alongside articles, for
example.

Transparency/research integrity - If required you have all the documents and materials easily available
making your research more transparent if questioned.

Why data management



https://port.sas.ac.uk/course/view.php?id=73&section=2

.. dal primo giorno

PERCHE RISPARMIATE
ENERGIA E LA RICERCA
SCORRE FLUIDA

| ..E PERCHE | PRIMI RI-
' UTILIZZATORI DEI VOSTRI DAT! |
| SIETE VOI STESSI FR UN ANNO



https://www.youtube.com/watch?v=WmG3ItcIaSE&feature=youtu.be

x May 10, 202
TUDelft May 10, 2020 5=

Data Management Concept Note

Main Points for Good Data Management

Data acquisition

e Check the type, source of the data and how to gather/collect it
o Data types (to help define sensitivity of ( )
o Data format (to help define the tools anc Data storing / backup

o Data size (to help define storage and inf Create a clear folder structure and consistent file naming convention
¢ Check the ownership of the collected and procs Make a backup strategy where data is stored at least two different physical locations
o Check with the data source about and preferably automatically backed up

conditions (e.g. licence) Access confrol to confidential data

o Check the need to make a data proce Apply encryption at disk or folder level if needed
on the ownership / access control Create a consistent and standard versioning of the data files

o Are there (own) institutional policies tha Determine the minimal documentation of the data that is required to find i,

o Can the data be shared with other parti¢ understand it and use t
e Confidentiality of the data (if applicable): ,
- Register crucial information regarding ¢ Data sharing
o Ensure security of confidential data (; » Create proper data sharing procedures
data, or data that would harm society wi = Consider agreements established in the Data acquisition phase, and
o Ensure compliance with General Dat evaluate/assess data sharing with other parties
verordening gegevensbescherming whe o Be aware qf the permission and consequence of sharing confidential data
o Ensure there are procedures in place to * Eﬂpy"gn” L'i“'“éngth he data
of a privacy advisor/data protection offic ¢ owsTeul BIners use e o

I o Wheo should be attributed for creating/gathering the data
Data collection o o
o Establish a workflow for data collection Organizational Implications

" ®

. & % ®

o How will the data be collected? In addition to the above mentioned actions, there are also a few things to consider to make
© Who has access to which data in short /K gata management a standard practice in daily aperalmns
o What resources are needed for data analysis# i -

o How will the data be exchanged / transferred among relevant stakeholders?

e Storage arrangement : PER FARSI LE DOMANDE

o Check available storage capacity and backup strategy = : GIUSTE



https://doi.org/10.5281/zenodo.3819203

Data Classification and Examples (abridged version)

Information that would cause severe harm to individuals or the University if disclosed.

. e - .. ) e
- = y -
T p r e p a ra I~ S I e Research information classified as Level 5 by an IRB or otherwise required to be stored or processed in a high security

environment and on a computer not connected to the Harvard data networks
Certain individually identifiable medical records and genetic information, categorized as extremely sensitive

High Risk Confidential Information (HRCI) and research information classified as Level 4 by an IRB
' : Personally identifiable financial or medical information
’ 4 Information commonly used to establish identity that is protected by state, federal, or foreign privacy laws and
: » regulations
" : Individually identifiable genetic information that is not Level 5
3 . National security information (subject to specific government requirements)
Passwords and Harvard PINs that can be used to access confidential information

Research information classified as Level 3 by an IRB
Information protected by the Family Educational Rights and Privacy Act (FERPA) to the extent it is not covered under
= 5 Level 4 including non-directory student information and directory information about students who have requested a
y FERPA block
i or any other information that could identify individuals

..PERCHE IL PROBLEMA NON E SOLO DAT | |t

student information and directory information about students who have requested a

A P E RTl/C H | U S | A F | N E R | C E RCA or any other information that could identify individuals
tet mployees may discuss terms and conditions of employment with each other and third
\
MA, BEN PIU IMPORTANTE,
rotected under state, federal and foreign privacy laws not classified as Level 4 or 5
D OV E I_ | CO N S E RVO |\/| E N T R E C | I_A\/O R O ? hich would not cause material harm, but which the University has chosen to
CHI HA ACCESSO:: T —————

N\ ed as Level 2 by an IRB
CHE SISTEMA DI SICUREZZA E PREVISTO? et
° n about the University physical plant
I
Public information.
Research data that has been de-identified in accordance with applicable rules

Published research
Published information about the University

Course catalogs
Directory information about students who have not requested a FERPA block
Faculty and staff directory information



Serve formazione?

Data Management Expert Guide

2. Organise & Document
3. Process

4. Store

5. Protect

6. Archive & Publish

(ﬁ’lan \

@iscover j

®

Store

To be able to plan a storage and backup strategy, you
will learn about different storage and backup
solutions and their advantages and disadvantages.
Also, measures to protect your data from
unauthorised access with strong passwords and
encryption will be explained.

Protect

This chapter highlights your legal and ethical
obligations and shows how a combination of gaining
consent, anonymising data, gaining clarity over who
owns the copyright to your data and controlling
access can enable the ethical and legal sharing of
data.

[DMP]

@ cessda
TRAINING

In this introductory tour, you will become aware of

what data management and a data management plan

(DMP) are and why they are important. General

concepts such as social science data and FAIR data

will be explained. Based on our recommendations

and good practice examples, you will be able to start
writing your DMP.

Organise & Document

If you are looking for good practices in designing an
appropriate data file structure, naming, documenting
and organising your data files within suitable folder
structures, this chapter is for you.

Process

Archive & Publish

When you arrive at this chapter you will have learnt to
differentiate between currently available data
publication services. You will also find a number of
stepping stones on how te promote your data.

Discover

How can you discover and reuse existing or previously
collected datasets?



https://www.cessda.eu/Training/Training-Resources/Library/Data-Management-Expert-Guide
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ALLA FINE D OGNI MODULO
TROVATE «ADAPT YOUR
DMP» PER APPLICARE | O intéroperability

CONCETTI CHE AVETE In order to be able to link your work to other research, it might be useful to build on
APPENA IMPARATO

o

established terminologies as well as commonly uses coding and soft- and hardware whereve

- this is possible.

- -

Ada Dt your DMP; pPa o e Which software and hardware will you use? How does this relate to other research?
This is the sixth 'Adapt your DMP' section in this

tour guide. To adapt your DMP, consider the
following elements and corresponding questions:

If applicable:

® Will established terminologies/ontologies (i.e. structured controlled vocabularies) be
used in the project? If not, how does yours relate to established ones?
* Which coding is used (if any)? How does this relate to other research?

© Deposit your data

® Will the data you produce and/or used in the project be useable by third parties, in
particular after the end of the project?

Which data and associated metadata, documentation and code will be deposited?
What methods or software tools are needed to access the data?

Is documentation about the software needed to access the data included?

Is it possible to include the relevant software (e.g. in open source code)?

What data quality assurance processes will you apply?


https://www.cessda.eu/Training/Training-Resources/Library/Data-Management-Expert-Guide
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EAIR data Il - Planning phase

GDPR
lll - Research phase

Integrity
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Open data

Open science : VI - Data support

Persistent identifier (PID)

Closing remarks

Preferred format


https://datasupport.researchdata.nl/en/start-the-course
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How does humanities data tend to be different?

Parthenos

MANAGE, IMPROVE AND
OPEN UP YOUR RESEARCH
AND DATA

o= s TRAINING MODULES
: 4

‘“ @ PARTHENOS € TRAW

W About the module

o ¢ ¢ |earning Outcomes
> Manage, Improve and Openup Y

By the end of this module, vou should be able to: your Reeserch and Dets

~
'



https://training.parthenos-project.eu/sample-page/manage-improve-and-open-up-your-research-and-data/
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The Turing way

Welcome

The challenges and prospects
of the intersection of humanities Il

o hewr proy NG reuse a and data science: {
t Reproducible Research ~ Y A white paper from
" COMUINUOUS INTEGralion However The Alan Turing Institute
W
ree e reca £ a1 e \
v i
% 3. Reproducible and open research A b

What does this mean? Work with computational methods occurs across a wide spectrumin the
humanities, from rigorously empirical to experimental and exploratory or creative approaches \
(Smithies, 2017). Accordingly, different degrees of reproducibility — intended as the ability to
reproduce comparable results with the same data and same analysis methods — apply to the
differing research processes.

What is the issue/context? Reproducible and open research depends upon access to data
and appropriate computational infrastructure. New computational methods and approaches
are being undertaken in different computational environments, some of which are in closed
and/or proprietary infrastructure and others in open and/or public infrastructure. Very often
new and exciting computational methods are time-consuming and hard to implement, or have
dependencies that are difficult to establish, raising additional barriers to making research
reproducible. The desire for reproducibility follows a broader trend in scientific disciplines and
data science in particular®”, and more investment is needed in regard to sustainability of code
and open source frameworks. Journals such as the Journal of Open Humanities Data® and
Research Data in the Humanities®®, which focus on the publication of digital research objects
and their critical description, do exist, but they are niche venues and their awareness among
humanities researchers is still low.

What do we propose and for whom? We promote transparent and reproducible research
in the humanities, covering data, code, workflows (Liu, 2017), computational environments,

methods and documentation. We encourage partnerships and initiatives involving umanities
\ (TSI

Srocbusia.

PRATICHE DI
v RIPRODUCIBILITA



https://the-turing-way.netlify.app/welcome
https://www.turing.ac.uk/research/publications/challenges-and-prospects-intersection-humanities-and-data-science

azione SSHOC

Library Carpentry

MOOC Delivering Research Data
M Management Services

National Coordination Point Research
Data Management: RDM Advice and
Tips

OpenAlIRE Training and Support

Library Carpentry workshops
teach people working in
library- and information-
related roles how to:

The Carpentries

Collaboratively developed Digital Curation Centre

MOOC by RDNL, DCCand the  Edinbur ¢75 " SSHOC

University of Edinburgh, **§SHOC training community

published on FutureLearn B
MOOC on @ SSHOC lace  Training
services °

SSH Training Community

R We're a worldwide community of trainers who collaborate to improve our professional capabilities by sharing
National C our expertise and resources.

ResearCh‘l Our focus is on trainers serving the Social Sciences and Humanities communities. Our activities are centred
(LCRDM) 1§ around tools and services which are offered through the European Open Science Cloud (EOSC) and are

network o valuable for SSH trainers.

field of res By bringing together experts from multiple disciplines, we are looking to create synergies and exploit our

collective knowledge and skills for mutual benefit.
managem

Join us!
OpenAIRE Member Benefits

scholar ly « . Monthly community calls where we exchange and discuss various topics of interest

towards 0| + Opportunities to create new training materials to support and enhance the use of SSH tools and services
(We have budget!)

transpare' A guaranteed insert in the international SSH Trainer Directory which will increase individual visibility

innovative (Directory in development)

Preferential access to Train-the-Trainer Bootcamps, and to workshops, webinars and conferences

A standing invitation to contribute personal resources to the SSHOC Training Discovery Toolkit and

advise on improvements

Exclusive access to a communal mailing list and Google drive to facilitate networking and information

sharing with your peers

@ SSHOC ssH Training Discovery Toolkit SSHOC trainin rivacy policy ~ Lega

The SSH Training Discovery Toolkit provides an inventory of training materials relevant for the Social Sciences and Humanities.

tUse the search bar to discover materials or browse through

SSHOC In Action

(J Research data

management/FAIR data (40)
OJ pidactics (28)
[J Open Science (19)
(J Quantitative analysis (14)
() copyright (13)
(J pata visualization (9)
(O survey data (8)
(J citizen science (7)
(] pigital edition (7)
CJ programming waith R (6)
J python/jupyter (6)
(J Text encoding and TEI (5)
O aira)
(J spatial data (4)

Resources  News & Ever

SSHOC Workshop Notes: Citizen Science &
Cultural Heritage. Planning for Success

If you ever played with the idea of
crowdsourcing your project, but you took a...

New Report Published: SSHOC Speech-to-
text Workshop - Linking Social Survey and
Linguistic Infrastructures through speech
interviews

Idea of collaboration between research
infrastructures and disciplines is...

Workshop notes: Code of Conduct for the
Social Sciences and Humanities

Written by Veronika Keck, GESIS - Leibniz
Institute for the Social Sciences,...

New Report Published: Delivery of user-
validated Knowledge Graph, and Election
Studies Analytics dashboard

A new SSHOC report titled


https://training-toolkit.sshopencloud.eu/
https://sshopencloud.eu/ssh-training-community

Managing and Sharing Research Data: A Guide to
Good Practice

Student Resources Videos

1. Discovery & Planni Research data life

Video visualizing the data-related activities typically undertaken in the research data lifecycle

udies 5 the stages in the existence of digital data: rery and planning, collection,
Weblink processing and analysis, publishing and sharing, preserving and reusing,
hlinks

Tools and Templates Write & data mang

arch grant application.

Answers To In-chapter
Data skills: providers of international data

Exercises Student Resources Tools and Templates

Data Collection An overview of internati |g|:r EF et such if 1. Discovery & Planning DMP online

ary Organisation for Econamic Co- atic
hane tary Fund, the gank=ation for Econonmic Co Cperation and C . Web-based tool developed by the Digital Curation Centre, designed to help researchers develop data

) Ssing & is , e . '
Data Processing & Analysis International Energy Agency (IEA) that provide aggregate social and Case Studies management plans according to the requirements of major research funders, publishers or

belween countries Weblinks institutional requirements. Using the tool, one can create, store, update and share multiple versions of

PTTP
Publishing & Sharing 2 data management plan at the grant application stage and during the research lifecycle. Plans can be

Tools and Templates customized according 1o funder or institution, and exported in a variety of formats. Funder- and

= ‘Which topics are covered by the World Development Indicate
institution-specific best practice guidance is provided to users via a range of tailored templates.

Presening Data Checklists
» Which organization publishes international comparable data
Answers To In-chapter DMPTool

Reusing Data
Exercises

data managerment planning
Online tool developed by the California Digital Library to help researchers generate data management

2. Data Collection
plans required by funders. The tool allows researchers to select their institution and research funder

. Video explaining what data management planning is, how you go a 5 DR A and presents 2 plan template according to that funder's requirements: Funder-specific and insttuion
Handbook online resources:cc istates how, when designing design, you can plan which d specific guidance and resources for each topic are included. Plans can be exported or shared online.
4. Publishing & Sharing
Data Stewardship Wizard
5. Preserving Data
Online tool to develop Data Management Plans for FAIR Open Science, through questions, hints,

6. Reusing Data
7 e external resources and community help.

FAIR self-assessment tool

Online tool to assess the FAIRness of a dataset. i.e. how Findable, Accessible, Interoperable and
Reusable an existing dataset is, and to determine how to enhance its FAIRness.

* How can a data management plan contribute to research transparency?



https://study.sagepub.com/corti2e
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Managing and Sharing Research Data 'l ]

Data-driven research is becoming increasingly common in a wide range of

1

academic disciplines, from Archaeology to Zoology, and spanning Arts and Science r 4 )

subject areas alike. To support good research, we need to ensure that researchers

have access to good data. Upon completing this course, you will: Full details

Level of knowledge: Introductory: no previous kn

« understand which data you can make open and which need to be protected

¢ know how to go about writing a data management plan

¢ understand the FAIR principles

e be able to select which data to keep and find an appropriate repository for
them

learn tips on how to get maximum impact from your research data



https://www.fosteropenscience.eu/node/2328
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Take the course

Module 1: Introduction

Reser~="~"
Data }
Management

B> {) o000

Reference: Viachos, E , Larsen AV, Zurcher, S., Hansen
AF (2019). 'Introduction’. In: Holmstrand, K F_, den Boer,
S PA  Viachos, E ., Martinez-Lavanchy, PM , Hansen, KK
(Eds.), Research Data Management (el.eaming course)

dot. 10.11581/dtu 00000048
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Module 2: FAIR principles
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Management
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Reference: Martinez-Lavanchy, PM. Huser, FJ , Buss
M.CH, Andersen, J.J , Bagtrup, JW. (2019). FAIR
Prncples’. In: Holmstrand, K F , den Boer, S PA__ Viachos,
E . Martinez-Lavanchy, PM , Hansen, K K. (Eds.), Research

Data Management (eLearming course). doi
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elLearning course about the importance of good research
data management (RDM)

Within the fre

9 O A) of the world's data was created within the last two

Module 3: Data Management Plans _'\\
Reser——=" |
Data P
Management

{) o000

Reference: den Boer, S PA  Buss, M.C H, Huser, F.J
Smed, U (2019). 'Data Management Plans’. In: Holmstrand,
K.F., den Boer, S PA  Viachos, E, Martinez-Lavanchy,
PM, Hansen, KK (Eds ), Research Data Management

(eLeaming course). doi 10.11581/dtu 00000050


https://vidensportal.deic.dk/RDMelearn

Digital Technelogy
and the Practices
of Humanities
Research

DARIAH Pathfinder to Data
Management Best Practices in the
Humanities
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10. THE RISK OF LOSING THE THICK DESCRIPTION: DATA MANAGEMENT CHALLENGES FACED
BY THE ARTS AND HUMANITIES IN THE EVOLVING FAIR DATA ECOSYSTEM
Erzsébet Toth-Czifma
ng the Promises of FAIR within Discipline-Specific Scholarly Practices
iral Knowledge Iceberg, Submerged in an Analogue World
‘roblems that Are Not Solely Legal Problems

1. Why research data management? he Risk of Losing the Thick Description upon the Remediation of Cultural Her

Systematically planning how you will collect, document. organize, manage, share and preserve your . 1 M N
» Scholarly Data Continuum
Gata has many benefits. It helps to bulld a common framework of understanding with your

\

TABLE OF CONTENTS Data in Arts and Humanities — Still a Dirty Word?

» Critical Mass Challenge and the Social Life of Data

1. Why research data management? he Risk of Losing the Thick Descriptfon — Again

2. Data in the Humanities Conclusions: On our Way towards a Truly FAIR Ecosystem for the Arts and Humanities

Bibliography

3. The devil is in the context: a processural view on data curatic
4. Sharing your data

4.1. Cite to be cited!

4.2. Be aware of your licensing options

4.3. A case study: different levels of being an open scholar
5. A recipe for your research project: the Data Management Plan
6. Data in publications and data as publications

6.1. The networked publication: interlinking the underlying data with your papers

6.2. Data journals in humanities



https://campus.dariah.eu/resource/dariah-pathfinder-to-data-management-best-practices-in-the-humanities
doi:10.11647/OBP.0192
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1. Methodological frameworks and epistemic cultures.

 Institute

" Humanities and data science

We call for the use of a common methodological terminology in research at the intersection | special interest group

between humanities and data science, and for a wider use of shared research protocols across

=

these domains. We recommend that authors make the methodological framework that they are
using explicit in their publications, and we call for inclusive research practices to be fostered

across research projects.

|| The challenges and prospects
of the intersection of humanities

2. Best practices in the use and evaluation of computational tools.

¥ and data science:
A white paper from
The Alan Turing Institute

We encourage practices that ensure transparency and openness in research, and training
programmes that help to choose the most suitable computational tools and processes in
humanities research. We also call for computational tools to be evaluated in a dialogue between

data scientists and digital humanists.

3. Reproducible and open research.

We promote transparent and reproducible research in the humanities,
workflows, computational environments, methods, and documentatic
and academic institutions should put in place further incentives for hum
publish the digital resources, code, workflows and pipelines they create .
outputs, e.g. in the form of publications in data journals.

)

I

V|

- History and critique of data science. This area analyses the characteristics of data
science work, sometimes with a focus on the historicity of datasets, and tackles ethical and
methodological questions aimed at improving current practices, for example, on issues such
as diversity (D'lgnazio and Klein, 2020) and privacy. It also problematizes the very definition
of data, considering their complexities, their inherent biases, their contextual and historical
natures, in a critical and nuanced way (e.g. Drucker, 2011). Exemplary research in this area
includes, among many others, MacKenzie (2017)'s study of the interface between machine
learning and critical thought, Kaltenbrunner (2014; 2015)'s studies of infrastructure as a
relational and emergent phenomenon that shapes data-driven humanities research and
researchers, and the questions they can ask, in complex ways, and Noble (2018)'s study of
how white patriarchy and algorithmic bias has resulted in the misrepresentation of women of
colour and minorities in search engine results.

- Algorithmic creativity and cultural innovation in the arts and humanities. This area
focuses on computational creativity, aiming to perform creative tasks with the aid of machines
and to explore the plasticity of digital forms for delivering new radical ways of representation
and mediation of the arts and humanities. This is the focus of various initiatives such as the
Turing Al & Arts group®' and the Creative Informatics programme in Edinburgh®, Individual
artists are also increasingly including computational methods in their practice®. Examples of
projects undertaken in collaboration with academic researchers, creative industries and the
GLAM sector include the King's Digital Lab Digital Ghost Hunt® experience and the Al and
Storytelling project®,



https://www.turing.ac.uk/research/publications/challenges-and-prospects-intersection-humanities-and-data-science
https://www.turing.ac.uk/research/publications/challenges-and-prospects-intersection-humanities-and-data-science

Data Management - caveat

O R T SCHOOL OF
' | ADVANCED STUDY
. , R e | UNIVERSITY
is you are doing more clearly and give you the basis to share that data lateron  porT DMP OF LONDON

NON IMPORTA SE ALLA FINE CONDIVIDERETE | DATI O NO.
QUI'SI DOCUMENTANO IL PROCESSO DI RICERCA E LE SCELTE DI METODO


https://port.sas.ac.uk/mod/book/view.php?id=1221

Data managepmenmMABC —
Per-partire —

Ask yourself this: [D \Y P] e

Include for someone else to replicate your results? Think about itin term: MGIORV NIV Sy R/ M DAY=
your own r ; LA MIA RICERCA?
A bibliography would be the most immediate and obvious starting point, TUTTO QU ESTO VA

» the reader all the sources that you have d to base you INSERITO NEL DMP.

10 o | o e ) | PROSPETTIVA DIVERSA
§ database or undertake statistical anals If SO In SULI_A VOSTRA RlCERCA

database and statistics available, Thisd
SCHOOL OF e S e
ol . | ADVANCEDSTUDY  readable format, but to provide documentation and to make sure that the data
Peearehtainng . | UNIVERSITY T R S Y i T R T R R Y T T T R e TR R o A
PORT DMP | OF LONDON is clearly identified with explicit headir well-str , and easily identified.
Managing your
Research on what is ne 4 for ion and re-use, rather than the oby

attributes of research data, is useful. It helps you to think through the pr

of research from a different pe ctive and what it ou have actually done

to come to your conclusions, It also allows you to show the you have

undertaken; revealing how valuable your approach might be and making


https://port.sas.ac.uk/mod/book/view.php?id=1221

Data management ABC — File naming

o, FILE NAMING
E<

Read through the following file names.

If you returned to this data folder in a year's time do you think you would be able to
recognise what each of these files contains?

What information do you think you need in a file name in order to identify what is in the
file's contents?

FRA'UN ANNO

COSA

CONTENGONOQO?

My study Data chart for interviews

» Interview with Jane Int1(2)



Data management ABC — FI nam'%ng
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RECORDS MANAGEMENT
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File naming conventions

The conventions comprise the following 13 rules. Follow the links for examples and explanations of the rules. ~
. Keep file names short, but meaningful : Nammg conventions
2. Avoid unne Yy T n and redundancy in file names and file paths. P 2+ finding electronic records easier.
Jse capital letters to delimit words, not spaces or underscores S 1
.When including a numberin a file name always give it as a two-digit number, i.e. 01-99, unless itis a year or another number with more than two digits. ) f’. '
. If using a date in the file name always state the date ‘back to front’, and use four digit s, two digit months and two digit days: YYYYMMDD or YYYYMM /‘ >
or YYYY or YYYY-YYYY. Y/ \

itisincoming or outgoing correspondence, ex
ame of an email attachment should include the name of the cor : = subject, the date of the correspondence,
1g email, except where the inclusion of any of these elements would be
incompatible with rule 2.
. The version number of a record should be indicated in its file name by the inclusion of *V’ followed by the version number and, where applicable, ‘Draft’.
3. Avoid using non-alphanumeric characters in file names.

File naming


https://www.ed.ac.uk/records-management/guidance/records/practical-guidance/naming-conventions

It helps to restrict the level of folders to three or four deep and not to have more than ten [£0 organise your data

items in each list

Folders

= ) ENSIOproject
= ) Daa

.

) Databases

3 ConsumerSurvey
L) StakeholderetworkAnalysis
L) StakeholderSurvey

) Images

) FocusGroupimages
) Landscapelmages

) Models
o Sourd

) FocusGroupRecordngs
o) InterviswRecordings

. = ) Text

?g J FocusGroupTranscripts
[ | ) nterviewTranscripts
| = ) Documentation
E = ) ConsentForms

) CF_FotusGroups
) CF_interviews

= ) InformationShesats

) 1S_ConsumerSurvey
. IS_FocusGroups

) IS_Interviews

) IS_StakeholderSurvey

= ) Methodology

x #rG1_cons_10-03-2010

A MIFG2_CONS_15-04-2010
M)FG3_STAK_29-04-2010
H1FG4_STAK_06-05-2010

[DMP]
Data management ABC — File naming

\
A
A\

rstr
Folder structure CESSDA training

Structuring your data files in folders is
important for making it easier to locate and
organise files and versions. A proper folder
structure is especially needed when
collaborating with others.

plan and organisation of
al relevant to the data

ito the data folders,
formation on the data
Mocessing procedures. — EN

© Survey data

grarchy of your files and

€p or shallow hierarchy is For this survey, data and documentation files are held in separate folders, Data files are

. a fomha 4 ace, vity. Doc tion files are org:
e several mdependent to data type and then according to research activity. Documentation files are organ

documentation file and research activity. It helps to restrict the level of folders to three

ladvisable to create a separate data folder

more than ten items on each list,

Jok at the examples in the accordion below
ENBIOproject
Data
ConsumerSurvey
StakeholderSurvey
Documentation
Methodology
Method_ConsumerSurvey
Method_StakeholderSurvey
Questionnaires

QuestionnaireConsumerSurvey

QuestionnaireStakeholderSurvey

UK Data Service



https://www.cessda.eu/Training/Training-Resources/Library/Data-Management-Expert-Guide/2.-Organise-Document/File-naming-and-folder-structure
https://www.ukdataservice.ac.uk/manage-data/format/organising.aspx

m CENTRE FOR Guidelines for README

RESEARCH DATA Guidelines for creating a README file

A readme file provides information about a dataset and is intended to help ensure that
the data can be correctly interpreted, by yourself at a later date or by others when
sharing or publishing data.

A readme file must be submitted along with the dataset file(s).

The outline below should be completed with information relevant to the submitted
dataset.

1. Introductory information Best practices

Title of the dataset Create one readme file for each dataset

For each file or group of similar files, a short description of what dat® Name the file README; not readme, read_me, ABOUT, etc.

it contains Write your readme document as a plain text file; save as README.txt or

Explain the file naming convention, if applicable README.md when writing in Markdown. Or use README.pdf when text formatting

is important for your file.
Format of the file if not obvious from the file name

If the data set includes multiple files that relate to each other, the
relationship between the files or a description of the file structure that holds
them

Contact information; in case users have questions regarding the data files

2. Methodological information

=]

Method description for collecting or generating the data, as well as
the methods for processing data, if data other than raw data are
being contributed

Any instrument-specific information needed to understand or interpret tha

dat . :
o 3. Data specific information
Software (including version number) used to produce, prepare, rende

compress, analyze and/or needed to read the dataset, if applicable Full names and definitions (spell out abbreviated words) of column
Standards and calibration information, if appropriate headings for tabular data

Units of measurement
Definitions for codes or symbols used to record missing data

Specialized formats or abbreviations used

Sharing and Access information

o Licenses or restrictions placed on the data;
Licenses allow you to specify the ‘terms-of-use’ for your data. The archive
provides a license that is explained in its terms of use and applies this license
as default selection. You can use this licensing wizard to help you to pick a
more appropriate license for the use of your data. This license will then be
displayed in the metadata.


https://researchdata.4tu.nl/fileadmin/user_upload/Documenten/Guidelines_for_creating_a_README_file.pdf
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View
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[TT] FARM SURVEY DATA st o B
I Fleld Name Oata Type -

¥ farmercode Text Farmer identification code

Kheme Text Oranage schame

Transcript Hypedink Trasseript of imteeview

Date Date/Tinwe Duate of intesview

interviewer Text Naene of interviewer

Incomplete data Yes/No Observation has data missing

Nb holdings Number Number of holdings farmed by farmer

Tot Farmsize Number Total size business umit {ha)

| % area owned Number Area owned of business unit, in percentages (%]
Farmtype Text Main enterprise of business une

=
=

T z : 3 Organic Yes/No Farm is organic
irect Marketing  Grap! Utilitie Winter wheat » (e )
ﬂﬂ ﬁ Spring wheat Number Spring wheat (ha}
i Wanter barfey Number Winter barley (ha)
Width | Decimals [ Spring bartey Number - Speing barley (ha) Z
Which of the ( [ k
S || sy p—
Fore | Lo Porcort ;

175 qualal0
. 176  |acfivb Numeric

Structured tabular data should have as documentation (where applicable): 5
177 empstat Numeric

178 everjob Numeric
179 ftptime Numeric
180 howlong Numeric
181 whstrt2 Numeric
182 |wklook4 Numeric
183 |nemplee Numeric
184  |nssec Numeric
185 othpaid Numeric
186  |payage Numeric
187 paylast Numeric
188 paymon Numeric
189  |sclass Numeric
190 seg Numeric

Numeric

TR |

Ever had paid
FulHtime or pe

« vanable names, labels and descrptions (maamum 80 characters)
« unitz of measurement for vanablaes
« reference lo the question number of a survey or questionnaire

NOUGNG 1pades. Press FI for hetp o fued
et

Fout Matk A 11658 Aame (0 e Up 10 (4 haeaters 1500, ‘
Able to start w ‘
Looking paid \
Number emplc
NS-SEC - lon = - —
Ever had other employment (waiting to start work) {-9,Noans...-99 - -1
Age when last had a paid job {9, No ans... -99 - -1
Year left last paid job {-9, Noans... -99 - -1
Month last left paid job {-9, Noans... -99 - -1
Social Class {-9, Noans...|-99 - -1
Socio-Economic Group {-9, No ans... |-99 - -1
191 snemplee Numeric Seif employed, how many employ {-9, Noans...|-99 - -1
a [ - 1) J LI - LI, T L] = 2

Example: variable 'plsex’ = ‘sax of respondent’ with codes “1=female’, 'Z=male’, [ 192 Jege Numeric Age last birthday {9, Noans.__ -99 - -1

[ ottt ettt ittt ittt ittt it [r]
‘B=don’t know', "B=not answared' ‘

i
33

Smart Tags

|
||
| Cagon
How long have Defastt Vatue 0
| Tt Angn Genennt

typical week’ — the label gives the unit of measuremeant and a referance to the
question number (1)
« value code labals

WINNNN &N O NNNRNNNNN
OClo00 0000 2000000000

[
[
[
[
[
[
Example: variable "g11hexw’ with label "Q11: hours spent taking physical exercise in 3 }
[
[
[
[
[
[
[

[4]

« coding and classification schemas axplained, with a bibliographic and dated NS T
reference (some standards change over timea)

R i

Examples: Standard Occupational Classification, 2000 — a series of codes (o
classify respondaents’ jobs; IS0 3186 alpha-2 country codes —— an international
standard of 2-letter country codes
= codes for missing data, with reason dala are missing (blanks, system-missing or '0°
values are bast avoided)

B | ] e S| [ =] [
Location Type Instrument From
> =] [x]  Numb~)
Beckingham Beckingham & Idle Baro Barometer 73937 7212007
Beckingham Beckingham Ditch Diver 80137 77272007
Beckingham Beckingham Fld Centre Diver 80136 77272007
Beckingham Beckingham Fld Edge Diver 80129  7/272007
Bushley Bushley Barometer Barometer 77599 147272007
Bushley Bushley Ditch Diver 63017 14722007
Bushley Bushley Fid Centre Diver 53632 147272007
Bushley Bushley Fid Edge Diver 53194 147272007
Cuddyarch Sough |Cuddyarch Sough Baro Barometer 62943 10572007
Cuddyarch Sough |Cuddyarch Sough Fld Centre Barometer 62963 104572007
Cuddyarch Sough |Cuddyarch Sough Fid Edge  Barometer 62959  10/5/2007
Cuddyarch Sough [Wedholme Sough (River) Diver 48432 104572007
Idle Idle Ditch Diver 80133 7/22007
ldle Idle Fid Centre Diver 80131 7/2P2007
Idle Idle Fld Edge Diver 80132 77272007
Idle Idle Upland Barometer 77531 822007
Morda Morda Baro Barometer 62975 31562007
| 19 [Morda |Morda Ditch Barometer 62970  31/572007
1 4 » )\ Instrument details { Field schematics / Beckingham / Bushley / Cuddyarch {Ide / Mor

R o

Example: "99=not recorded’, "B8=not provided (no answer), "97=not applicabla’, “96=not
known', ‘Se=amor’
+ deviating wniverse information for variables in case of skipped cases or guestiions

WWNO G & W=

« derived or constructed variables created after collection, giving code, algorithm or
command files used 1o creata tham —— simple derivations, such as grouping age
data ino age inervals, can be axplained in the variable and value labels; complex
derivations can be describad b:,.l pn:widing the algc:rirhms., Inugical slatements or
functions used 1o create denved vanables, such as the SPSS o Stata command



https://www.ukdataservice.ac.uk/manage-data/document/data-level.aspx
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A B

Cc

H
This work is licensed under a Creative Commons Attribution-

NonC: licence (CC BY-NC-SA 4.0). Tn
view a copy of this licence, wsrl @|
1] Data collection number 0000 EEET T =
Title
Depositor, A.
Date of birth Gende |Occupatio Organisatio |Marital Household Country of Interview Place of Date of No of Text file
Interview ID|/Birth year /JAge |r n n status D Relationsh|origin topics Notes interview interview pages name Audio file name

DATI QUALITATIVI

Noﬁes (delete these from the final list)
The nature of the data collection and the chosen anonymisation strategy will affect which fields are to be included in the data list.
Fields and columns should be filled in in a consistent format throughtout the data list.

Bold fields should be seen as a minimum for effective reusability of the data.

Italic fields should be used as appropriate, and ideally in the order they appear here.
Fields that are relevant for your specific data collection should be added to the table.
When the table is completed, remove italics, make all headers bold, align fields, and delete any blank columns.

Study Number 6377
Integrated Floodplain Management, 2006-2008
Morris, J.

Floodplain farm survey

Interview | Farmer Age Farm scheme Farm type Size of farm | Number of Date of Interviewer = No of | Text file name | Audio file name
ID code (hectare) | holdings interview name | pages
1 Bel 35-45 | Beckingham Beef 360 1 04.12.2006 Helena 28 6377int001 6377int001
Be2 45-55 | Beckingham Arable 364 1 05.12.2006 Helena 21 6377int002 6377int002
3 Be3 45-55 Beckingham Arable 372 2 06.12.2006 Helena 22 6377int003 6377int003
4 Bed 45-55 | Beckingham Arable 194 3 06.12.2006 Helena 18 6377int004 6377int004
5 BeS 55-65 Beckingham Arable 108 1 07.12.2007 Helena 21 6377int005 6377int005
6 Be6 45-55 | Beckingham Arable 1254 2 01.02.2008 Helena 19 6377int006
7 Bul 55-65 Bushley Mixed 101 2 13.02.2007 Quentin 29 6377int007 6377int007
8 Bu2 >65 Bushley Mixed 97 1 15.02.2007 Quentin 15 6377int008 6377int008
9 Bu3 >65 Bushley Arable 194 4 13.02.2007 Quentin 21 6377int009 6377int009
10 Bud 55-65 Bushley Mixed 202 1 15.03.2007 Helena 19 6377int010 6377int010
11 Cul 35-45 Cuddyarch Dairy 64 1 08.05.2007 Helena 19 6377int011 6377int011
12 Cu2 55-65 Cuddyarch Dairy 189 2 08.05.2007 Helena 18 6377int012 6377int012
13 Cu3 55-65 Cuddyarch Mixed livestock 76 1 08.05.2007 Helena 13 6377int013 6377int013
14 Cus 45-55 Cuddyarch Mixed livestock 198 1 09.05.2007 Helena 24 6377int014 6377int014
15 Cub 55-65 Cuddyarch Dairy 89 1 09.05.2007 Helena 14 6377int015 6377int015
16 Cu7 >65 Cuddyarch Mixed livestock 150 4 11.05.2007 Helena 20 6377int016 6377int016
17 Cug 55-65 Cuddyarch Mixed livestock 109 2 11.05.2007 Helena 22 6377int017 6377int017
18 1d1 55-65 Idle Arable 158 3 07.02.2007 Quentin 17 6377int018 6377int018a
18 1d1 55-65 Idle Arable 158 3 07.02.2007 Quentin 17 6377int018 6377int018b
19 Id1b 55-65 Idle Arable 158 3 Quentin 22 6377int019
Idle Dairy 1 08.02.2007 6377int020 6377int020



https://www.ukdataservice.ac.uk/manage-data/document/data-level.aspx

I,I\I Z UK Data Service

5 Variable Information Log

L] . UK data service - data documentation
7 |Introduction
8 For datasets being deposited that include secondary data resources, researchers are advised to prepare a descriptive Variable Information Log describing these resources.

9 The Variable Information Log should include the variable name, its source, how it was collected, a brief description, and any restrictions noted on its further use. (See the notes below)
10

1171 Notes

12 These fields should be completed for the original data sources for each variable:

13

Variable name: Provide a list of all the variables (name/number) used in the dataset,
14

Variable label: A brief description necessary to identify the variable.
15

|Source: Source of the dataset/data owner or producer (e.g. World Bank data, IMF data, Penn World

‘ Tables data).

16
|Dataset version: Datasets keep evolving, so best practice is to indicate which version has been used.

17
|URL/DOL: Provide a persistent identifier or link of the source dataset used. Alternatively, if the data are

not available online, provide a brief description of how they were obtained.

EI-

;Llcenso information: Please indicate the licensing information (type of data), as it is important to ensure that the
researchers have permission from the data owners. For example, Open data, Data owned by
the researcher (you), Data owned by another researcher or Third party licensed data.

19

\Unit of analysis Indicate the unit of analysis used in the primary dataset (individuals, cases, addresses).
20

'Date data downloaded/obtained |Itis important to state the date when the dataset was downloaded or obtained and used for
‘ analysis. The data source may have been updated since that time.

21

|Brief description of the data: Provide a brief description of the dataset, including what was the aim of the study. If a
codebook is publicly available for the data used, provide a link.

|Data collection method: Where the data collection procedure for the dataset is well documented, provide a link to that
information. If there is little information available, provide a brief description on how data
were gathered.



https://www.ukdataservice.ac.uk/manage-data/document/data-level.aspx

nlike the software domain, the data community doesn’t yet have a standard numbering system. Three
epresentative data version numbering patterns in use include:

[ D IVI P ] Numbering system 1

Numbering system 2

Data versioning NEE

Working with data

Numbering system 3

What tools are available for data versioning?

n ﬂ m E m There is no one-size-fit-all solution for data versioning and tracking changes. Data come in different forms
and are managed by different tools and methods. In principle, data managers should take advantage of data
management tools that support versioning and track changes.

What do we mean by the term ‘data versioning’? Example approaches include:

A version is “a particular form of something differing in certain respects from an earlier form or other forms of Git (and Github) for Data O (with size <10Mb or 100k rows) which allows:
the same type of thmg g% Ir_‘ the research enwronment, we often think of VEFS-IOHS as they pertaln to . « effective distributed collaboration — you can take my dataset, make changes, and share those back with
resources such as manuscripts, software or data. We may regard a new version to be created when there is me (and different people can do this at once)
a change in the structure, contents, or condition of the resource. * provenance tracking (i.e. what changes came from where)
« sharing of updates and synchronizing datasets in a simple, effective, way.
In the case of research data, a new version of a dataset may be created when an existing dataset is Data versioning at ArcGIS O
reprocessed, corrected or appended with additional data. Versioning is one means by which to track changes

. L ., . i . e Users of ArcGIS can create a geodatabase version, derived from an existing version. When you create
associated with ‘dynamic’ data that is not static over time.

a version, you specify its name, an optional description, and the level of access other users have to the

e on A he owner of fhe ve on o} an change these pronerties or delete 5 ve on at an me

Why is data versioning important? Numbering system 1

Increasingly, researchers are required to cite and iden

to suppor‘t research reprodu0|blllty and trustworthiness Data versioning follows a similar path to software versioning, usually applying a two-part numbering

tel dicat " hich fa dat t rule: Major.Minor (e.g. V2.1). Major data revision indicates a change in the formation and/or content
accurately indicate exac y whic version of a datase of the dataset that may bring changes in scope, context or intended use. For example, a major

particularly challenging where the data to be cited are revision may increase or decrease the statistical power of a collection, require change of data
accessed via a web service. access interfaces, or enable or disable answering of more or less research questions. A Major
revision may incorporate:

* substantial new data items added to /deleted from a collection

+ data values changed because temporal and/or spatial baseline changes
« additional data attributes introduced

« changes in a data generation model

« format of data items a changed

« major changes in upstream datasets.

Minor revisions often involve quality improvement over existing data items. These changes may not
affect the scope or intended use of initial collection. A Minor revision may include:

« renaming of data attribute
« correction of errors in existing data
« re-running a data generation model with adjustment of some parameters

« minor changes in upstream datasets.


https://www.ands.org.au/working-with-data/data-management/data-versioning

University of Leicester
Good Practice and Guidance = Document Version Control Chart [Draft)

Version chart

e 1. Create DocurmentFile

= Sawe the document according to file naming guidance fgood practice.

e 2- Document Identification

» identify on the dotument e.g. in header o footer, the authar, filename, page
number and date the docement s createdrevised.

3. Version Control Table

= Versions and changes documented with Version Control Table whers
significant forrmal/project based.

samed 4. Version Member

= Current wersion numbser identified on the first page and where appropriate,
inconporated into the header or footer of the docurment.
= Wersion number ks included as part of the file name.

« Marmed as version “0-17 (no full s2ops in electronoic file names).
= Subsequent draft versions 0-2, 0-3, 0=4 ..

r—

6. First FinalfApproved Version

= When document is final/approved it becomes version 1-0.

7. Changes to Final Version

« Changed/revised final version becomes x-1.
= Subsequent drafts to Final version become e.g. 1-1, 1-2, 1-3 etc.

e B Further FinalfApproved Documents

= Version nember increased by “1-0° e.g. 1-0, 2-0, 3-0 etc.
» g Amendments to Final 1-0 are 1-1, 1-2, 1-3 and a3 approved becormes 2-0.

Example version control table:

Data management ABC —\Versioning .

[DMP]

()

#

A

UK Data ervice

Title: Vision screening tests in Essex nurseries

File Name:

VisionScreenResults_00_05

Description

Results data of 120 Vision Screen Tests carried
out in 5 nurseries in Essex during June 2007

Created By: Chris Wilkinson
Maintained By: Sally Watsley
Created: 04/07/2007
Last Modified: 25/11/2007

Based on:

VisionScreenDatabaseDesign_02_00

Version | Responsible | Notes

Last amended

00_05

Watsley merged by SW

Sally Version 00_03 and 00_04 compared and

25/11/2007

00_04 |VaniYussu |Entries checked by VY, independent from SK 17102007

0003 |SE¥e Entries checked by SK 29/0712007
Knight

00_02 | Karin Mills | Test results 81-120 entered 05/0772007

Karin Mills | Test results 1-80 entered

04/07/2007



https://www2.le.ac.uk/services/research-data/old-2019-12-11/documents/UoL_VersionControlChart_d0-1.pdf/at_download/file
https://www.ukdataservice.ac.uk/manage-data/format/versioning

Data management ABC — Versioning
[DMP] s

cessda
TRAINING

Version control
Version control can be done through:

e Uniquely identifying different versions of files using a systematic naming convention, such
as using version numbers or dates (date format should be YYYY-MM-DD, see 'File naming');
___________ =t o Record the date within the file, for example, 20010911_Video_Twintowers;
o Process the version numbering into the file name, for example, HealthTest-00-02 or
HealthTest_v2;
> Don't use ambiguous descriptions for the version you are working on. Who will know

whether MyThesisFinal.doc, MyThesisLastOne.doc or another file is really the final
version?
Using version control facilities within the software you use;
Using versioning software like Subversion (2017);
Using file-sharing services with incorporated version control (but remember that using
commercial cloud services as the Google cloud platform, Dropbox oriCloud comes with

of use which applies for example to copyrights);

specific rules set by the provider of these services. Private companies have their own terms L

¢ Designing and using a version control table. In all cases, a file history table should be
included within a file. In this file, you can keep track of versions and details of the changes

which were made. Click on the tab to have a look at an example which was taken from the ‘
: i
UK Data Service (2017c). CESSDA training = REEER |


https://www.cessda.eu/Training/Training-Resources/Library/Data-Management-Expert-Guide/3.-Process/Data-authenticity

ata management ABC — Versioning
[DMP]

B
0 glt --distributed-even-if

Git is a free and open source distributed version control system

designed to handle everything from small to very large projects with
speed and efficiency.

Git is easy to learn and has a tiny footprint with lightning fast 8 G S -
: 5 e : : X . . 2

performance. It outclasses SCM tools like Subversion, CVS, Perforce, ~ —— ‘

and ClearCase with features like cheap local branching, convenient : ‘

staging areas, and multiple workflows.

About = Documentation
source Release

The advantages of Git compared Command reference pages, Pro
to other source control systems. Git book content, videos and 2.31. 1

other material. Releass Notes (2021-03-26)

Download 2.31.1 for Windows
Downloads Community

GUI clients and binary releases Get involved! Bug reporting,

for all major platforms. 3 ist, chat, development .
and more.



https://git-scm.com/

cessdo
TRAINING

Data Management Expert Guide

1. Plan > T

: @ Check the completeness of records
2. Organise & Docurment >

3. Process bt

@) Reduce burden at manual data entry

Data entry and integrity

s mtitarias g ol b

Luantitative CoOaIng —~ L.

R ) Minimise the number of steps

Qualitative ¢ g g

Veights ey data

- ’ P s
e s e ) Conduct data entry twice
Data authenticit
) - _

e | Wrap up: Data quality @ Perform in-depth checks for selected records
— g ———— o e e

Adapt yourC art 3
————— sources and further reading @ Perform logical and consistency checks

tore >

@ Automate checks whenever possible



https://www.cessda.eu/Training/Training-Resources/Library/Data-Management-Expert-Guide/3.-Process/Data-entry-and-integrity

The UK Data Service developed a free easy-to-use open source tool
known as QAMyData that provides a health check for numeric data.

The tool uses automated methods to detect and report on some of the
most common problems in survey or numeric data, such as
missingness, duplication, outliers and direct identifiers. Requirements
were scoped through a series of engagement exercises with the
Service's own data curation team, other data publishers, managers and
quantitative researchers to create a comprehensive list of ‘tests’ that ar

typically used when quality assessing numeric data files.
d QAMydata

The tool offers a number of configurable tests that have been
categorised into four types: file, metadata, data integrity, and identifiers,
which can be run on popular file formats, including SPSS, Stata, SAS
and CSV. A standard config file has default settings for each test, such
as a threshold for pass or fail on various tests (e.g. detect value label
that are truncated, email addresses identified as a string, or undefined
missing values) which can be easily adapted to meet the user's own
desired thresholds. The configuration feature allows the creation of a
unique Data Quality Profile. The software creates a ‘data health
check’ that details errors and issues as both a summary and detailed
report, providing a location of the failed test. New tests can easily be
added. Data depositors and publishers can act on the results and

—

% e e ——

resubmit the file until a clean bill of health is produced.
B = —

——
L

Basic File Checks

MName Stanus (W)

Metadata Checks

Name

ATO D

DA

A

QAMyData: Table of QA tests included (V1.0)

A . Type of check | gpecific test User note
' available
/
File opens Checks whether acceptable format
Baslc file Bad filename check, regular via requires quotes a-zI". To use a
e regu Regex q a-2]".
pattem special characters, e.g. a backslash (1)
a backslash before is required e.g.
Report on number of cases and variables Always run
Count of grouping variables
Missing variable labels Must be sl to true, of the test will not
un
A\
Mo label for user defined missing values e.g. - | SPSS only
N ‘Oddr” characters in variable name) and labels | User specifies the characters
D) -
% Metadata chacks _ _
{ Qd‘ characters in value lal User specifies the characters
MMMIS. eg.>79 | User specifies the length
characters
Maximum length of value labels, e.g. »39 User specifies the length
characters
User specifies the variables. Multiple
variables can be added on new lines
e.g. Caseno or AnotherVariable
Data intogrity in
‘Odd’ string data User specifies the characters
Spelling mistakes (non-dictionary words) in User specifies a dictionary file
string data using a dictionary file
Percentage of values missing ("Sys miss'and | User sets the threshold, e.g. more than
undefined missing) 25%

Identifying disclosure risk from unique values User sets the threshold value, e.g. 5
or low thresholds (frequencies of categorical

variables or minimum values)

Disclosure risk
chocks

Direct identifiers using a RegEx pattern search | User runs separately for posicodes,

telephone numbers etc. Advise tests

run separately as resource intensive

Useful checks
to add

Specific test User note

Metadata checks | EXport a Code book DDI

Expected format for a variable for coded data User specifies field type/format e.g. ICD
Data integrity code
checks 1!

Values outlving the listed code values


https://www.cessda.eu/Training/Training-Resources/Library/Data-Management-Expert-Guide/3.-Process/Data-entry-and-integrity
https://www.ukdataservice.ac.uk/about-us/our-rd/qamydata.aspx
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Checksum Checker

Software for Digital Preservation

Download version 3.0.1, released 25 March 2014 AEST

Checksum Checker is free and open source software developed by
the National Archives of Australia. Checksum Checker is a piece of
software that is used to monitor the contents of a digital archive
for data loss or corruption.

Checksum Checker is a component of the Digital Preservation
Software Platform (DPSP).

Features

As part of the Digital Preservation Recorder (DPR) workflow,
checksums are generated for each Archival Information Package
(AIP). Checksum Checker generates a new checksum for each AIP
and compares it against the stored checksum. If the checksums do
not match, then the AIP is flagged as being corrupt.

Checksum Checker incorporates the following features:
« Checksum Checker functions as a service.
+ Checksum Checker sends automated emails to a nominated
administrator email address, coinciding with certain events

(such as the start of a checking run or when an error is
encountered).

Download

\ FA.Q

_| Licensing

External

1 Links

Contact Us

Storage Solutions

Personal Computer & Laptop

Networked drives

File servers managed by your
university, research group or facilities
like a NAS-server

External storage devices

USB flash drive, DVD/CD, external
hard drive

Cloud services

Advantages

Always available

Portable

Regularly backed up

Stored securely in a
single place

Low cost

Portability

Automatic
synchronization
between folders and
files

Easy to access and
use

Disadvantages

Drive may fail

Laptop may be stolen

Costs

Easily damaged or lost

It's not sure whether data security

is taken care of

You don't have direct influence on
how often backups take place and

by whom

IDMP] |

&
-

T = g

Suitable for

Temporary
storage

Master copy of
your data

(if enough

storage space is
provided ..)

Temporary
storage

Data sharing

Checksum Checker s rel und r the GPLv3, and is available
for sowninad. Pittp:/7chécksumchecker-sourceforge.net/

Organize and document research data. Make digital
versions of paper data documentation in a PDF/A format
(suitable for long-term storage).



http://checksumchecker.sourceforge.net/
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kup

d | Q‘
[
Disadvantages/Risks Precautions for (sensitive) personal
data
Cloud storage Local storage Metworked drive .
o Automatic * Not all cloud services are secure. May not ¢ Encrypt all (sensitive) personal
S backups. be suitable for sensitive data containing data before uploading it to the
* Often personal information about EU citizens, cloud. This is particularly
automatic ¢ Insufficient control over where the data is Important to avoid conflict with
version stored and how often it is backed up. European data protection
= ' control. o Free services by commercial providers regulations if you do not know in
5 {e.g. Google Drive, Dropbox) may claim which countries servers used for
Loptops, tablets, external hord-drives, Rash drives and Compact Discs rights to use content you manage and storage and backup are located
share them for their own purposes. (see "'Security’ for more
| * Data can be lost if your account is information on encryption; also
Y Adva ntages Disadvantages/Risks Preca suspended or accidentally deleted, or if see 'Protecting data’),
1 (sens the provider goes out of business,
I data
Recommendations
-
8 ¢ Allow easy transport of data and files & Easily lost, damaged, or Use ir * Do: use cloud services for granting shared, remote and easy access to data and other files to all involved in
without transmitting them owver the stolen and may, therefore, Encry the project
Internet. This can be especially helpful offer an unnecessary security passw ¢ Do: Read the terms of service. Especially focus on rights to use content given to the service provider,
when working in the field. risk. * Dot O_p( for E‘uropean. national, or institutional cloud services which store data in Europe if possible,
e rop (EUdet, nd ) is an example of » European cloud storage solution
& Low-cost solution. * Mot robust for long-term © SWITCHGrve
STﬂrHEF.' or NESTEF{I:IPIES {:,f © Datave g 908 Networkad Sanvices, 2027) i an example of 8 service for Dutch researchen that aliows the
dat d il Horage and sharing of Cats DOth Juring aad afer the reseerch period
cur data and files.
¥ o Don't: make this your only storage and backup solution,
* Possible quality control * Don't: use for unencrypted (sensitive) personal data. CESSDA Guide

ssues due Do Version
confusion.

-

CI SONO STRUMENTI DIVERSI PER ESIGENZE DIVERSE (DURANTE/AL

TERMINE). DURANTE, DOVETE ANCHE POTERCI LAVORARE CON IL TEAM
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Establishing criteria for selection decisions

"HIT SsSLERb
2 -

i = ; X ? B Home | Digital curation | About us
i < O\"S a ‘ O | I S e r V a ne Home > Resources > How Guides > How Develop Rdm Se! raisal - how to
e
§iis | TR

In this section How to Develop RDM Services - a guide for HEls

You should establish criteria to guide selection decisions. The DCC’s How to
Select and Appraise Research Data for Curation[56] proposes seven criteria as
outlined below:

1.

Relevance to mission: the resource content fits any priorities stated in
the institution’s mission, or funding body policy including any legal
requirement to retain the data beyond its immediate use.

. Scientific or historical value: is the data scientifically, socially, or

culturally significant? Assessing this involves inferring anticipated future
use, from evidence of current research and educational value.

. Uniqueness: the extent to which the resource is the only or most

complete source of the information that can be derived from it, and
whether it is at risk of loss if not accepted, or may be preserved
elsewhere.

. Potential for redistribution: the reliability, integrity, and usability of the

data files may be determined; these are received in formats that meet
designated technical criteria; and Intellectual Property or human subjects
issues are addressed.

. Non-replicability: it would not be feasible to replicate the data/resource

or doing so would not be financially viable.

. Economic case: costs may be estimated for managing and preserving

the resource, and are justifiable when assessed against evidence of
potential future benefits; funding has been secured where appropriate.

. Full documentation: the information necessary to facilitate future

discovery, access, and reuse is comprehensive and correct; including
metadata on the resource’s provenance and the context of its creation

News

e |/

SNa %IDIC'C because good research needs good data -
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' Data Protection and Ethics

This course covers data protection in particular and ethics more generally. It will
help you understand the basic principles of data protection and introduces
techniques for implementing data protection in your research processes. Upon

completing this course, you will know: Full details
Level of knowledge: Intreductory: no previous knowled
* what personal data are and how you can protect them Sxsbel uetory: no previous know

what to consider when developing consent forms
* how to store your data securely
* how to anonymise your data

m



https://www.fosteropenscience.eu/node/2330

© Legal Basis

Personal data can only be processed when there is a valid legal basis to do so. The GDPR

dati personali| et

consent of the data subject

necessary for the performance of a contract

legal obligation placed upon the data controller

necessary to protect the vital interests of the data subject
| carried out in the public interest or in the exercise of official authority (public task)
l legitimate interest pursued by the data controller

:(‘r\ﬁ"m’yi _Z'& 2 /A

The research exemption

Sesrvisene:

The GDPR contains an exemption which entails that some of the principles above are slightly
different when you collect and process personal data for research purposes. This is called the
'research exemption’.

-

man T,

ART. 89

Processing for archiving purposes in the public interest, scientific or historical research ECCEZIONI| PER LA
purposes or statistical purposes, shall be subjected to appropriate safeguards, in

accordance with this Regulation, for the rights and freedoms of the data subject. Those \4 RICERCA MA SEMPRE
safeguards shall ensure that technical ond organisational measures are in place in \ S U U N A B A S E L E G A L E
particular in order to ensure respect for the principle of data minimisation. Those measures

may include pseudonymisation provided that those purposes can be fulfilled in that (C HE VA ESPLIC |TATA)
manner. Where those purposes can be fulfilled by further processing which does not permit ¥
or no longer permits the identification of data subjects, those purposes shall be fulfilled in
that manner | General Data Protection Regulation, Article 89.

In practice, this means that Principle Il. and V. are
less strict. Further processing of personal data for

cessda

U TRAINING

the purposes of archiving, scientific or historical
research purposes and statistical purposes is not

CESSDA guide
Data Management Expert Guide

3 —=


https://www.cessda.eu/Training/Training-Resources/Library/Data-Management-Expert-Guide/5.-Protect/Processing-personal-data

dati personali

I. Process lawfully, fair and transparent

The participant is informed of what will be done
with the data and data processing should be done
accordingly.

Il. Keep to the original purpose

Data should be collected for specified, explicit and
legitimate purposes and not further processed in a
manner that is incompatible with those purposes.

Ill. Minimise data size

Personal data that are collected should be
adequate, relevant and limited to what is
necessary.

A\ cessda
TRAINING

CESSDA guide
Data Management Expert Guide

Personal data should be accurate and, where
necessary kept up to date. Every reasonable step
must be taken to ensure that personal data that
are inaccurate are erased or rectified without
delay.

V. Remove data which are not used

Personal data should be kept in a form which
permits identification of data subjects for no
longer than is necessary for the purposes for which
the personal data are processed.

VI. Ensure data integrity and confidentiality

Personal data are processed in a manner that
ensures appropriate security of the personal data,
including protection against unauthorised or
unlawful processing and against accidental loss,

-


https://www.cessda.eu/Training/Training-Resources/Library/Data-Management-Expert-Guide/5.-Protect/Processing-personal-data

Data minimisation

The GDPR in resea of pe ) JHON @ ole "
data, process n T evant a mited t
Area (EEA), and privacy by design/default PUrDOSE which they are pr
> GDPRin research: introduction > GDPR in research: data minimisation
> FAQ GDPR in research > FAQ data minimisation
Search
Research Data Management GDPR in research
Data quality Goal setting
HOME PLANNING RESEARCH COLLECTING DATA PROCESSING DATA ARCHIVING DATA GDPR IN RESEARCH  SUPPORT & TRAINING The data quaity principle comprises that data has to be of In the goal setting, you descride what personal cata you
—pryvenere ( 1 QUAItY, Le. the gata hast e d ate and datle process, with wi ) legitimate purpose and for how )
GDPR in research > GDPR in research: data quality > GDPR in research: goal setting
- > FAQ data quality > FAQ goal setting
Minimisation of use Security measures
Minimise the processing of and access to personal data, for o Make sure that the personal data you collect is well secured
The gu carch with personal data yee and penod of time, and only by | & Al dats AKe use of privacy
jara that sl. FOr exam i
u don't p,o“.;, P:,,om"d.u ou -‘:' e AL A » GDPR in research: minimisation of use » GDPR in research: security measures
only includes anonymised data (but be awa » FAQ minimisation of use » FAQ security measures
Transparency Rights of data subjects
The GDPR requires the cor er to be tr Fundamental of the GOPR are the right of ¢ ibject
ects & 1 the proce 1 the Cer 2 of their a
> GDPRin research: transparency > GDPR in research: rights of data subjects

> FAQ transparency > FAQ rights of data subjects


https://www.ru.nl/rdm/gdpr-research/

The Privacy Impact Assessment (PIA) Route Planner for Academic Research
Inspired by Harry Beck’s London Metro Map

No processing of personal data Demanstrate compliancy
inyour research with the GDPR

Demanstrate compliancy
with the
privacy principles

Processing (special categories of]
personal data of [wulnerable] individuals Ma high risk
in your research Processing

£ e
| Research Design =

Mitigate risks with
Legal greund appropriate measures
far processing

Implement appropriate
technical and
organisational measures

High risk
processing Prior consultation
Mo legal ground with the

for processing supervisory authority

Re-design Ressarch

Stop Research

Erasmus University Rotterdam
marlon.domingus@eur.nl
February 2018

https://surfdrive.surf.nl/files/index.php/s/BPRxchnZ44NZAgW
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The Logic of a Privacy Impact Assessment (PIA) for Academic Research

Q1. Do you process (special categories of) personal data
of (vulnerable) individuals in your research?

YES =——@2. Whatis the legal ground for this processing?

Proceed - no
i measures
required for
— ——

safeguardingpriv
acy.

"Personal Data" (GDPR*, Article 4):

Any information relating to an identified or
identifiable natural person: a name, an identification
number, location data, an online identifier, one or
more factors specific to the physical, physiological,
genetic, mental, economic, cultural or social identity
of that natural person.

"Special Categories of Personal Data

(Sensitive Data)" (GDPR, Article 9):

Data revealing racial or ethnic origin, political opinions,
religious or philosophical beliefs, or trade union
membership, the processing of genetic data, biometric
data for the purpose of uniquely identifying a natural
person, data concerning health or data concerning a
natural person's sex life or sexual orientation.

Action <

Lawfulness of Processing YES —®3:Is this processing a high risk processing?

(GDPR¥*, Article 6, 89):

1. The individuals participating in your research have N O
freely given their explicit consent for one or more
specific purposes.

2. Your research contributes to a legitimate interest,
yet results in no high risks for the individuals

redefine
research.

Stopresearchor | 1. Eyaluation or scoring

Criteria for high risk processing
(WP29 - DPIA Guideline**): YES

2. Automated-decision making with legal or similar
significant effect

participating in the research.

3. Your research has a scientific, historical or
statistical purpose, yet results in no high risks for
the individuals participating in the research.

== Action €

Data protection by design and by default
(GDPR¥*, Article 25):
Implement appropriate technical and organisational measures:

1. Individual participating in your research (data subject). Is
the participant well informed, aware of possible risks for
her/him and aware of the purpose of the research?

2. Data. Is the data de-identified and encrypted?

3. Access Management. How is access managed and controlled

for the PI / team (expanded) / public?

Records of processing activities

(GDPR*, Article 30):

The university shall maintain a digital record

of the processing activities in your research to

demonstrate compliancy to the GDPR.

This register contains:

1. The name and contact details of the researcher,
the research partners and service providers;

2. The purposes of the processing;

3. Adescription of the categories of data subjects
and of the categories of personal data;

4. The categories of recipients to whom the
personal data have been or will be disclosed.

4. Software / Platform. Are the Terms of Service for used
software / platform checked (where is the data and who has
access and has which usage rights)?

5. Devices. Are devices used safe? Encrypted drive, encrypted
communication, strong password / two factor
authentication.

6. Partners. Are the research partners / service partners
trusted and are appropriate legal agreements made, with
regards to roles, rights and responsibilities?

7. Safe and secure collaboration. Is the ((cross border)
communication to, in and from the) collaboration platform
end to end encrypted, are roles and permissions defined and
implemented, is logging and monitoring implemented?

8. Risk definition and mitigation. Are risks defined and
mitigated? Is a risk audit procedure started?

Systematic monitoring

Sensitive data or data of a highly personal nature
Data processed on a large scale

Matching or combining datasets

Data concerning vulnerable data subjects
Innovative use or applying new technological or
organisational solutions

9. When the processing itself prevents data subjects
from exercising a right or using a service or a
contract

O N AW

NO

Proceed -
measures
required for
safe-guarding
privacy.

<

== Action <

Prior consultation

(GDPR*, Article 36):

1. The Data Protection Officer shall, on behalf of the
researcher, consult the supervisory authority, prior
to the processing (the research) when the
processing would result in a high risk in the absence
of measures to mitigate the risk.

\ 4

Action <

Principles relating to processing of personal data (GDPR*,
Article 5):

Demonstrate compliancy with the principles:

lawfulness, fairness, transparency, purpose limitation, data
minimisation, accuracy, storage limitation, integrity,
confidentiality and accountability.

* Regulation (EU) 2016/679 of the European Parliament and of the Council of 27 April 2016 on the protection of natural persons with regard to the processing of personal data and on the free

movement of such data, and repealing Directive 95/46/EC (General Data Protection Regulation). Online available at: http://eur-lex.europa.eu/legal-content/EN/TXT/PDF/?uri=CELEX:32016R0679&from=EN
** Article 29 Data Protection Working Party: Guidelines on Data Protection Impact Assessment (DPIA) and determining whether processing is “likely to result in a high risk” for the purposes of Regulation 2016/679.
Adopted on 4 April 2017. As last Revised and Adopted on 4 October 2017. Online available at: https://ec.europa.eu/newsroom/document.cfm?doc id=47711



http://eur-lex.europa.eu/legal-content/EN/TXT/PDF/?uri=CELEX:32016R0679&from=EN
https://ec.europa.eu/newsroom/document.cfm?doc_id=47711

Welcome to the DARIAH ELDAH Consent Form Wizard
(CFW)!

Tre CFW
T ELDAH £:

(What this tool is) f o . 5 17e DARIAH-EU reses
eldah@dariah.eu

9% What are you planning to do?

$ Gather cata #

In what form are you gathering/recording data from/about your participants?
0 .

What types of data do you collect from the participants?

Please be aware 172t t R

(... and what it is not)

Generic data categories

BE AWARE THAT THIS TOOL DOES NOT PROVIDE FORMAL LEGAL
IS AT YOUR OWN RISK. TO MAKE SURE THAT YOU ARE COMPL
APPLICABLE LEGISLATION, CONSULT A LAWYER IN YOUR C(C



https://consent.dariah.eu/form/dariah-eldah-consent-form-wizard
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https://www.ukdataservice.ac.uk/manage-data/legal-ethical/anonymisation/quantitative.aspx

Amnesia OpenAIRE

[anonimizzare

High accuracy Data Anonymization.

Perform research and share your results that satisfy GDPR guidelines
by using data anonymization algorithms.

How it works

Insert your data

Select and Preview the data to anonymize

nd results allow

Download your data anonymized

The process is completed without any sensitive data leaving



https://amnesia.openaire.eu/

DCC guides

% D|C|C

Because good research needs good data

B Principles of data citation )

AN - X = Sty Tt
(> DataCite  Datacite How to Aboutus Services~  Resources v B Data citation for authors
LR L1 1 Ml 1 50013 A, A, 1 0 23 0 1t B Ways of referencing data
order to

« support proper attribution and credit Elements of a data citation

= suppor collaboration and reuse of data

« enable reproducibility of findings Digital Object Identifiers

» foster faster and more efficient research progress, and g 5 e
Contributor identifiers

=« provide the means to share data with future researchers

DataCite also looks to community practices that provide data citation guidance. The Joint Declaration
Citation Principles is a set of guiding prnnciples for data within scholarly lterature, ancther dataset, or a
research object (Data Citation Synthesis Group 2014), The FAIR Guiding Principles provide a guideline for t
that want to enhance reuse of their data (Wilkinson 2016)

Granularity

Citing unreleased data

Data Citation Examples

We recognise that the challenges associated with data publication vary across disciplines, and we encoUura
research communities to develop citation systems that work well for them, Qur recommended format for data
citation is as follows

Citing physical data

Creator (PublicationYear). Title. Publisher. Identifier

It may also be deswable to include information about two optional properties, Version and ResourceType (as
appropriate), If so, the recommended form is as follows

Creator (Publicationyear). Title. Version. Publisher. ResourceType. Identifier


https://datacite.org/cite-your-data.html
https://www.dcc.ac.uk/guidance/how-guides/cite-datasets




