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Problem Approach Conclusions

e Studies that investigate the presence of information  The Information Jitter Derivative Method (1JD) computes the derivative  The IJD method provides a straightforward procedure to infer the
multiplexed at several time scales across the neural response of the information with respect to the precision with which the neural unique contribution that each temporal scale makes to the
rely on specific ad hoc assumptions [1]. response is measured. It uses a jitter approach to modify such precision. sensory information contained in the neural response.

« We still lack a simple method that can easily individuate all  We analyzed data recorded from the retinal ganglion cells (RGCs) of the  RGCs and TGCs use coarse and fine temporal scales to encode the
temporal scales carrying unique information within a spike axolotl salamander and the trigeminal ganglion cells (TGCs) in the rat information about coarse and fine spatial features, respectively.
train. somatosensory system.
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Implementation details Simulations

Two alternative implementations: different latencies different firing rates two relevant scales rate + temporal information

*  lJD_bruteForce, which uses a standard procedure to compute information. 10 10 02y 60 ACknOWIEdgementS
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