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Motivation

In large-scale proteomic studies, logis-

tics restrict the sample number that Batch effects analysis pileline
can be processed in one batch. This
inevitably leads to systematic techni-
cal bias, known as batch effects. In this
study, we analyse batch effects in pro-
teomics. We test existing batch cor-
rection tools for their suitability in
proteomic studies and introduce new
methods for correction and quality
control.
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