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Figure 2. Visual segmentation results. Left: necrotic bone. Ebetween early (ARCO I/H) and advanced (ARCO HI) AVN: - manual segmentation -
Right: vital bone. Top: segmentation on axial oblique slice. Figure 3. Scatter plot of relative necrotic
Bottom: 3D model overlay. Red/Green: ground truth. 8+8% vs 20 £16% and 7£8% vs 18:|:14%, respectively. volume. Manual vs. automatic segmentation.

Yellow: automatic segmentation. | '
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