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https://www.sciencedirect.com/science/article/pii/S1751157716303443
https://link.springer.com/article/10.1007/s11192-022-04536-x
https://elifesciences.org/articles/60586
https://academic.oup.com/rev/article-abstract/32/2/496/6984679?redirectedFrom=PDF
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gender diversity into account and yet sorting participants into gender
categorisations that function in statistical analyzes. To aid in this process,
we provide an empirical example on how gender identity may be cate-
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Interested in gender dynamics in
sclence

It matters who gets to do the science
(Situated knowledge, Donna Haraway)
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Research guestion

How do gender differences in science impact the
kind of knowledge that is generated?
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Objectives

(
Objective (1) ,  Objective (2) , Objective (3)
Map the differences Topic selection Funding
Gender parity: Case study: How does gender affect the Are there differences in funding obtained
By fields & topics selection of a research topic? for male-dominated and female-
By countries dominated topics? Do funding agencies

perpetuate gender inequalities when
funding male-dominated topics?

[



https://www.jstor.org/stable/pdf/24583157.pdf

What am | doing here?

As part of objective T

What leads to gender parity in a country?

Objective: predicting parity in science worldwide and by
country and identify national factors influencing the
Increase or decrease of gender parity
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Bayesian Networks

BNs are graphical models which
capture dependencies between
multiple variables. The dependencies
are first-hand modelled through arcs
from nodes (which represent random
variables) and the structure of the BNs
can be learned completely from data.
(Scutari & Denis, 2021)
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Dynamic Bayesian Networks?



Thank you! Any questions?



