The scientific Python stack to analyze Low Energy Electron Microscopy data
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| am a physicist trying to solve my problems using Scipy,
not an expert programmer. If you know of easier
methods: let’s talk!
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Code: Github.com/TAdeJong/LEEM-analysis DOI:10.5281/zenodo.3539538

Data: DOI:10.4121/uuid:7f672638-66f6-4ec3-a16c-34181cc45202
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Stitchdata from: Lisi, Lu, Benschop, De Jong et al. Observation of flat bands in twisted bilayer
graphene. Nat. Phys. 17, 189-193 (2021). https://doi.org/10.1038/s41567-020-01041-x
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