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his study systematically reviews intelligent, data-driven techniques for health monitoring and
prognosis of electrified powertrains. We categorize existing research based on diagnostic functions
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RQ3. Fault Types

Unidentified Anomaly
Spike Sensor Fault

Stuck Sensor Fault

Sensor Omission Fault
Shaft Misalignment

Static Eccentricity Fault

Short-Circuit Fault

Rotor Unbalance
Rotor Misalignment

Rotor Eccentricity Fault
Outer-Raceway Fault
Open-Switch Fault
Open-Circuit-To-Phase Fault
Open-Circuit Fault
Phase-To-Phase Short-Circuit
Phase-To-Ground Short-Circuit
Model Resistance Fault
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Wavelet-Prototypical Network

CNN Wide First-Layer Kernel
Word-Code-Based Classification
Support Vector Regression
Support Vector Machine
Simple Perception
Self-Organizing Map

Sparse Filtering

Sparse Deep Autoencoder

Residual Neural Network
Recurrent Neural Network
Restricted Boltzmann Machine

Radial Basis Function Network
Quadratic Discriminant Analysis

Particle Swarm Optimization
Prototypical Network

Principal Component Analysis

Part Dictionary Sparse Classifier
One-Class SVM

Time-Lagged Neural Network
Neighborhood Preserving Embedding
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supported by autoencoders.

m Presence of active diagnosis and digital twins.
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