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Examples of a germline
(top) and a somatic
(bottom) deletion (start
position). On artificially
generated data (10,000
SVs, 50% deletions and
50% insertions) and
with 50 bp windows,
DeepSV achieves 99,7%
accuracy with the best
model.

DeepSV has high accuracy for detecting SV breakpoints in artificial WGS data using the
current channel specification. In the next step, we will test the model on multiple real
tumor/normal sample pairs.

Human
genome

SVs
SURVIVOR

Simulated reads
ART

Alignments
bwa-mem

Training set:
Artificial data workflow

GitHub repositories
GTCG: https://github.com/GooglingTheCancerGenome

McFly: https://github.com/NLeSC/mcfly

We generated a dataset of
somatic and germline SVs
(deletions and insertions) to
train DeepSV and assessing
its accuracy in detecting SV
breakpoints, before applying
it to real data.


