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E\ Information about the use of ILIAS
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BMC Bioinformatics

Home About Articles Submission Guidelines Collections Join The Board ‘Submit manuscript

Software ‘ Open access ‘ Published: 17 December 2020

Menoci: lightweight extensible web portal enhancing
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.und Open Source nach Feierabend =

,9 OpenRA News About Download Games Community Forum® Resources (§

s ds  Playoffs Games  Info:

Masters Finale playoffs (BOS)

Player

Rebuilt for the Modern Era. Install Now +

Game records

Date Map Defeated
¢ Plains [RAGL-15]
[RAGL-15]
[RAGL-15]
Gully [RAGL-15]

RAGL-15]

0 README  3* GPL-3.0 license

OpenRA ladder

This repository contains all the sources used by the OpenRA community competitive 1v1 ladder hosted on
oraladder.net.

It contains:

« the web frontend written in Flask (Python)
« the backend tools ( ora-ladder , ora-replay )
« the game server configuration

Built for Modern Expectations Made Better By « detailed explanations on the setup
« a work-in-progress RAGL integration

https://www.openra.net
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Vokabeltest zum Einstieg

Datenbanken und Structured Query Language (SQL)
Docker, Git, DevOps

Continuous Integration / Continuous Delivery (CICD)
Data Warehouse

Automatisierung, Orchestrierung

Governance, Data Lineage
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Wieso professionell?

..eher als Qualitatsmerkmal gemeint, denn im Wortsinn:

Verarbeitung sollte automatisiert und reproduzierbar erfolgen,

Anderungen missen nachvollziehbar sein, Verantwortlichkeiten und
Berechtigungen klar geregelt, (...)

Kurz: samtliche Lehren aus Ingenieurwissenschaften und Software-
Entwicklung sollen auch auf Datenverarbeitung und Datenanalyse
angewendet werden

kielux@msuhr.net
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Grundbausteine der Datenanalyse
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Funktionales

Spektrum einer maximal ausgebauten Datenanalyse-Plattform
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Vereinfachte Darstellung, angelehnt an die Modern
Data Architectures von Andreessen Horowitz


https://a16z.com/emerging-architectures-for-modern-data-infrastructure/
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w Superset Dashboards Charts Datasets SQL - + -

Settings ~
Untitled Query 1 x Untitled Query2 @ X [+]
DATABASE 1 SELECT extract(year from exchange rate date) || '-' || extract(quarter from exchange rate date) as _quarter,
2 currency,
2 AVG(rate)

postgresgl  Nextlytics Lottery Database (... % EROM eur exchange_rates

where currency='UsD'

& GROUP BY
SCHEMA 2

extract(year from exchange_rate_date),
. — extract(quarter from exchange rate date),
public \a

currency
order by 3, 1 desc, 2 desc

“ LIMIT: 1000 = 00:00:01.18 SAVE v é) COPY LINK  ess
SEE TABLE SCHEMA

E eur,exchange,rates X G
RESULTS QUERY HISTORY
eur_exchange_rates ~ |~ CREATE CHART DOWNLOAD TO CSV @ COPY TO CLIPBOARD Filter results
exchange_rate_date DATE
7 rows returned
currency VARCHAR
currency_name VARCHAR i currency avg
rate NUMERIC
_loadtime TIMESTAMP 2023-1 usD 1.073006153846154
2023-4 usD 1.075466129032258
2024-2 usD 1.0767174603174603
2024-1 usD 1.0857873015873016 m

Apache

Superset’



Leaderboard Latest Participants H Progress H win rate
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3 dreamy_shockley WINNER 176703 786120 2074-05-23 134547 dreamy_swanson 421780 [ 135 83730 - ‘”J :N“”“’:
4 farvent_turing WINNER 173242 F20B754 2024-05-23 12:3454 gracious_payne DEOCARF [ 125 87452 {05723 13:13.04] 3153856
5 epic_menulty WINNER 172081 9147980 2024-05-23 131903 vibrant_hugle 8158858 WINNER: 28 127575 105/23 13:09:11] EO2CEDF
& optimistic_barg WINNER 159020 4493963 2024-05-23 130811 trusting kilby 8A4449E [l L] 45001 :?::"; ,f'f: m:,:ﬁf_:
7 bissful_bartik WINNER 155340 AIAS5FD 2024-05-23 130810 trusting bohr ED2CEQF [ ] 45001 [05/23 12:53:48] 6960935 -
8 mystifyineg_jennings WINNER 153215 FFOSFCE 2024-05-23 12:5355 vigaraus_naumanr, FRADOO ) 155 88584 (D723 1224406 C14CCAT
] clever_meimer WINNER 153058 6960933 2024-05-23 125348 claver_meitner 6960035 WINNER: ] 153058
n crnFetant rariman unsszn 15178 aaennas 7420593 120405 [rSS— Fuarea e " senaan
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DAGs
m Actve @  Paused @

DAG

Cluster Activity

o dataset_consumes_1

consumes  dataset-scheduled

o dataset_consumes_1_and_2

consumes  dataset-scheduled

dataset_consumes_1_never_scheduled

consumes  dataset-scheduled

dataset_consumes_unknown_never_scheduled
dataset-scheduled

dataset_produces_1
dataset-scheduled produces

o) dataset_produces_2

dataset-scheduled produces

example_bash_operator

example  example2

@ TP branch.datetime_cperator

example

o) example_branch_datetime_operator_2

example

o example_branch_datetime_operator_3

example

@ ePle-branch.dop_operator va

example

o example_branch_labels

Datasets  Security

Failed @)

Owner

airflow

airflow

airflow

airflow

airflow

airflow

airflow

airflow

airflow

airflow

airflow

airflow

Browse

Admin Docs

Filter DAGs by tag Search DAGs

14:17 UTC AU

@ Autorefresh  C

Runs

©

00

~Airﬁow DAGs

Datasets

Filter datasets with updates in the past: ATme 30days 7days 24hous 1 hour

Cluster Activity Datasets Security

Q  Search by URI...
uRI® LAST UPDATE ~

s3://consuming_1_task/dataset_other.txt
Total Updates: 0

s8://consuming_2_task/dataset_other_unknown.txt
Total Updates: 0

s3://dag1/output_1.txt
Total Updates: 0

s3://dag2/output_1.txt
Total Updates: 0

3://this-dataset-doesnt-get-triggered
Total Updates: 0

s3://unrelated/dataset3. txt
Total Updates: 0

s3://unrelated/dataset_other_unknown.txt
Total Updates: 0

s3://unrelated_task/dataset_other_unknown.txt
Total Updates: 0

Browse Admin Docs 09:00 UTC AU

£ s8://unrelated/dataset3.txt £ s8://unrelated/dataset_other_unknown.txt

EE—

" dataset_consumes_unknown_never_scheduled

"G DAG & Dataset

£ s3://unrelated_task/dataset_other_unknown.txt

“§ dataset_produces_2 “§ dataset_produces_1

£ s3://dag2/output_1.txt £ s3://dag1/output_1.txt

R e |

"§ dataset_consumes_1_and_2 " dataset_consumes_1_never_scheduled "§ dataset_consumes_1

.

£ s3://consuming_2_task/dataset_other_unknown.txt

£ s3://this-dataset-doesnt-get-triggered

£ s3://consuming_1_task/dataset_other.txt

React Flow

https://airflow.apache.org/docs/apache-airflow/stable/ui.html


https://airflow.apache.org/docs/apache-airflow/stable/ui.html

All custormer

B Tables

a ## warehouse.sales.customers

@ mpomains ~ B~ 3 (@ GlennHum

4% warehouse.salesraw_customers

e A v Column BE v e @D belsted  advanced ¥
Dt Alkels B it s ot A ki customers
customers
- ke
= Tables m 3pent i your stora} as wollca farverch-locking Mmatrica s
xpacted ordervckus by tha nost 30 doys). This babie o,
e, roturring, prorising, at s, donmant, and oy, wh B Search for Data Assets %« Q @ alvomains v B~ 8 @ @"::’:':::‘"‘ -
%1 Stored Procedures o R Acceunting @ Production - Tar 1+ 1
- Dorctisa senics | Srowtots oW | procuction | cta_oma Hw Po Oz @0 G L
S S custome -
€ Databases ™ e—— h | .- . —
VAN _ BRI @ finech @ Ak v rie2  TypeReguiar  Usage 88 pole e e e e

*{ Database Schemas 728

This 0 iz GuisborTens otk ci reprseted in aur oriine
‘custamaer siors and customer profie. This 1ok s used o

o B

Schema  ActvityfeedGTosk 2 SompleDote  Querss W ProflerSDataQuolty  Uneoge  Custom Properties

of Dashboards 810 FLACCER Moy -, Edge Information
Source: stg_customers
Q  advanced » -
¥ Dashboard Dota Mode 678 § i ovags { vorshuss suies [ sogigooll iy Target customers

staging_customers

roduction | dot_jafte

28 Pipel'mes an i { m S‘a‘& stg_customars. X - Description
e e O M m. d
et prosusticn | aE1_jofMe i ff‘:“::mm;b::mfmra total payment amount, ond
R A bccounting @ stogig  ~Ter?  Usoge 2 potke o 7ooumms v | @ || @ |w ) - 4 oroer status counts for sach customer
B Topics 1812 = m S cusiome x
= AF  customers
ok W xtuction [ il SQL Query
# ML Models 52 5 srowtioke_us_west | warshouss | sales | crders | stg._orders 5
orders S WITH order_counts AS (
c i This table contains Information about arders including by e SELRCY,
ontainers 572 This bk contains In about orders ine —
o i el 10 CAYER HOR IrANCH SRR BUrchasing bel i o i custome a2 B c.customer_id,
COUNT (o.order_1d) AS
— sAccounting Bstogng Tl - Usage it < L order_count
customer_id L i _—_ FROM stg_customers ¢
dornod LEFT JOIN stg orders o ON
N s -
order_id S €.custoner_id = o,customer_id
poyment_id purrberol o ar GROUF BY c.customer_id
o = )
c arder_date R order_amounts AS (
. stotus SELECT
“ o.customer_id,
Show mor columns
r
€

Open
Metadata

https://open-metadata.org/


https://open-metadata.org/

A

Professionelle Datenanalyse mit Open Source Software ‘ml\u*“e/

Ende-zu-Ende Betrieb mit Open Source Tools

source code version con{roﬁ i R i c( { 12 'E d 1
on / Leervice, istributed, nolutics
& 'CI/CD pipedines riggering websenvice, porallel Losk execulion and viuolizadio
! .“‘F J =3 / (dc\.s}aboarc{)
) | & GitLab o pg’[hon“‘ Apache " CELERY "'
1 vbuntu & docker Airflow PostgreSQL m
Superset
server o erd{z'n s s{em con{o\inerized workﬂow orclqes{rmlion, .
P J = d’eFﬁpﬂmen{ fo.sk dis{ribwffow Fe'z:sjijasigéigga{fow

kielux@msuhr.net


mailto:kielux@msuhr.net

A

Professionelle Datenanalyse mit Open Source Software ‘Js\u*“”/

Effizienz auch in groRem MaRstab

Datenquellen Laden Speichern Abfragen Modellieren Analysieren

\
2
Apache |
|
|
|

Superset

Apa_che |
Airflow |

Betrieb & Governance

______________________________________________________________________________

Open

(Meta-) Datenkatalog

kielux@msuhr.net


mailto:kielux@msuhr.net

A

Professionelle Datenanalyse mit Open Source Software ‘Js\u*“”/

Einsteiger-Architektur (weniger Code-lastig)

Datenquellen Laden Speichern Abfragen Modellieren Analysieren

Betrieb & Governance

kielux@msuhr.net


mailto:kielux@msuhr.net

5~

o e

@ X

15 Generady hontavie [ Bota

Artable

Chargebee

Confhmnce

Facabook Pages

Freasrisies

Googls Ads

Gongls Seatch Conschy

https://airbyte.com

Select the type of source you want to connect

§ Hm comemtnen

+

@ vetinessrce 2 D

w destination ¥

Data residency

Data resdency

Canfiguration

Repbeation fregeency
Cestination Namespace

Dustination Stream Prafi

Gtesst and propagate schema chargis

Activate the streams you want to symc

o o

ABeRIRSTOm onems cusiom,_ fuids

Every 24 hours

Airbyte


https://airbyte.com/

A

Professionelle Datenanalyse mit Open Source Software ‘Js\u*“”/

Einsteiger- Data Lakehouse mit Dremio

Datenquellen Laden Speichern Abfragen Modellieren Analysieren

f;}Airbyté‘E \J Sparks

D

kielux@msuhr.net


mailto:kielux@msuhr.net

) MyFirstRepository

Data  Commits  Branches  Tags
Authar Commit 1D Description

M

g} Create Branch from here

{7 AddjEdit tags

2:93 Settings

Flexible version control with data
history and time-travel

Reproduce models and dashboards with catalog-level time-travel, and use tags
to identify milestones in the history of your data. Instantly recover from
mistakes by rolling back your lakehouse to a prior state.

Learn more about time-travel -

Tave Ammir =eove masiimmsasind olods

https://www.dremio.com

Gnarly SQL query

1 Data

Federated querying for all your data,
everywhere

Designed for interactive analytics and DML on the data lake, the Dremio SQL Query
Engine makes it easy to analyze all of your data - whether on the data lake or in other
data sources. Qur connector ecosystem features dozens of integrations with an array
of sources, Including object storage, metastores, and databases in the cloud and on
premises. Because Dremio queries your data at the source, there is no data
movement, no data coples, and no complex ETL

See our connector list >

Flexible, fast, lightweight data
transformation

Reduce reliance on costly ETL tools and brittle, complex data pipelines. Dremio
makes it easy to apply last mile data transformations, including filtering, sorting,
aggregating, jeining, casting. These transformations can be quickly built as Dremio
Views - governed virtual data sets with layered transformations - that can be flexibly
shared and modified for downstream data projects.

Learn more about virtual data transformation with Views -

ROW PRIVILEGES

TABLE PRIVILEGES

Selset nsart Truncate
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Fazit in einem Satz!?

Die Kombinationen von

spezifischen Schnittstellen, Anforderungen und Einschrankungen
sowie verfiigbharen Open Source Tools

flur automatisierte, professionelle Datenverarbeitung und -analyse

sind praktisch unendlich!

(es werden standig mehr)
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Fazit in—einem—Satz!2

Open Source Software ist ein absoluter Innovationstreiber

und ermdéglicht einen schnellen Einstieg in die Welt professioneller
Datenanalyse

- auch privat oder firs Hobby &

..einfach mal ausprobieren

= IEEERCIEE und Schluss mit Excel
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