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start end no DEL Recall

start 175 2 4 96.7%

end 1 194 6 96.5%

no DEL 0 3 188 98.4%

Precision 99.4% 97.5% 95%
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DeepSV workflow
Read alignments at genomic
intervals (200bp) centered on
clipped read positions are
converted to channels (one-
dimensional representations).
A deep neural network is
trained on windows labelled
(SV breakpoints or not) to
classify SV breakpoints in an
independent test set. Clipped
read and paired end read
information are then used to
generate the final SV callset.

https://bit.ly/2CtJXVk
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DeepSV aims at bringing machine-learned SV
detection closer to clinical applications, by learning
relevant parameters automatically from the data.

Training: 2400
Test: 573


