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Harris Georgiou (MSC, PhD) — https://github.com/xgeorgio/info

* R&D: Associate post-doc researcher and lecturer with the
University Athens (NKUA) and University of Piraeus (UniPi)

* Consultant in Medical Imaging, Machine Learning, Data
Analytics, Signal Processing, Process Optimization, Dynamic
Systems, Complexity & Emergent A.l., Game Theory

* HRTA member since 2009, LEAR / scientific advisor

* HRTA field operator (USAR, scuba diver)

* Wilderness first aid, paediatric (child/infant)

* Humanitarian aid & disaster relief in Ghana, Lesvos, Piraeus

* Support of unaccomp. minors, teacher in community schools

* Streetwork training, psychological first aid & victim support

* 2+4 books, 200+ scientific papers/articles (and 6 marathons)




Ermtiokomnon

Meplexopeva:

Mépoc I: Texvntry Nonpoouvn — Baotkég Evvoleg
Mépoc Il: MeAAOVTIKEC MPOOTITIKEC

IXETIKO UALKO:

«Turing machines explained visually» — https://www.youtube.com/watch?v=-ZS zFgdw5k

«Game of life: computer with display» — https://www.youtube.com/watch?v=WfuhbI8HE7s

Computer History Museum (CHM) — https://www.youtube.com/@ComputerHistory

«Artificial Intelligence | 60 Minutes Full Episodes» —
https://www.youtube.com/watch?v=aZ5EsdnpLMI

«Queens puzzle solver in LISP», @ApneaCoding — https://youtu.be/ 1CRCyklUto
«BAM neural network in Arduino», @ApneaCoding — https://youtu.be/RkM-rpSVD4I
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https://youtu.be/RkM-rpSVD4I
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wr oy MIT CSAIL & @MIT_CSAIL - 13h

Born #otd in 1927: Allen Newell, who in 1955 — before the term “Al” even
existed — co-wrote what's widely considered the world'’s first Al program,
Logic Theorist. This work proved 38 out of 52 classic math theorems.

MEMORANDUM
RM-3738-RC

JUNX 1063

IPL-V PROGRAMMERS' REFERENCE MANUAL
Rdited by Allen Newsll

*RAlDemw.

roan



Aedopeva rtavtou ...

Noapdyovtot OAO Kal EPLOCOTEPA
dedopéva:
— Tpamellkd, TNAETILKOWVWVLOKA, ...

— Emotnuovika dedopeva:
O.OTPOVOLLKA, BLOAOYLKA KATT.

— Keilpeva oto web k.a.
AmoBnkevovtal OAo Ko
neplwoootepa Sedopeva:

— TIpnyyopn / $6nvn texvoloyia

armoBrnkevong

— Ikava 2ABA yla peyaieg BA




Diagnosis Count

Age Distributions vs Benign/Malignant

T suggested age
for 1st screening i
mammogram
(about 35 yrs)

16 21 26 31

critical age for

mammographic
tumor pathology i
(about 48 yrs)

i 36 41 46

1
Age

61

66

3,0%

m 2.9%

- 2.0%

- 1.5%

- 1,0%

- 0.5%

EEEBENGN R MALIGNANT ——MNormDist(BEM) —NDrmDist[MAL}-|

[l

76

0,0%

Diagnosis Propability
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2XETLKA ETILOTNUOVLKA TIES LA

Jtatiotikn / « Texyvntn Nonuoaouvn», Mnxavikr Mabnon / Avayvwplon Npotiunwy,
Awaxeiplon Baoswv Aedopévwv
OL MapaSOOLOKEG TEXVIKEG eMeEepyaoiag
debopévwy IOV pag TPOooPEPOUV QLUTEC
Ol ETILOTNLOVLIKEC TIEPLOXEC UTTOPEL VAL
elval avedappootec Aoyw:

— TOU HEyaAou Oykou,

Machine Learning /
Pattern Recognition

Data Analytics
(Data Mining,
KDD)

—  Twv moA\wV SlaoTtaoEwyY,
—  TNG €TEPOYEVELAC TWV SeSOUEVWY,

—  TWV AmaltNoewV eneéepyaociag,

Database
Management



Worst Software Failures: Boeing 737 MAX

How the MCAS (Maneuvering Characteristics
Augmentation System) works on the 737 MAX

1. The angle-of-attack sensor
aligns itself with oncoming airflow.

Oncoming
airflow
¢ "\ —
- ) g —
Level ——> The angle of attack is the

Jight angle between the wing

and the airflow.

2. Data from the sensor
is sent to the flight computer.

If the angle rises
too high, suggesting
an approaching stall ...

flight
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Source: https://www.seattletimes.com/seattle-news/times-watchdog/the-inside-story-of-mcas-how-boeings-737-max-system-gained-power-and-lost-safeguards/

..the MCAS activates.

3. MCAS automatically swivels
the horizontal tail to lift the
plane’s tail while moving

the nose down.

Horizontal
tail

Sources: Boeing, FAA, Indonesia National Transportation
Safety Committee, Leeham.net, and The Air Current

Reporting by DOMINIC GATES,
Graphic by MARK NOWLIN / THE SEATTLE TIMES
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Worst Software Failures: Tesla car crash

PRELIMINARY REPORT

HIGHWAY

The information in this preliminary report is
It will be supplemented or corrected di

On Friday, March 23, 2018, about 9:27 a.m., Paci
electric-powered passenger vehicle, occupied by
US Highway 101 (US-101) in Mountain View, $
approached the US-101/State Highway (SH-85) 1
from the left, which was a high-occupancy-vehicl

According to performance data downloaded from
driver assistance features traffic-aware cruise conty
Tesla refers to as “autopilot.” As the Tesla approac
lanes of US-101 from the SH-85 exit ramp, it me
Tesla continued traveling through the gore area an
at a speed of about 71 mph.? The crash attenuatd
barrier. The speed limit on this area of roadway 1s
the traffic-aware cruise control speed was set to
rotated the Tesla counterclockwise and caused a sq
Tesla was involved in subsequent collisions with
Audi A4 (see figure 1).

A preliminary review of the recorded performance data showed the following:

The Autopilot system was engaged on four separate occasions during the 32-minute
trip, including a continuous operation for the last 18 minutes 55 seconds prior to the
crash.

During the 18-minute 55-second segment, the vehicle provided two visual alerts and
one auditory alert for the driver to place his hands on the steering wheel. These alerts
were made more than 15 minutes prior to the crash.

During the 60 seconds prior to the crash, the driver’s hands were detected on the
steering wheel on three separate occasions, for a total of 34 seconds; for the last
6 seconds prior to the crash, the vehicle did not detect the driver’s hands on the steering
wheel.

At 8 seconds prior to the crash, the Tesla was following a lead vehicle and was traveling
about 65 mph.

At 7 seconds prior to the crash, the Tesla began a left steering movement while
following a lead vehicle.

At 4 seconds prior to the crash, the Tesla was no longer following a lead vehicle.

At 3 seconds prior to the crash and up to the time of impact with the crash attenuator,
the Tesla’s speed increased from 62 to 70.8 mph, with no precrash braking or evasive
steering movement detected.




The New Caledonian crow uses twigs and branches to extricate grubs and insects from inside trees (Credit: Alamy)
14 Source: BBC
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= Philos Trans R Soc Lond B Biol Sci. 2007 Feb 12;362(1480):587-602. doi: 10.1098/rsth.2006.1997 3

Dolphin social intelligence: complex alliance relationships in bottlenose
dolphins and a consideration of selective environments for extreme brain
size evolution in mammals

Richar nnor 1+

» Author information » Article notes » Copyright and License information

PMCID: PMC2346519 PMID: 17296597

Abstract

Bottlenose dolphins in Shark Bay, Australia, live in a large, unbounded society with a
fission-fusion grouping pattern. Potential cognitive demands include the need to develop
social strategies involving the recognition of a large number of individuals and their
relationships with others. Patterns of alliance affiliation among males may be more
complex than are currently known for any non-human, with individuals participating in 2-
3 levels of shifting alliances. Males mediate alliance relationships with gentle contact
behaviours such as petting, but synchrony also plays an important role in affiliative
interactions. In general, selection for social intelligence in the context of shifting alliances
will depend on the extent to which there are strategic options and risk. Extreme brain size

evolution may have occurred more than once in the toothed whales, reaching peaks in the
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Octopuses Capable of Hand-Eye Coordination

By Helen Albert, CosmosMagazine.com
May 30, 2011

LOMDOM: Octopuses are able to use visual cues to guide a single arm to a location, a complex

movement that was not thought possible due to their lack of a rigid body structure, say
researchers.

The octopus’ arm is made up primarily of muscle with no skeletal support, so octopuses were
previously believed to have a low level of body awareness and only limited control over their
limbs. However, this study has shown for the first time that they can direct a single arm in a
complex movement to a target location.

"Octopuses have a central nervous system that is advanced for an invertebrate, but simple
compared to a vertebrate, yet it is capable of controlling a much more ‘difficult’ arm,” said lead
study author Tamar Gutnick, a researcher at the Hebrew University of Jerusalem in Israel.

"Because of the unigue body plan of the actopus its ability to control a single arm in a complex
mavement is quite amazing.”
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Bee Colony Optimization (ACO)
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Ant Colony Optimization (ACO)
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Swarm Intelligence (SI)
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S International Journal of Information

e Management Data Insights l g

Volume 2, Issue 2, November 2022, 100086

Particle swarm optimization and RBF
neural networks for public transport
arrival time prediction using GTFS data

Fva Chondrodima ® © &, Harris Georgiou °, Nikos Pelekis ®. Yannis Theadoridis @
e 1

Show more s~

+ Add to Mendeley = Share %9 Cite

https://doi.org/10.1016/}.jjimei.2022.100086 A Get rights and content A

Under a Creative Commons license A @ open access




Future Generation Computer Systems
Volume 111, October 2020, Pages 300-323

|
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ELSEVIER

Slime mould algorithm: A new method
for stochastic optimization

Shimin Li ® &, Huiling Chen @ & &, Mingjing Wang ®& , Ali Asghar Heidari ® &
Seyedali Mirjalili &
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Meépoc Il: MeAAOVTIKEC TTPOOTITLKEC

Turing Completeness
Mpooopolwvovtac tn Guon

TL £pxetal oto pEANOV;

N N

MNwc Ba ta KaTtapEPOUUE;
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What Does Turing Complete Mean?

Key characteristics that define a Turing complete system

ORO RO RO,

Sequence Conditionals Iteration Store Data
Execute a series Execute different Repea.t Store intermediate
of computational ~ computational paths computational results for later
steps in the order conditionally based sub-processes use in memory.
they are provided. on certain criteria. over and over.

@miyokoshimura
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Details: https://en.wikipedia.org/wiki/Turing machine



https://en.wikipedia.org/wiki/Turing_machine

26

Counter machines

» Can be thought in one of two ways.
» Same structure as multistack machine.

» Each stack in the machine is replaced by
a counter.

» Counter hold any nonnegative integer.
» The move of a machine depends on the
1.current state
2.current input symbol

3.if one of the value of the counter is
zZero
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Details: https://en.wikipedia.org/wiki/Conway%27s Game of Life



https://en.wikipedia.org/wiki/Conway's_Game_of_Life
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6

current automaton contents

rule 110 (01101110)

5 1 3
HR N/ [ /NN
u [ ] u

] e
2 1 0
DOm0 DOOm OO0
u _ [ ]

the next generation of the automaton

Details: https://en.wikipedia.org/wiki/Rule 110



https://en.wikipedia.org/wiki/Rule_110

29 May 2020

SUBLEQ has to be one of the easiest architectures to implement in either
software or hardware and this is the main reason for its design as a
teaching aid. It has only one instruction, hence why it is called a One
Instruction Set Computer (0ISC), which isn't the best name considering
that most processors have one instruction set. URISC is good, but perhaps

One Instruction Computer (0IC) would be more accurate.

SUBLEQ (SUbtract and Branch if Less than or EQual

The SUBLEQ instruction stands for SuUbtract and Branch if Le

EQual to zero. Because there is only one instruction, only
are specified, which consist of 3 memory addresses that are

29

; Outputs "HELLO, WORLD!\n"

.equ
.equ

Loop:

checkEnd:

hello:
zZ:

ouT -1
HALT -1

shle hello OUT

shle #-1 loop

sble #-1 checkEnd+1l
sbhle z hello HALT
sble z z loop

.asciiz "HELLO, WORLD'\n"
.word 0

Ou
In

Ha
Ju
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Brainfuck Programming Language

+ created in 1993 by Urban Muller
« Only 8 instructions

— Muller's Amiga compiler was 240 bytes in size
- x86/Linux by Brian Raiter had 171 Bytes!

S [>H bt [DH bt Db bbb+
'F*ﬁ>4"<<ﬁ<<?<-]>”ﬁ4"f4¢>*"P*¢>4"f4¢>*"<<ﬁ<‘$<
-]>>.>.>+.>.>-““. Goto

T1

While T1 is nonzero

Goto

Copy
Goto

Move
Goto
Accumulate T3 onto T@
Goto to T1

Decrement T1

T2
T2
to
T4
to

to T3 and T4
T4

to T2

T3
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A-Calculus (A. Church, 1936)

@ @’

) (m, (54)) ()\x,x)) (x )

Details: https://en.wikipedia.org/wiki/Church%E2%80%93Turing thesis



https://en.wikipedia.org/wiki/Church%E2%80%93Turing_thesis

BRAIN SIZE AND NEURON COUNT

Cerebral cortex mass and neuron count for various mammals.

Sem
T

.=

Capybara

non-primate

482 g

0.3
billion
neurons

Rhesus Western
Macaque  Gorilla

primate
1232 g

16.3
billon

neuvrons

African Bush

Elephant

non-primate

2848 g

5.59

billion

neurons
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Mass of cerebral cortex (g)

BRAIN DENSITY

8 ¢

o
1

-—
|

Primates

Non-primates

107

T ]
108 10°

Number of neurons

=
10%0

1omn
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Dendrites

(Accept i/p) information

transfer

Nerve impulse
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Cranial capacity (Log10(cc))

Middle 5
Pleistocene Homo |() D)v ‘‘‘‘‘‘‘
3.25+
3.00-
275+
250+
U
10.0 75 50 25 0.0

Age before present (Ma)

Pleistocene H. sapiens Log10(cc)

®
®
0

0.10 0.08 006 0.04 0.02 0.00

Age before present (Ma)

Pleistocene small-brained hominins*

@ Homo naledi (DH3/DH4, DH1/DH2, LES1)
) Homo floresiensis (LB1)
Details: https://en.wikipedia.org/wiki/Brain size



https://en.wikipedia.org/wiki/Brain_size
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e Earthworm: n=302 (s=7,500)
* Sea slug: n=18,000

* Fruit fly: n=150,000

* Ant: n=250,000

* Honey bee: n=960,000 (s=10°)

primary ne;lrons
W neuroblasts

B e e Cockroach: n=10°
WA stoondery smton * Brown rat: n=31x10° (s=3x10°)

Details: https://en.wikipedia.org/wiki/List of animals by number of neurons



https://en.wikipedia.org/wiki/List_of_animals_by_number_of_neurons
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520KB RAM

Raspberry Pi
Pico 2

Arm TrustZone
based security

Greatly improved

y Optional Dual
power efficiency

RISC V Hazard3
Cores

4MB QSPI Flash

150MHz Dual Arm
Cortex-M33 Cores

* 520KB RAM ~ 133,120 “synapse” weights (32-bit FP variables)
* FP arithmetic (FxMadds) = 300 per sample @ 44100 khz

* FP benchmark =~ 1.5 MFLOPS @ 133 MHz (~ 11 Hz “brain”)

* RPi 5 (SBC): 4 cores / x16 memory / x37 speed
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Big (Open) Data
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Deep Learning,
Transformers,
LLMs, ...
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100% 1 +«— Wow. ChatGPT is able to Ready now. Now | understand @

answer all my questions. It where the real value of ChatGPT
quickly generates very elaborated resides. It can definitely give my
answers that are credible and productivity a boost, but it's
coherent. Finally a chatbot that important to recognize when it
behaves like a super human. gets things completely wrong.
[
Q) I'- .............................. L pieaae alelsale wainenaAg Al DR A AR D S AV ST 5
m— L Wait a minute. ChatGPT is .
8 Q powered by a Large Language Model
cC @© 2 (LLM) which is ultimately a statistical
8 £ tool used to predict language without
(@) SR
(= understanding it and produce
8 = “statistically plausible” answers.
4
@)
Damn. This means that - 3 / :
ChatGPT will occasionally Got it. ChatGPT is great when there :

generate incorrect answers by
0% unintentionally stitching wrong
9 snippet of information together.

isn't a precise “right answer”. But it
cannot be trusted when the answer
must be “perfect” to be reliably useful. :

No knowledge Knowledge of Enough knowledge
(believe the hype) ChatGPT (understand the reality)

Source: A. AlQuraini, “ChatGPT as seen through the Dunning-Kruger Curve” (26/2/2023)
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Modelling Swarm Drones:
Creation of orthophoto and 3-D model of disaster area with 5 pre-programmed drones

)
8

Credits: CURSOR project (EU H2020)
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Live 3-D optimal route planning:
Risk assessment and FR team navigation inside the hotzone
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Credits: INTREPID project (EU H2020)



Future trends: Body part detection & assessment

x‘ IEEE « |EEE SENSORS JOURNAL, VOL. 20, NO. 7, APRIL 1, 2020
Y Sensors Council

3897

Data-Driven Skin Detection in Cluttered Search

and Rescue Environments

Yogeshwar Singh Dadwhal

Abstract—Locating human victims in cluttered urba
search and rescue (USAR) environments is still a challenge.
In this paper, we present an approach to generate skin obfec
ness windows to assist human rescuers. We introduce the
term skin objeciness to denote the task of extracting windows
in the scene with a high probability of skin presence for
locating victims. Unlike naive skin segmentation approaches,
the presented algorithm accounts for both color and spatial
information to extract regions of interest and at the same time.
rejects the background clutter. We use temporal information
of the video sequence to make the skin objectness windows
more rellable. To selectively boost skin reglons, the RG
skin pixels are transformed to Gabor space to generate
transformation matrix. The matrix is used to generate skin
Further, the Bayesian inference and temporal cues from previ
It has real-time applications In Image retrieval, action cl
demonstrates quantitative and qualitative results on a disasl
proposed method in cluttered environments.

Index Terms— Distinctiveness, Gabaor filters, color Image a
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, Student Member, IEEE, Satish Kumar, Member, IEEE,

and H. K. Sardana’, Member, IEEE

Input

/ Captured frames \

Output

Bag of Parts

p

2

Gabor Skin
Model
S

Skin Attention Map

Spatial Skin Probability
Map

L 2

A
/

Temporal processing

Fig. 1. Framework of the proposed algorithm.
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FR safety and remote sensing:
Mapping and navigation inside the hotzone with sensors, AR and UxVs

-

x10 M MIN

Credits: INTREPID, INGENIOUS projects (EU H2020), HRTA
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Tpodn yia okeY...

A.l. = «TtoAAammAaoLaoTHC»
Generative A.l.

Large Language Models (LLM)
Transformers

Big (Open) Data

Cloud - Edge - loT

EU A.l. Act, USA Exec. Order

H eAANVLKN TTpayATIKOTN T
Brain drain

«EAAELP N TAAEVTWV ...
«MAnpodopikapLoL»...
Wndlakoc avolpapntiopnoc
«PopoAoynon Twv POUTIOT»

«Dark Internet forest»

Elpaote €tolpol ? - Quotka oyt (omwc mavta AAAWOTE) I
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TL xpelaleTon yLa vo TLETUXEL;

1. Adoociwon kat 0peén + EMLOTNUOVLKN ETTAPKELQL
2. Amnoapoattntol mopot, Kupiwe dnuootol oto Eekivnua

3. Kuplwg épaal yLa To TToU TIAUE KOL LE TL OTOXO

ARPANET 1970

23 xpovia

g | _
The History of the World Wide |
Web

— 3 —




Credit: Nasa

There are certain jObS where
young people haveto do it,

Source: “13 minutes to the Moon” (podcast) — https://www.bbc.co.uk/programmes/w13xttx2
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uvoyn

Meplexopeva:

Mépoc I: Texvntry Nonpoouvn — Baotkég Evvoleg
Mépoc Il: MeAAOVTIKEC MPOOTITIKEC

IXETIKO UALKO:

«Turing machines explained visually» — https://www.youtube.com/watch?v=-ZS zFgdw5k

«Game of life: computer with display» — https://www.youtube.com/watch?v=WfuhbI8HE7s

Computer History Museum (CHM) — https://www.youtube.com/@ComputerHistory

«Artificial Intelligence | 60 Minutes Full Episodes» —
https://www.youtube.com/watch?v=aZ5EsdnpLMI

«Queens puzzle solver in LISP», @ApneaCoding — https://youtu.be/ 1CRCyklUto
«BAM neural network in Arduino», @ApneaCoding — https://youtu.be/RkM-rpSVD4I



https://www.youtube.com/watch?v=-ZS_zFg4w5k
https://www.youtube.com/watch?v=-ZS_zFg4w5k
https://www.youtube.com/watch?v=-ZS_zFg4w5k
https://www.youtube.com/watch?v=WfuhbI8HE7s
https://www.youtube.com/@ComputerHistory
https://www.youtube.com/watch?v=aZ5EsdnpLMI
https://youtu.be/_1CRCyklUto
https://youtu.be/RkM-rpSVD4I
https://youtu.be/RkM-rpSVD4I
https://youtu.be/RkM-rpSVD4I

1d : Integer :
det : Integer :

pwr : Integer :- 0;

pwr® : Integer :~ detlimit;
disp Boolean :~ Fa H

P 1..(seekerData’ Length)

P (seekerData(p+1) seekerData(p));
f pwr >+ detlimit t

pwr > pwrdidetlismit t

purd :
det @

Output:

X86_64-11nux-gnu-gec-9 -¢ MelloWorld. add
HelloWorld.adb:1:01: cospilation unit expected
XB6_64-11nux-gnu-gnateake-9: “Hellokorld.add™ co

AvaAuvon larpikig Eikovag péow H/ ' -

Eixova (2-D): EmxaAunTtopeveg Sopég 1oTwy
Topoypagia (3-D): VOykog nAnpogopiwy
AIQQPOPETIKES TEXVOAOYIEC QNEIKOVIONG

A0QOopETIKG SIOYVWOTIKG XO0PAKTNPIOTIKA

H diayvworixr wAnpogopia ouviBwg Bev eival kKaAwg
opiopévn (86puBog, aodeeicg Sopwy)

H Siayvworixn Siadikaoia cival ouvBws acagrig,
woAuTTAoKN ki Baoileral otnv epreipia (1aTpdg)

H xpion H/Y enirpéner v outdparn enckepyaocia xai
evonoinon (Topoypagia) peydAou dykou Sedoptvwy
anekoviong

aAAG eEaxoAouBel va £xel onpavTIKOUC NEPIOPIOHOUS

s D & @ O L

Hamming (7,4) error correction
codesinR

Kmeans clustering in COBOL

Bi-directional Associative Memory
(BAM) in Arduino/C

Linear Regression in SQL, Matlab

YouTube:
@ApneaCoding

https://www.youtube.com/@apneacoding

https://www.facebook.com/apneacoding

N —
\ | ——
& 1

Github:

@xgeorgio
https://github.com/xgeorgio

http://apneacoding.blogspot.com



https://www.youtube.com/@apneacoding
https://www.facebook.com/apneacoding
https://github.com/xgeorgio
http://apneacoding.blogspot.com/

Evoc Pneplakog KOOUOC YEUATOC
YVwaon ylo OAOUC

Tuppwva pe To Kataotatiko tng Evwang Minpogpopikwy EMadac évag omo
TOUC BACIKOUE OKOTIOUE TN AETOUPYLOC TNE £V aL N PO wBNGn TNC YVwaonc Kat
XPAONEC TWY TANPOQOPIKWY ayaBwy OTTo TO KO WWVIKO GUVOAD Kal 1 eEGAeupn

TN TEXVOPORiag Kal Tou “aveh@apnTiopou” atnv MAnpo@opky.

https://courses.epe.org.gr I

TYETIKA E TA AVOIKTA HOBNUATA TNG
Evwonc MAnpopopikwy EAAGSOC:

Vv Ta paBruoTa TpayHaTomolo UVTAL £ 0AOKAR POV
StaSiKTuaKa, {WVTOVA HETW THE MACTPOpHAc Zoom,

v H guppetoxn oz oha Ta pabnpota eival eheuBepn yia
omotovSHMoTE oo onoudnmote atnv EMada n oto
£EWTEPIKO,

V' AEV UTIGPXEL OIKOVOIKO KOOTOC 1] GAAEC TPOUTTOBETELC
GUUHETOXAC,

V' OLEwnyntécg etval péin e Evwang Minpopopkwy EMadag
KOL TP QY LOTOTIO0UY TO e foTa eBEA0VTIKG.

Vv Ta poBApoTa ayvnToOKOTo UVTOL KOl TTap CpEVouY
SlaBEgua yia guyxpovn tap akoiouBnaon oto Apxelo
MaBnuaTwy.

V' H EKmailSg00on MOV TTOPEXETOL HETW TWY QVOIKTWV
SLaSIKTLAKWY HaBNUATWY ElVal ATUTN Kat SV TapEXovTal

BePalwOEL TOPAKOAOUBNONC OTOUC CUMMETELOVTEC,
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Epwtnoslg

Xapn¢ Mlewpyiov (MSc,PhD)
https://www.linkedin.com/in/xgeorgio
https://methodd.substack.com



https://www.linkedin.com/in/xgeorgio
https://methodd.substack.com/

