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PMDA is released under the GNU General Public License, version 2

- - MD simulation . . . . . : : g
PMDA Is a Python library & = > e o Source code is available in the public GitHub repository :
that builds upon +Predefined Forcefields https://github.com/MDAnNalysis/pmda/. . / A | e
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dynamlcs (MD) S|mulat|ons u= MDAnaIyS|s.Un|verse( conda install pmda 10 . e

top, tr) = mda.Universe(top, trj) : : s £ -

At the core of PMDA is the il e J = mda. P, )
_ Install with pip: ca = u.select_atoms('name CA') son "0
!dea that a common pip install --upgrade pmda u.trajectory[0] 107 02 §
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git clone git@github.com:MDAnNalysis/pmda.qgit rmsd.run(n jobs=4, n blocks=4)
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easily parallelized.
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python setup.py install ftotal (1)
. : Speed-up: su)
User-defined Analysis P P+ S = ) RDF S RMSD |
pmda.custom.AnalysisFromFunction(): = pmda.parallel.ParallelAnalysisBase: SO Water oxygen-oxygen radial distribution ~ Time series of root mean square distance
import MDAnalysis as mda import numpy as np Efﬁc|ency E(M) = N function for all 24,239 oxygen atoms in the after optimum superp05|.t|on (RMSD) of all
from pmda.parallel import ParallelAnalysisBase water molecules. 564 Ca atoms of a protein.
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approach[31: split _prepare() protein = u.select atoms('protein') def init (self, protein): * -
PPToac o - universe = protein.universe B
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oerformed separately redﬁce() ag.radius of gyration()) def prepare(self): The PMDA Python pagkage proyldes a : :
and in parallel on each apply .. . - self.rgyr = None framework to parallelize analysis of g 2 .
p ! O o 'mport pmda.custom def _conclude(self): MD trajectories with a simple split- 2 2
block ("apply”), then ond e parallel_rgyr = self.rgyr = np.vstack(self._results) apply-combine approach by e -
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results from each block k pmda.custom.AnalysisFromFunction( def single frame(self, ts, atomgroups): combining Dask with MDANalvsis T mberofeores Number of cores
are gathered and yes rgyr, u, protein) protein = atomgroups[O] 9 ysls, B pmda.rdf on 9000 frames B pmda.rms on 9000 frames
combined parallel_rgyr.run(n_jobs=4, n_blocks=4) return ( We showed that performance depends g™ 3 100-
| combine ~conclude() print(parallel_rgyr.results) ts.time, protein.radius_of_gyration()) on the type of analysis that is being g ¢
para::e:—rgyr = R(GY.R(bproze'”) blocks—d) performed. Compute-intensive tasks 2 :
arallel rgyr.run(n Jjobs=4, N DIOCKS= : 0- 0-
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