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Abstract 
 

Twitter is now one of the greatest podiums all over the world through which anyone can 

present his opinion regarding a particular issue. It is a social networking site. Every day, it 

generates almost 500 million of tweets and the total volume of tweets contains 8TB of data. 

This data is very much significant if examined, because we are able to draw out salient facts 

through opinion mining. From Twitter data, we get to know about the information and 

remarks of the augmentation of various product, novel fashion etc. Exploration of emotions, 

viewpoints, subjectivity and motive from a normal message or tweet for the application of 

drugs for the therapy of COVID-19,We can keep an eye at the augmentation of a product or 

any important affairs or events or a novel fashion in twitter data. The prime objective of this 

sentiment analysis or opinion mining is to explore emotion, opinion, subjectivity and 

perspective from a customary text on application of a medicine for the treatment of COVID-

19(Corona Virus Disease 2019). Now, comes clustering. It’s a method by which one can 

detect homogeneous substances, combine together and create a class or cluster.We can 

classify the tweets into positive and negative sentiments in twitter sentiment analysis. The 

expression ‘Cluster’ refers to an accomplished method where homogeneous substances are 

kept in a distinct class and thus a pack of cluster is created. We went on with an analysis and 

concluded that the application of clustering can hurriedly and precisely differentiate tweets on 

account of their sentiment scores and thus it gets weekly and firmly positive or negative 

tweets, if they are clustered, with outcomes of distinct dictionaries. The objective of this 

paper is to scrutinize discrete viewpoints of clustering sentiment analysis and thus devises a 

method to make connection with the tweets of the statesmen of some first world, second 

world and third world countries. The frame of 

reference in this case is the polarity and subjectivity on the application of drugs for the 

treatment of COVID-19.The research analyzes the polarity calculation, applying VADER 

sentiment analysis for the application of drug for the therapy of COVID-19. 
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Chapter 

1 

Introduction 
 

 

 

 

 

 

After advent of internet, mankind has a great exposure to express themselves in various ways. 

Internet has taught human beings how to establish their opinions, views etc. before the world 

[1]. Twitter is such an exposure. It is a social networking site in which people can give their 

opinions regarding a particular issue. Now, to serve the purposes of various businesses too, 

twitter is frequently used and especially celebrities from different fields share their opinions, 

thoughts etc. regarding a particular event. The word limit of a tweet is not more than 140. 

Consequently, a user posts a twitter in brief [2]. Thus, the users of this podium are able to 

make common folks feel the sentiments of their tweets easily.   

These sentiments that we watch in the tweets are defined in three ways: - positive, negative 

and neutral. The tweets that shower positive vibes for the concerned sentiments are called 

positive tweets. The negative sentiments are just opposite of them. Such sentiments are made 

in insulting or criticizing tone about the concerned issue, and neutral sentiments are those 

which are neither in appreciating tone nor in criticizing or insulting tone [1]. These 

sentiments as well as the tweets can be classified in some groups but the objective of this 

paper is somewhat different, and that is clustering with different sentiment analysis.   
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Clustering is a procedure that offers the allocation of particular classes to particular 

substances and in this procedure the substances in the same group are akin, whereas in the 

other divergent groups, they are not so [3].  

In the sentiment analysis, distinct objects are taken as a whole in a group. They are outcomes 

of sentiments positivity, subjectivity, objectivity etc. Here clustering one another is made 

without any kind of supervision.  

All are acquainted with this fact that the mechanisms of social networking sites remain in 

numerous, various ways like blogs, networks of trades, allotment of pictures, forums, micro 

blogs, business, social networks, allotment of video networks and social networks. Now, day 

by day, mechanisms of social network podiums have risen. Consequently, different social 

networking sites like Facebook, Twitter and YouTube are noteworthy now as these offer 

folks to present their viewpoints regarding life issues. If we look at US market, we can find 

that Facebook occupies 55% of it in 2020 and Pinterest gets the second place, 

occupying29.86 percent of it. In the countries of North America, specifically in USA, getting 

engaged in social networking is one of the noteworthy internet pursuits. If you calculate, you 

will find that 79 percents of internet users in USA use social networking profile. This 

assumed that the number of the members of social networking sites in USA will rise from 

244 million in 2018 to over 257 million members in 2023. The graph as follows depicts the 

market scenario of social networking sites in United States in the span of May, 2020. 

 

 

Figure 1: Market share of social media websites in USA 

 

The networking sites allow their members to go on with conversations with divergent folks 

around the globe. They offer them as well to upload texts, photos and videos [7], [8]. Above 
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all, social media have a huge area of providing business concerns with data for understanding 

common people’s viewpoints and getting referendum about the products these concerns 

produce. Now, microblogging amenities are the most noteworthy and customarily applied 

podiums. Besides, these have developed to be imperative means of distinct details [9]. It is 

Twitter which is an august microblogging amenity which offers its members to allocate, 

convey and elucidate real-time in a brief and easy texts namely tweets [10]. Consequently, 

Twitter offers a liberal means of information which is applied in the ground of opinion 

mining and sentiment analysis. At present, the researches of this sphere are inclined to work 

with Twitter data. Nevertheless, the majority of thwarts have implemented sentiment analysis 

to derive and categorise data on the viewpoints presented in Twitter covering numerous 

events like assumptions, assessments, votes and business. At present several means like 

Linguistic Inquiry and Word count (LIWC) [11] allow the way to draw out novel attributes 

from messages. Nevertheless, majority of them demands a little programming skill. In this 

paper, we have implemented the Valence Aware Dictionary and Sentiment Reason (VADER) 

[12] for resolving the polarity of tweets and categorising those in terms of meticulous 

sentiment analysis. The rest of this research work is constructed below: Segment 2 presents 

an abridged illustration of analogous research regarding language. Segment 3 is an elaborate 

discussion on the suggested procedures. Here in this research, which device we have 

implemented, that is also discussed. Segment 4 is the illustration of the outcomes, and 

segment 5 is the conclusion part of this study and the guidance for prospective task. 

 

Sentiment Analysis  

 

Sentiment analysis refers to determining the frame of mind of one’s outlook written in normal 

language. After spotting the frame of mind, the positive or negative polarity is allocated [4]. 

Several means are used to a normal write-up for analyzing the sentiments such as derivation 

of attributes, study of emojis, tokenization etc. When sentiment analysis is done, customarily, 

positive and negative words are derived from the write-up and designated an outcome from 

the dictionary of words. The outcomes of this analysis are considered with the reference 

frame of two dictionaries. These are used after the preprocessing and tokenization of the 

tweets. Such dictionaries are AFINN and TextBlob. Using these dictionaries how sentiment 

analysis is done revealed in this paper afterwards.        

 

Clustering  
 

Clustering is a method which is done without any kind of supervision. It is executed on the 

basis of identical data to create a model which is able to produce proper outcomes following 

the procedure of training data. In this method, the identical substances are allocated to a 

distinct class from them which are not akin to them [5] .  
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Figure 2: Stages of clustering 

 

Outcomes of sentiments are computed in this study, for each tweet. Then we implement 

unsupervised means to them. At this, classes are created automatically on the basis of 

resemblance such as clustering. Survey on clustering is a necessary distinct evidence of 

classes with the identical substances or models [6]. We can present an instance as follows: - 

If we designate a data in a packet that is akin to other packet of groups we may be clearly 

inclined to that packet and create those packets of groups into a real cluster. Thus, the authors 

can increase the number of groups within identical and other intra groups. Consequently, they 

either obstruct or allocate the clusters which create a monitoring with precise volume devoid 

of any kind of excessive stress. Figure 2 represents of junctures of clustering. 

 

Outline of the Report 
 

In Chapter 2, The objective of this chapter is to scrutinize discrete viewpoints of clustering 

sentiment analysis and thus devises a method to make connection with the tweets of the 

statesmen of some first world, second world and third world countries. The frame of 

reference in this case is the polarity and subjectivity on the application of drugs for the 

treatment of COVID-19. .  

In Chapter 3, analyzes the polarity calculation, applying VADER sentiment analysis for the 

application of drug for the therapy of COVID-19.   
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Chapter 

2 

 

Sentiment Analysis on The Basis of Tweeter 

Comments of Application of Drugs by 

Customary Language Toolkit and Text 

Blob Opinions of Distinct Countries  
 

 

 

 

 

Twitter is now one of the greatest podiums all over the world through which anyone can 

present his opinion regarding a particular issue. It is a social networking site. Every day, it 

generates almost 500 million of tweets and the total volume of tweets contains 8TB of data. 

This data is very much significant if examined, because we are able to draw out salient facts 

through opinion mining. We can keep an eye at the augmentation of a product or any 

important affairs or events or a novel fashion in twitter data. The prime objective of this 

sentiment analysis or opinion mining is to explore emotion, opinion, subjectivity and 

perspective from a customary text on application of a medicine for the treatment of COVID-

19. We can classify the tweets into positive and negative sentiments in twitter sentiment 
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analysis. The expression ‘Cluster’ refers to an accomplished method where homogeneous 

substances are kept in a distinct class and thus a pack of cluster is created. We went on with 

an analysis and concluded that the application of clustering can hurriedly and precisely 

differentiate tweets on account of their sentiment scores and thus it gets weekly and firmly 

positive or negative tweets, if they are clustered, with outcomes of distinct dictionaries. The 

objective of this paper is to scrutinize discrete viewpoints of clustering sentiment analysis and 

thus devises a method to make connection with the tweets of the statesmen of some first 

world, second world and third world countries. The frame of reference in this case is the 

polarity and subjectivity on the application of drugs for the treatment of COVID-19.  

Classification Algorithm 

 Naïve Bayes-  

Naïve Bayes classifiers are the teams of easy "probabilistic classifiers" 

that implements Bayes' theorem with solid (naïve) independence predictions 

between the attributes of machine learning. These are the easiest Bayesian 

network prototypes. [13] Naïve Bayes has been experimenting vigorously 

from 1960s. This was manifested anonymously into the retrieval group in the 

early 1960s, [14] and still it is a standard prototype for text classification, to 

one of the classes or the other like as spam or legitimate, sports or politics, etc. 

with global frequencies as a customary  attributes. It is broadly used in 

automatic clinical detections. [15] 

When the attribute has a specific tag, then Bayes equation is provided as – 

   

                                                      (1)      

                                                                                                                                

 

P(l) denotes the prior probability of a label or likelihood that a random feature set the label. 

P(f|l) denotes the prior probability of a given feature that is being classified as label. 

P(f) refers to prior probability that a given feature has occurred. In general, above equation 

could be rewritten as – 

 

                                             (2) 

 

 

Kang and yoo [16] suggested an impromptu in Naïve bayes algorithm to augment the 

standard precision. They succeeded in reaching their goal to distinguish between the positive 

precision and the negative precision, introducing unigrams and bigrams as attribute due to 

augmentation of the standard precision.     
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For the categorization of positive and negative tweets Pak and Paroubek [17] suggested a 

prototype, implementing Naïve Bayes algorithm. Implementing twitter API for the 

amalgamation of tweets that have sentiments, twitter compilation was formed. POS-labels 

and N-gram attribute derivation methods were implemented. But the prototype gets less 

methodical, and it happens as training group regards the tweets taking in sentiments.  

Polarity identification, which was created by Po-Wei liang and Bi-Ru Dai [18], blends 

machine learning methods and domain determined data of acquired tweets implementing 

Twitter API. In this event, there are applications of Unigram Naive Bayes algorithm and 

Mutual Information and Chi square attribute derivation methods. Even after that the 

suggested prototype did not produce reliable precision.  

 

K-Mean - 

K-Mean is one of the easiest autonomous methods for clustering. Here 

the specimen information is categorized into K clusters. These remain far from 

one another. Next each data point is allocated to the cluster keeping the closest 

distance from it such as with the shortest Euclidean distance. Thus each data 

gets allocated to one of the opted clusters. [19]. Then the hub of the clusters 

are computed further and the homogeneous method is continued until the hubs 

cease to shift locations. 

At first, MacQueen suggested that K-Means is an autonomous learning algorithm, in 1967 

[20]’ It is a prominent technique of cluster analysis. This is a means of regulating the 

itemized substances into distinct groups named clusters. It is regulated on the basis of 

resemblance among  substances which are based on distinct benchmarks. With the 

application of distinct characteristics and conduction of an insistent rotating apt technique, it 

elucidates the popular clustering problem. This algorithm separates a dataset   into   disjoint 

clusters such that each observation belongs to the cluster with the nearest mean. Let ix  be 

the centroid of cluster  i and let 
),( ij xxd

) be the dissimilarity between ix and object 

ij cx 
. Then the role minimized by the k-means is given by the following equation: 


 


k

i cx

j
xx

ij
k

xdE
1

,....
,(min

1

ix )                                           (3) 

We can use K-Means clustering in numerous applications that take in machine learning, 

identification of errors, understanding specimens, operating pictures, statistics and artificial 

intelligence [21,22,23]’ It is granted one of the quickest clustering algorithms with several 

alternatives. These alternatives are receptive to the preference of primary stages and are 

inclined to make solution of numerous matters of K-Means such as the assessment of the 

number of clusters [24], the procedure of start up of the axis of the clusters [25] and the 

tempo of the algorithm [26].  
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Fuzzy C-Mean - 

This algorithm allows the implementation of distance between the 

cluster hub and data point to choose membership task to each data point in 

connection with each cluster hub. Growth of the number of the membership 

tasks towards the cluster hub is directly proportional to the closeness of the 

data set to the hub of the cluster [27]. The total number of membership values 

should be integrity in each data point. After each renewal, the memberships 

and cluster hubs are modified.    

 

The development of the number of the fundamental c-means impartial task or some 

improvement of the impartial task is responsible for most systematic fuzzy clustering 

algorithms. The development of the c-means operation produces a nonlinear minimization 

dilemma which we can settle applying a range of techniques combining renewal 

minimization [28]. Implementation of the easy Picard renewal via the first order 

circumstances for fixed points, called FCM algorithm, is the most noteworthy approach. 

Bezdck [29] has shown the merging of FCM algorithm. A flawless C separation within class 

sum of squared mistake impartial task:  

 

 

                                                                   

 

             (4)  

where ],...,,[ 21 nyyyY    is the data set in a d-dimensional vector space, n is the number of 

data items, c is  the number of clusters which is defined by the user where ijunc ,2 
 is the 

degree of membership of yi in the jth cluster, m is a weighted exponent on each fuzzy 

membership, cj is the center of cluster 
),(, 2

ji cydj
is a square distance measure between 

object yi and cluster cj. 

 

Decision Tree- 

It refers to a model that is like a flowchart, where each central 

node signifies an experiment on an attribute such as whether a coin flip 

appears with heads or tails. Here each node refers to a group which 

makes decision after calculating all attributes, and its branches 

exemplify unions of attributes which promote those group tags. The 

entire track from root to leaf exemplifies categorization guide lines.  

Statistics, data mining and machine learning are some fields in which Decision Tree is 

applied as an anticipating designing means. Decision Trees are created as a means of an 

algorithmic model which determines tracks to break a dataset on the basis of divergent states. 
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Decision Trees are used in a wide area for administered learning approach which is applied 

for both classification trees which are such prototypes where destination variable is able to 

take a distinct group of values. On the contrary, those decision trees are regression trees in 

which the destination variable is able to take uninterrupted values which are customarily real 

numbers. The generic name for it is Classification and Regression Tree (CART).  

Decision Trees are used rapidly. C5.0 algorithm [30] is noteworthy to make Decision Tree. It 

has gained such worldwide fame that several industries use it for generating decision Trees 

because it can solve most of the problems precisely without any kind of intervention. In 

comparison with more modified and refined machine learning prototypes such as Neutral 

Networks and Support Vector machines, the decision trees under c5.0 algorithm customarily 

carry out in much simpler form to comprehend and utilize.  

C5.0 is a Decision Tree algorithm that is applied to estimate the dilemma in the 

amalgamation of feature and efficiency of a feature implementing break up and information 

achievements consecutively. The implementation of C5.0 on the dataset is classified into two 

equations:  

 

1. Computing the breakup value of the data applying the equation as follows: 

 

 

 

Here E(S) – breakup of an accumulation of datasets, c – stands for the number of groups in 

the device and pi – stands for the number of example proportion that group I possesses. 

 

2. Computing the information achievement for a feature C, 

 

 

 

 

in an accumulation S, in which E(S) is the breakup of the entire accumulation and S is the 

series of examples which have value w for feature C.  

 

Suggested Prototype  

 

This accumulation illustrates each element of the suggested prototype. The prototype as 

follows is illustrated in a flowchart in Fig. 3. The suggested algorithm in Algorithm 1 has also 

been illustrated below: 
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Figure. 3. Suggested Algorithm Flowchart 

 

Illustration of data 

Twitter is nothing but a social networking podium which provides its user with the 

opportunity of sending and reading micro-blogs whose character limit is not more than 280. It 

is called a ‘tweet’. Only the registered users are able to read and post their tweets via the web, 

short message service (SMS) and mobile apps. Twitter being a cosmopolitan real-time 

communication podium, more than 400 million users visit monthly and 255 million active 

users of it are there all over the world. Distinguished personalities such as entire world’s 

statesmen, actors, sportspersons etc. are twitter’s active groups of registered users. Now, it 

offers more than 35 languages in it. Jack Dorsey, Evan Williams, Biz Stone, and Noah Glass 

augmented Twitter in 2006. Twitter’s headquarters are in USA and its offices are located in 

SanTwitter was launched in 2006  
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by Jack Dorsey, Evan Williams, Biz Stone, and Noah Glass. Twitter is headquartered in San 

Francisco, California, USA, with local offices in Atlanta, Austin, Boston, Boulder, Chicago, 

Detroit, Los Angeles, New York, Sunnyvale, and Washington. Twitter's international offices 

are located in Amsterdam, Berlin, Dublin, London, Madrid, Paris, Rio de Janeiro, Sao Paulo, 

Singapore, Sydney, Seoul, Tokyo, Toronto, and Vancouver. 

 Table 1 is a depiction of a specimen of the junked data in a tabular form in which date and 

tweeted texts are mentioned for having an assessment of the outcomes of our research.  

 

Date Tweet Text 

20-04-2020 04:39 #COVID?19 #Kashmirtoday 15 Persons who were earlier COVID-19 

Positive have been discharged from 03 Hospitals in Kashmir today. 

They have recovered and turned Negative. 07 from Baramulla 

Hospital, 06 from SKIMS Soura and 02 from CD Hospital Srinagar. 

 

20-04-2020 04:39 COVID-19 is a matter of grave concern now all over the world. It’s 

observed here the way by which the negotiations on corona virus have 

prevailed in social networking sites and how many brands take part in 

those negotiations.  
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20-04-2020 04:39 In conclusion, Brexit, Britain and the European Union (EU) are 

expecting to formulate improvement towards a business deal, eleven 

weeks later. The span of the discussions is three weeks. The first one 

commences on Monday via video conferencing. #Britain #Coronavirus 

#EU 

 

20-04-2020 04:39 If you've a few mins and it applies to you, please take part in this 

research survey on the effects COVID-19 on gay/bi in the community 

who use dating apps. RT @TC_Witzel: ??????WE NEED YOU!?????? 

We’re recruiting UK folks from the LGBT community who have sex 

with men - esp gay & bi men (cis &amp; trans), non-binary ppl &amp; 

trans women - to a survey about hook-up apps, sexual behaviour, HIV 

&amp; services during lockdown.  RTs appreciated! 

20-04-2020 04:39 Due to the on-going uncertainty of the situation relating to COVID-19, 

@BBallBallarat has sadly had to cancel the 2020 Junior Tournament 

which was to be held on June 6-8, 2020. The association thanks 

everyone for their understanding during this difficu... 

20-04-2020 04:39 Health progress in Wajir the regional Covid-19 testing centre ready for 

testing. The County referral hospital of Wajir has also been adequately 

equipped to ensure that such issues and suspected cases are handled in 

a manner that doesn't endanger the lives of health workers. 

20-04-2020 04:39 A Number of Covid-19 Cases Confirmed 

20-04-2020 04:39 We’re donating devices #Kindle #FireTablets #Echo #Alexa to [DE] 

@Caritas [FR] @hopitauxdeparis [IT] @savethechildren and others 

across #Europe providing extra resources during #COVID-19. Check 

full article: 

20-04-2020 04:39 .@NicolaSturgeon announces she will spend Barnet bung £ on handing 

out free food in the Yes favelas despite these people never working so 

#COVID19 makes fuck all difference to their daily routine 

#PresserCOVID19 #COVID19 #PressConference 

20-04-2020 04:39 #PatHeads. You might be a redneck if you have COVID-19. 

20-04-2020 04:39 Have you lost your job due to #COVID19? Follow the 

@EmmittSmith22 game plan to find your next opportunity at  

#SayYestoDallas #DRCWorks 

20-04-2020 04:39 A Number of Covid-19 Cases Confirmed 

20-04-2020 04:39 As part of the Global Health Crisis Reporting Forum, we’re working 

with @ICFJ to bring you a series of webinars with global experts on 

COVID-19. Webinars are on the record, and experts can be quoted in 

stories. Check out this week’s offerings: 
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20-04-2020 04:39 Gold:"when the COVID-19 pandemic breached their borders +they 

asked for a loan to help battle the virus, the International Monetary 

Fund refused. Thankfully, the WHO (as well as China and Russia) 

have provided the embattled country with medical supplies and 

technical assistance" 

20-04-2020 04:39 A Phase 1 #clinical trial evaluating an investigational vaccine designed 

to protect against #coronavirus disease 2019 (COVID-19) has begun at 

Kaiser Permanente Washington Health #Research Institute (KPWHRI) 

in Seattle. 

20-04-2020 04:39 Fine tally of yesterday #COVID19 +ve case's in Srikalahasthi is 35 as 

of now In Last 24 hrs 25 new #COVID19 positive cases in 

Srikalahasthi 

20-04-2020 04:39 When quarantine is over???? #coronavirus #COVID #QuarantineDays 

#Covid_19 #CoronaLockdown 

20-04-2020 04:39 An interesting read on the positive impact #COVID19 will have on the 

digital side of the NHS long-term, and things they've managed to 

achieve during the pandemic so far. 

20-04-2020 04:39 NEXT: We've got another life hack for you this morning. This time 

from @travisdolynny. He'll teach us how to make life feel a little more 

normal by feigning a work 'commute.' We'll catch up with him at 7:45. 

#ldnont #COVID19 

 

Table1: Sample Tweet comments with post date and time 

 

Illustration of the element of suggested prototype 

 

This segment offers a concise illustration of each element of the suggested prototype:  

Sentiment Analysis Element- 

The following table is a detailed illustration of the 

suggested prototype, based on steps: 

Steps Illustration 

Tokenization 

It signifies the separation of texts in a series of tokens. They practically 

correlate with “words”. It is one of the fundamental jobs of NLP. For 

doing this, applying TextBlob, two steps are taken: i) Forming a 

TextBlob component and making proceeding a string with it. Ii) 

Designating tasks of TextBlob for performing a distinct job. 

Derivation of Noun 
As derivation of the words was made in the foregoing segments, here 

abstaining from that, we can derive noun phrase from the TextBlob. 
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Phrase 

 

Derivation of noun phrase is specifically significant when one intends 

to examine the “who” in a sentence. 

Adjoining Part of 

Speech 

 

Adjoining part of speech or grammatical adjoining is a procedure to 

symbolize words which exist in a specific text concerning its clarity 

and subject-matter. If it is an easy word, it just says what part of speech 

it is. It is a comprehensive category of derivation of noun phrase in 

which we look for each of the parts of speech in a sentence. 

Conjugation of 

Words 

 

Conjugation is a method of creating a word, where letters are 

connected with the fundamental form of a word to give the idea of the 

grammatical meaning. It is a very easy method. The words that 

tokenized from a Text Blob can be simply converted into singular or 

plural form of the concerned one. 

N-grams 

 

It is an amalgamation of profuse words together. In relation with 

words, N grams (N>1) is better means in terms of information. It can 

be applied as attributes for designing of language. We are able to 

obtain it in a simple manner, in TextBlob applying the tasks of N-

grams. It fetches an assembly of n sequential words. 

Sentiment Analysis 

 

Sentiment analysis is all about identifying the frame of mind or the 

emotion of the writer which we can categorise into positive, negative 

or neutral sentiments. Polarity and subjectivity are the two 

characteristics which are paid back by the sentiment function of 

TextBlob. Polarity in sentiment analysis refers to determining the 

sentiment orientation as positive, negative or neutral in written or 

spoken language. The different kinds of sentiment analysis comprise in 

compact sentiment analysis which offers more accuracy in the point of 

polarity such as very positive, positive, very negative, negative and 

neutral and emotion analysis that focuses on identifying emotions 

within the expressions as happiness, sadness, frustration, surprise etc. 

Polarity varies from the range -1 and 1, where 1 indicates a positive 

statement and -1 represents a negative statement. Language can consist 

of expressions that are objective or subjective. Objective expressions 

refer to pieces of evidence and subjective expressions signify 

conclusions which describe folks’ notions towards a certain subject or 

topic. It is subjectivity when the content is an illustrative article which 

must be examined in a context. Subjective sentences typically refer to 

personal opinion, emotion or judgement when evidently objective 

sentences refer to realistic information. Subjectivity also varies from 

the range of 0 and 1. 

Table 2: Stepwise Sentiment analysis Components 
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 Programming Language and simulator- 

 

 4.2.1. Python:- Python is an elucidated, high-level programming language for serving 

customary objectives. It’s made by Guido van Rossum in 1991. This highlights code clarity 

with its prominent application of remarkable whitespace. This beneficial and sensual method 

focuses on and assists programmers to write lucid, consistent code for small and large-scale 

projects.[31]  

 

 4.2.2. Anaconda Navigator:- It’s a liberal [32] sharing for Python and R programming 

languages. This is applied in scientific calculations such as data science, machine learning 

applications, large-scale data processing, predictive analytics, etc. The objective of it is to 

facilitate package management and exploitation. Package interpretations are handled in the 

package management systemconda [33]. This Anaconda sharing contains data-science 

packages that are fitting for Windows, Linux, and MacOS. Anaconda sharing offers more 

than 1,500 packages along with the conda package and virtual atmosphere manager. This 

comprises in too a GUI, Anaconda Navigator [34], for graphical substitute in command line 

interface (CLI). Hydroxychloroquine and COVID-19 

Now, when statesmen of different countries wish to have hydroxychloroquine from India to 

cope up with COVID-19, WHO is recently deeming the application of hydroxychloroquine 

on COVID-19 patients within the agreement probation. The hydroxychloroquine wing has 

been ceased as a safeguard and the security data is being analyzed.   

Now, the countries which have supervisory power, can provide guidance to their people 

about the application of any medicine. It’s true that HQ and CQ are authorized products for 

the treatment of other diseases, but right now, these have not been considered fruitful for the 

treatment for the treatment of COVID-19. Evidently, in many countries, alarming information 

has been announced on the aftermath of the medicines and their application has been 

restricted in several countries to medical tests under vigorous surveillance in the arrangement 

of specialized health centers. 

The WHO has suggested to doctors that they should not go on with erroneous treatments to 

the patients affected with COVID-19. The WHO has also warned people not to make 

experiments with themselves; in taking self-chosen drugs. The specialists all over the globe 

agree on this point that the possibility remains but more experiments are required at this time 

to come to this conclusion whether existing anti-viral medicines can be fruitful for the 

treatment of COVID-19 or  not. If they get prospective outcome then they will be able to 

mitigate the hazards of COVID-19. 

COVID-19 has taken shape of a pandemic. Every day the graph shows how the number of 

patients attacked by COVID-19, increases day by day. Consequently, substantial death toll is 

being observed in a great many countries. It’s needless to say that the whole world is in a 

turbulent situation now. So, kudos to those physicians and their support staff who have 

devoted themselves to cure the patients attacked by COVID-19. Among the treatments, one 

has drawn a great attention, and it is the factual application of CQ/HCQ. Although there is no 

evidence that can support that it’s application is fruitful and based on medical science, many 
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countries have already incorporated CQ/HCQ in COVID-19 treatment protocols [35], [36]. 

They are applying it for both the treatment of critically ill patients and setting of the 

benchmark of preventive measure. 

In this paper, a huge dissimilarity in the results of the studies is manifested in the all-inclusive 

analysis of the antiviral of HCQ and CQ on SARS-COV-2 and a few other viruses. CQ and 

HCQ determined to generate artificial outcomes; still these kinds of data have not been 

converted into substantial in vivo researches. Only in some hospitals, some efforts have 

proposed a few fruitful results of CQ and HCQ in COVID-19 patients. Most of the cases are 

still elementary [37] [38] [39]. Moreover, not less than 7 of the current efforts were dismissed 

and it has not been clear till now whether it was for the probability of negative outcomes or 

other issues. 

Numerous noxious elements are connected with such medicines [40] [41] [42]. Among them 

that which is having the priority, is the probability of QT supplement and the peril of 

Torsades de pointes, that is an implicitly life sinister arryhythmia [43]. However, when our 

analysis on literature displayed that it is almost unusual, it is not still clear if there would be 

some preservative or probable harmonious danger when such drugs are amalgamated with 

other drugs like AZT [43]. Evidently, it’s risky to take a treatment choice if there is not an 

accomplished research work and an evident insight of medicine potency and security. In this 

state of ambiguity, we should keep in mind that it will be fatal in using such medicines in 

COVID-19 patients if comprehensive high standard incessant medical trials cannot be 

confirmed to explain their function for the treatment of COVID-19 [40].   

 

Surveying Outcome 

 

In this paper, all the outcomes are analyzed on the basis of the database of the information 

derived from twitter. Who doesn’t know now that it is a social networking site in which one 

can give one’s opinion or view on a novel, past or forthcoming event? Here sentiment 

outcomes are produced concerning the comments/reviews made by users on the concerned 

twitter comments. The outcome is prospective or fruitless, that is considered on the basis of 

positive and negative reviews respectively. Summing up from the majority of the concerned 

comments, we consider it. In this research work, TextBlob  algorithm is used on the twitter 

comments. This we can see in the model Table 1 and have the polarity or subjectivity score 

concerning the outcome in Table 3.  

blob.sentiment/Polarity blob.sentiment/Subjectivity 

0.75 0.8 

0 0 

0.75 0.8 

0.8 1 

0 1 
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0.65 0.75 

0.483333333 0.6 

0.525 0.8 

0.525 0.666666667 

1 0.3 

0.5 0.6 

1 0.75 

0 0 

0 0.1 

0.8 1 

0.9 1 

0.392857143 0.567857143 

0.8 1 

-0.15 0.05 

1 1 

0.289285714 0.417857143 

0.8 1 

0.1 0.125 

0.8 1 

0.25 1 

0 0 

0.25 0.625 

 

Table3: Surveying Outcome 

 

The following graph displays the juxtaposition of the different statesmen of concerned 

countries with the outcomes. It expresses too the craze of HCQS implementation concerning 

the treatment of COVID-19. From this, we can sum up that the outcomes regarding polarity 

classification and subjectivity classification have a fruitful aspect for the implementation of 

HCQS for the treatment of COVID-19. We are hopeful to go on with more researches on the 

opinions or sentiments implementing distinct, upgraded methods.  
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Figure 4: Polarity comparison of Tweeter sentiment analysis of political heads of different 

countries 
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Figure 5: Subjectivity comparison of Tweeter sentiment analysis of political heads of different 

countries 

 



32 

 

Conclusion 

 

This paper’s objective is to correlate the distinct twitter comments of the statesmen of distinct 

countries for having a concrete knowledge on the application of drugs to the patients attacked 

by COVID-19. The prototype has dealt with the outlooks of the twitter’s perspective of the 

specialists’ interest to the businessmen inclined to invest in the drug market. For the evidence 

of the outcome, this correlative analysis is made. TextBlob approaches produce fruitful 

outcomes. The outcomes establish a solid relationship between twitter comments and at the 

apex of or downgrade sentiment polarity and opinion. Besides, analysis regarding this is 

executed to explore more modified outcomes in this sphere.  
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Chapter 

3 
Survey of Twitter Viewpoint on Application of Drugs by 

VADER Sentiment Analysis among Distinct Countries  
 

 

 

 

 

 

 

Arguably, one of the most vexing problems to mankind today is how to protect wildlife and 

conserve species existing on our planet. While the natural dangers and calamities are an 

existential form of threat that are hard to mitigate, man-made calamities are altogether a 

different story. The surge and speed of industrialization has left an open wound on the 

existence of animal and wildlife species. Many species have gone extinct with many more on 

the road to extinction. By proposing an autonomous wireless sensor network system, this 

work offers a quantitative as well as a qualitative solution to help detect spread of forest fires.  

It has been found that containing spread of forest fires can help boost chances of survival of 

many species that make jungles and forest environments their home. The approach consists of 

deploying both static and mobile sensors to detect changes in the immediate environment. 

Such sensor network would also make it possible to track movements of larger animals and 

help gather vital data and information for wildlife conservation drives to be more relevant.  

The system relies on static and mobile sensors. Deployments of these sensors are random. 

The pattern of distribution is such that the system is able to cover as much ground as possible. 

Data collected from these sensors are then uploaded to cloud servers for data analysis. While 
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this concept in itself is not new, we have designed and developed an energy-efficient 

algorithm combined with technology available for Mobile Wireless Sensor Networks 

(MWSN). Our algorithm, which forms the key element, chooses the shortest path over which 

to transmit data to the central hub. 

Modern technology allows MWSNs to be more versatile than earlier wireless sensor 

networks (WSN). There are some protocols from Mobile Ad hoc Networks (MANET) such 

as AODV, DSR and GPSR that are able to function in rugged and remote environments. In 

this chapter, we examine formulation of an energy-aware selective stable single-path routing 

protocol for WSNs. This is relevant as the project primarily involves deployment of mobile 

networks. The second part involves presenting an architecture that will collect data and 

synchronize the same with a database hosted in cloud computing environment. The 

synchronization is to take place periodically and in a manner such that the system can detect 

changing scenario quickly and warn about any impending harm.  

Two algorithms have been used in this work. The first of which is the Self-Servicing Energy 

Efficient Routing Strategy (SSEER). The second is the Self-Configuring Selective Single 

Path Routing Protocol (SSeS). It would be pertinent to talk about in some detail about these 

two algorithms. The first algorithm, SSEER, is applicable in cases where stability of the 

network path is dependent more on static nodes or nodes which are not mobile most of the 

time. The second algorithm, SSeS, assumes more significance in cases where all nodes are 

mobile.  In experiments, the method proposed offers a stable packet delivery ratio. It also 

delivers more in terms of energy efficiency when compared to models that depend on cluster 

head selection in wireless sensor networks. These two advantages translate to having a model 

that can be deployed for monitoring wildlife habitat over prolonged periods without adversely 

affecting network throughput.  

In the concluding section of this chapter, simulation results of the algorithm along with 

behavioral analysis of packet delivery from source to sink node are presented. These take on 

greater significance when examined in the context of node density and node mobility. The 

single path selection methodology discussed here, offers a significant boost to improving 

overall network lifetime in conditions of high network traffic. 

Sentiment Analysis on Twitter: 

 

Such method fundamentally comprises in four layers such as tweet retrieval, tweet-pre-

processing, classification of algorithm and evaluation. In the following figure 6, the layers are 

briefly illustrated.   
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Figure 6: Stages of Sentiment Analysis 

 

Input (Keyword):  

At first, we have to select the context. We will accumulate the tweets associated with that 

context. Next, on the basis of these tweets, we have to proceed with sentiment analysis.  

Tweets Retrieval:  

This layer states that tweets will be got back. The structure of it can be either configured 

or semi configured or jumbled manner. In sentiment analysis, experiment is executed with 

the application of distinct programming language such as python or R. Thus we are able 

to accumulate the tweets. 

Pre-processing: 

This layer offers the pre-processing of the filtration of data, eliminating the unnecessary 

data, conflicting data and noisy data. In the time of pre-processing, the works mentioned 

below are accomplished:   

 Eradication of re-tweets (twitter data sets) 

 Eradication of specific attributes, URLs, numbers and 

punctuations etc. 

 Eradication of ceasing words 

 Derivation 

 Tokenization 

Identification of Sentiments:  

Sentiment analysis offers different kinds of uses in which this is compulsory to get the 

sentiment such as tweet categorization and tweet derivation. In this event, we search the 

polarity of the provided word. It is either positive or negative or neutral. Applying distinct 

glossaries, here we are able to detect the polarity such as Bing Lui sentiment, glossaries, 

sentiWord Net and some more. They will assess sentiment score, its stability and many 

more [44]. 
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Sentiment classification algorithm: 

If we make a categorisation of sentiment analysis then we shall get two proposals. They 

are administered learning and unsupervised learning. Administered learning demands 

Naive Bayes, SVM and maximum entropy to carry out the sentiment analysis while 

unsupervised learning demands the learning on the basis of glossary aggregation and 

dictionary to carry out the sentiment analysis. Besides clarifier’s precision is used on the 

basis of the nature of training and checking dataset implemented. 

Assessment: 

 In the event of sentiment analysis, concluding output is illustrated for coming to this 

point if it ought to be chosen. After that, the outcome is shown depicting graph, pie chart 

and line graph. 

 

Lexicon based approach unsupervised sentiment classification techniques: 

 

In this research, the experimental method comprises in the accumulation of Twitter corpus 

and the categorisation with the application of glossary. When categorisation is done, we 

derive the amount of positive, negative and neutral opinions from the glossary. This is used to 

study the users. Use of glossary is a very significant method to sentiment analysis. This made 

use of computing the sentiment from the semantic point of reference of words or phrases 

which are found in a write-up or message or opinion [45]. A dictionary of positive or 

negative words is needed along with it, with a positive or negative sentiment worth that is 

allotted with each word. The suggestion of distinctive methods for the formation of 

dictionaries has been given, such as manual [46] and automatic [47] methods. Customarily, in 

the methods on the basis of glossary, a single text message is constituted by profuse words. 

On the basis of the constitution of the text, sentiment worth from the dictionary is allotted to 

each positive and negative word or phrase in the text. An amalgamated task like sum or 

average is used for getting the concluding notion about the entire sentiment for the text. 

Besides, the facet of the local subject-matter of a word is customarily regarded as denial or 

development. In this research, it is resolved that a method on the basis of glossary will be 

used for ignoring the requirement to produce a tagged training set. The chief demerit of 

machine learning prototype is their dependence on tagged data. Giving confirmation of 

acquiring adequate and aptly tagged data is almost impossible. Apart from it, there is no 

doubt of it that a method on the basis of glossary can be comprehended more smoothly and 

improved by a man. It is regarded an important merit for our research. It is observed that it is 

simpler to produce a suitable glossary than to accumulate and tag compatible corpus. It is 

stated that the date drawn out from social media are generated by users around the world. It 

would be a restriction if the algorithm is solely able to manage English language. That’s why, 

there ought to be a simpler method of conversion of various languages, with the use of 

sentiment analysis algorithm. Afterwards, in the research work, it is illustrated how a 

sentiment analysis algorithm on the basis of glossary, can be fitted to various languages by a 

suitable translation of the sentiment glossary and use of string resemblance work.  The 

method on basis of glossary has three categories. They are manual, dictionary based and 

corpus-based methods. 
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Manual based takes much time to perform. Besides, it is restricted to a few glossaries and is 

likely to make error. For creating it well organized, it is amalgamated with other two 

mechanized methods. 

 

 Dictionary based approach:  

Polarity signifies a series of opinions that is accumulated manually. After that 

it is developed well with the application of noteworthy copora WorldNet [48] or 

thesaurus [49] that extract the meaning of words along with their synonyms and 

antonyms. After that he latelyextracted words are connected with the record and the 

iteration repeats itself. The procedure goes on until no novel words are derived. 

Taboada applied the method on the basis of glossary for deriving sentiments from 

micro blogs in the period of managing denial and growing words [50].  Methods on 

the basis of dictionary are unsupervised by character. Customarily, these means 

speculates that positive or negative adjectives emerge very often close to a positive 

(negative) seed word (Harb et al., 2008) [51]. T categorise reassessments, an 

unsupervised learning algorithm (thumbs up or thumbs down) has been taken on by 

(Turney, 2002) [52]; Wangand Araki, 2007) [53]. A reassessment categorisation is 

specified by the average semantic direction of their phrases that comprise in either 

adjectives or adverbs. A phrase semantic direction is calculated with the application 

of the mutual information between the specified phrase and the word exceptional 

deficiency of the joint information between the specified phrase and the word poor. 

 

 
   
   excellenthitspoorNEARphrasehits

poorhitsexcellentNEARphrasehits
phraseSO





__

__
log

 

The following flowchart shows how the words applied to manifest opinions are 

comprehended. For this, positive and negative conceptual words such as superior, inferior, 

rich, poor etc. are applied to draw out adjectives which are close to conceptual words. The 

flowchart as follows, is the layers of sentiment analysis on the basis of dictionary as 

discussed. 
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Figure 7: Stages of dictionary-based sentiment analysis approach 

 

 

Corpus based method: 

 It is a means that is on the basis of aggregation, is characteristically formed 

for promoting area particularised semantic glossary from a compilation of area 

particularised content.If newfangled dictionary method is used for exclusive 

vocabularies, it shows a few important disputes based on logic. That’s why, Rice and 

Zone [54] modified a category of “minimally-supervised” with the intention of the 

formation of sentiment dictionary from aggregated write-up. In one use, its 

functionality is displayed in US federal appellate court settlement. 

Corpus-Based Statistics-Oriented (CBSO) Approach: 

Customarily, this method has the attributes as follows: 

1. This offers effective form that is used in customary languages in place of surface 

strings, for replicating the hypothetical attitude of the linguistics for the intention of 

diminishing the number of specifications in the linguistics prototype. 

2. This applies a specialized analytical method to determine obscurities with the 

intention of the operation of objective development and necessary knowledge such as 

the specifications worth is got spontaneously and frequently. 
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3. This is customarily more solid in comparison with the absolutely analytical 

methods as analytical development is used on effective form of which analytical 

features are more appropriate to be concluded to invisible data better than surface 

settings. 

The CBSO methods are blended methods. They take support of law-dependent and absolute 

analytical methods. A CBSO method creates analytical linguistic prototypes at the peak of 

effective forms like interpreted system trees. As a reference, we can say, a CBSO prototype 

for machine translation was suggested in [55][56] on the basis of effective forms like parse 

trees and general constructions, the translation dispute is replicated as a development dispute 

that opts the finest translation which augments the translation score below: 

 

Here (Si, Ti) is the i-th foundation-goal translation pair, (PTs, PTt) are the parse trees for the 

foundation-goal sentences, NF1s and NF2s signifies linguistically and semantically 

regularized parse trees, known as usual structures, of the foundation sentence, NF1t and NF2t 

are the usual structures of the aimed sentence, and the outline of the possibilities is seized all 

these kinds of transitional illustrations, Ii. The three equations (1), (2) and (3) by themselves 

delineate the generation, transmission and scrutiny prototypes of a tMT procedure on the 

basis of transmission in a CBSO approach; they are able to be again clarified for execution.(A 

few particulars are conveyed in the subsequent segments). The figure as follows, the steps of 

Corpus-Based Statistics-Oriented (CBSO) method is illustrated. 

 

Figure 8: Stages of Corpus-Based Statistics-Oriented (CBSO) approach 

Semantical Approach: 
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Corpus-based semantic prototypes approve the universal proposal that analogous words will 

be applied in analogous subject-matters and interpret the significance of a word or idea as a 

vector (ordered list) of worth which recapitulates, in a few means, the mark of the subject-

matter of the word, that is, the series of subject-matters where the word turns up. In this 

research we have a few present some preparatory outcomes. The finest usual assumption is 

that if we delineate some distance metric on our semantic vector space. Next the vectors 

equivalent to semantically unattached words ought to be additionally spaced out than those 

for similar words. As there are several standard commodities which will perhaps come up in 

the time of making comparison of vectors mined applying dissimilar significance of the 

above considerations such as distinctive volume  of standard commotion, the usual aspect 

liberated magnitude for making comparison is the similarity ratio:  

 

 

 

 

If the ratio is bigger, then the similar words are nearer and the semantic exemplifications will 

be more appropriate. In this study, 100 pairs of words were taken. They were evaluated by 

subjects of human beings to be close synonyms [57]. Here for every single pair eight random 

pairs of words of similar frequency were taken to proceed with our management. After that, 

the co-occurrence vectors are formed and computed the ratio R applying easy Euclidean 

distances for such pairs for an assortment of consideration sets. The following diagram shows 

the layers of Semantical method. 
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Figure 9: Stages of Semantically approach 

Suggested prototype element illustrational: 

 Data sets:  

Twitter is nothing but a social networking podium which offers its members to 

transmit and interpret micro-blogs of up to 280-characters called “tweets”. This helps 

registered members interpret and place their tweets via the web, short message service 

(SMS), and mobile features. The world real-time statistics communication podium declares 

that every month, more than 400 million members visit Twitter and there are 255 million 

active members all over the globe. Among them numerous statesmen, august sport persons, 

prominent actors, business magnets etc. are there. At present you can access Twitter in more 

than 35 languages. Twitter set out its journey in 2006 by Jack Dorsey, Evan Williams, Biz 

Stone, and Noah Glass. Its headquarters are there in San Francisco, California, USA, with 

local offices in Atlanta, Austin, Boston, Boulder, Chicago, Detroit, Los Angeles, New York, 

Sunnyvale, and Washington. Its international offices are situated in Amsterdam, Berlin, 

Dublin, London, Madrid, Paris, Rio de Janeiro, Sao Paulo, Singapore, Sydney, Seoul, Tokyo, 

Toronto, and Vancouver. 

The following tabular representation shows a model of the derived data in which on date and 

tweeted messages are displayed for our evaluation from the outcomes. 

Date Tweet Text 

20-04-2020 

04:39 

#COVID-19: Lockdown can’t Stop Virus -Prof Adesugba 

_blank
_blank
_blank
_blank
_blank
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20-04-2020 

04:39 

Tamil Nadu truly needed something like #OndrinaivomVaa to 

uplift its spirit and urge its people to fight against the COVID-19 

pandemic as one! 

20-04-2020 

04:39 

What can #Indonesia learn from the experience in the Republic of 

#Korea, one of the first countries to hold national #elections under 

the threat of the #COVID19 pandemic? Join the discussion on 21 

April at 13.30-15.30 WIB: 

20-04-2020 

04:39 

Lol. U are dressed in a mask and full gown in the streets screaming 

covid 19 is a lie?? 

20-04-2020 

04:39 

In the face of COVID 19 we want you all to take note on this and 

continue to stay safe. Let's stand together and save many lives as 

we can. #takeprecaution #staysafe #stayhome #savelives 

#helpstopthevirustoday 

20-04-2020 

04:39 

On the Move: Strength, resolve, true leadership mark city’s 

COVID-19 response READ MORE:  #business #CEO #Change 

#Coaching #Communication #Conference #Development #Growth 

#Guidance #Influence 

20-04-2020 

04:39 

#COVID?19 #coronavirus #lessonlearned #pandemic What have I 

learned from the COVID 19 crisis? 1. You're faster in shit than you 

think 2. There are more virologists in the world than I thought 3. 

You should grill the bat well before you eat it ?? 

20-04-2020 

04:39 

Dr. Birx said this a couple of weeks ago. 

20-04-2020 

04:39 

Seat at home and Slay at home, COVID 19 said so, No more 

Hotels snapping Lolz....?? 

20-04-2020 

04:39 

My mom got Multiple Sclerosis 48 hours after her Hepatitis B 

vaccine. And she was one of many. I am not an "anti-vaxxer", I do 

believe in vaccines. But I have no trust in compulsory mass 

vaccination of a brand new vaccine. No COVID-19 vaccination for 

me. At least for a while. RT @SkyNews: Coronavirus: Novak 

Djokovic reveals he's an anti-vaxxer and it may stop his return to 

tennis 

20-04-2020 

04:39 

Count them all to steer away from #COVID19 thoughts for a 

while! #nature #positivethinking 

20-04-2020 

04:39 

The #SwissTech start-up Adamant Innotech and CSEM are 

developing a rapid, simultaneous test to determine if a person has 

been previously infected with #COVID19, influenza or SARS. 

#SwissTechL39 

20-04-2020 Transferred from FB. Now will ppl believe that deaths from 
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Table4. Sample Tweet comments with post date and time 

Tools:   

Natural Language Toolkit (NLTK): NLTK is nothing but liberated open-source 

software of the combination of Python which offers profuse devices to create programs and 

categorizes data. NLTK is appropriate software for various professionals such as linguists, 

engineers, students, educators, researchers, and developers who perform their duties with 

textual information in normal language processing and text analytics [58]. NLTK offers a 

simple means for the application of the interfaces of over 50 corpora and lexical foundations. 

This takes in a collection of text processing records for categorization, tokenization, and 

stemming, labeling, parsing, and semantic interpretations [59].  

04:39 anything are recorded as covid 19 ? 

20-04-2020 

04:39 

Prevention works!! We must make sure that prevention activities 

are not stopped during COVID-19 responses. RT 

@TheUnion_TBLH: A Union study in #Zimbabwe, published in 

@BMJ_Open shows reduction of #TB case notifications with the 

scale-up of antiretroviral and isoniazid preventive therapies.  

#EndTB #AdvancingPrevention #HIV 

20-04-2020 

04:39 

#SouthAfrica postpone upcoming #SriLanka tour due to COVID-

19 outbreak #COVID19 #Coronavirus 

20-04-2020 

04:39 

The communities devastated by bushfires are still struggling, with 

people still waiting for the $2b promised to help them rebuild. 

@ScottMorrisonMP, we know COVID-19 is challenging, but you 

must not forget the bushfire victims. 

20-04-2020 

04:39 

Interested in comparing global #COVID19 responses? 

"Coronavirus & liberty in Illiberal Europe" by @CamGeopolitics 

explores this in detail. Chaired by @Peterhouse_Cam Master 

@Bridget_Kendall &amp; speakers @HeatherGrabbe Prof John 

Dunn &amp; @Judy_Dempsey Link?? RT @dollytheis: Looking 

forward to this @CamGeopolitics digi event on Wednesday, 

18:00-19:00?? "Coronavirus &amp; Liberty in Illiberal Europe" 

Speakers: @Bridget_Kendall @Judy_Dempsey @HeatherGrabbe 

&amp; emeritus Professor John Dunn Register here to join: 

20-04-2020 

04:39 

How is everyone today? Things I'm not going to do today - Involve 

myself with Twitter-COVID drama - Read every single article ever 

written on COVID-19 - Write honest lists 

20-04-2020 

04:39 

The so called Gujarat Model. Is this how we will fight 

#COVID19? #PMWakeUpSaveIndia 
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Valence Aware Dictionary and Sentiment Reasoner (VADER):  

VADER is a glossary and law-dependent sentiment analysis tool which is exclusively 

standardized to the sentiments manifested in social media. This is a completely liberated 

open-source tool. VADER incorporates deliberation of word arrangement and degree 

qualifiers [60][61]. 

Pre-processing:  

Each example of the data sets had phonetics and punctuation marks eliminated.  

Distinct pre-processing methods were used for the machine learning clarifiers.  

Lemma derivation:  

Each verb is shortened to the infinitive structure and nouns and adjectives to the 

singular male form. In this research we applied the device VADER (Valence Aware 

Dictionary and Sentiment Reasoner -a lexicon and rule-based sentiment analysis tool)[62].  

Stemming:  

It shortens all words to its fundamental. The Python documentation NLTK was 

applied to do so.  

Part of Speech (PoS) Labeling: 

The NLPNET Python documentation [63][64], that allows a PoS tagger for 

constituted texts, was applied.  

Summarization:  

Categorization stage demands solely the first three statements and the heading of the 

report. It is reliable with extractive briefing representations used in Web. 

Algorithm and Flowchart of our Sentiment Analysis Model: 

 This segment shows the illustration of sentiment analysis prototype displayed in the 

flowchart as follows: 

_blank
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Figure 10: Algorithm Flowchart 

In the above figure 10 stages to go on with the evaluation method are shown on the news 

articles so that we can classify the data about its positivity or negativity or spontaneity. 
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Hydroxychloroquine and COVID-19:- 

 

World Health Organization has alarmed doctors for giving approval of dubious 

therapy to the people affected by COVID-19. WHO also has alarmed the patients affected by 

COVID-19, for taking self-chosen drugs? The specialists from all over the globe agrees on 

the3 point that the prospects subsist but vigorous research is required to come to this point 

whether subsisting antiviral medicines are fruitful for the treatment of the patients affected by 

COVID-19. If it gets fruitful then they could mitigate the hazards of COVID-19 from this 

world. In many countries, it is observed that COVID-19 has prevailed uncontrollably and has 

created ample anguish and mortality. When this kind of unusual state has arisen, physicians 

have given much effort to provide the patients affected by COVID-19, with every sort of 

treatment for trying to make improvement from this ailment. In the whole world, a particular 

therapy has been famous now, and that is, the factual application of chloroquine and 

hydroxychloroquine which are used for the treatment of malaria. Though it is not a proven 

fact yet whether the application of them is able to cure a patient affected by COVID-19, 

many countries have so far incorporated CQ/HCQ in COVID-19 treatment conventions [65] 

[66] for the means of a treatment choice for profoundly affected patients and for a preventive 

measure as well. Here a wide difference in the result of the study has been displayed for such 

all-inclusive analysis of the antiviral upshot of CQ/HCQ on SARS-COV-2 and some other 

viruses. It is observed that CQ and HCQ revealed favourable outcomes. Though some clinical 
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efforts have brought a few prospective results of CQ/HCQ in treatment of the persons 

affected by COVID-19, the majority of the recorded are prefatory till date [67] [68] [69]. 

Besides, minimum 7 of the efforts in progress were invalid or ceased and this is not still 

evident whether it occurred on account of potential undesirable events, uselessness or any 

different issues. A number of cases regarding noxious elements is connected with such 

medicines [70][71][72][73]. Among them, the leading alarming one is the probability of OT 

continuation and the danger of ventricular tachycardia, and it is a menacing arrhythmia for 

life [74][75][76][77][78] . However, the analysis of our paper establishes that it is not 

customary, and still this is not clear if any collaborative hazard is witnessed after 

amalgamating other medicines with such medicines like AZT [46]. Evidently, it is conflicting 

to go on with a settlement of therapy devoid of an absolute experimentation rhythm and a 

vivid idea of the success of medicines and security. As there is some unpredictability, we 

should keep in mind about the probable hazards. So, we should be firmly sensible about the 

application of such medicines to the persons affected by COVID-19 if super arbitrary medical 

efforts are not customary for illustrating the part of the therapy of recovery from COVID-19 

[46] .   

 

Result Analysis: 
 

For managing evaluation from the outcome, we go ahead with calculation on the basis of data 

accumulated from Twitter data. For detection of positive or negative sentiments, we process 

article data. The following is such a tabular representation which the polarity along with the 

sentiment score as well as percentage is illustrated. These are accumulated from the dataset 

with the help of VADER sentiment analysis.  

Twitter Sentiment Score Description of India: In this tabular form the polarity and their 

sentiment score and percentage are shown. They are taken out by VEDAR sentiment 

analysis. Sentence Overall Rated is as “Positive”. 

 

 

 

 

 

Table 5: Polarity Value and Percentage of Polarity of Twitter Data Set of India 

 

Twitter Sentiment Score Description of USA: In the following tabular form, the polarity with 

their sentiment score and percentage are depicted. Sentence Overall Rated is as “Positive”. 

 

Polarity Sentiment Score Percentage 

Positive 0.128 12.8 

Neutral 0.776 77.6 

Negative 0.096 9.6 
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Table 6: Polarity Value and Percentage of Polarity of Twitter Data Set of USA 

 

Twitter Sentiment Score Description of China: In the following tabular representation, the 

polarity with their sentiment score and percentage are shown. Sentence Overall Rated is as 

“Positive”. 

 

 

 

 

 

Table 7: Polarity Value and Percentage of Polarity of Twitter Data Set of China 

 

Twitter Sentiment Score Description of Spain: In the following tabular representation, the 

polarity with their sentiment score and percentage are shown Sentence Overall Rated is as 

“Positive”. 

 

 

 

 

 

 

Table 8: Polarity Value and Percentage of Polarity of Twitter Data Set of Spain 

 

Twitter Sentiment Score Description of Germany: In the tabular representation as follows, the 

polarity with their sentiment score and percentage are illustrated. Sentence Overall Rated is 

as “Positive”. 

Polarity Sentiment Score Percentage 

Positive 0.133 13.3 

Neutral 0.77 77.0 

Negative 0.097 9.7 

Polarity Sentiment Score Percentage 

Positive 0.135 13.5 

Neutral 0.756 75.6 

Negative 0.109 10.9 

Polarity Sentiment Score Percentage 

Positive 0.134 13.4 

Neutral 0.766 76.6 

Negative 0.10 10.0 
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Table 9: Polarity Value and Percentage of Polarity of Twitter Data Set of Germany 

 

Twitter Sentiment Score Description of Italy: In the tabular representation below, the polarity 

with their sentiment score and percentage are shown. Sentence Overall Rated is as “Positive”. 

 

 

 

 

 

Table 10: Polarity Value and Percentage of Polarity of Twitter Data Set of Italy 

 

Twitter Sentiment Score Description of France: In the following tabular representation, the 

polarity with their sentiment score and percentage are illustrated. Sentence Overall Rated is 

as “Positive”. 

 

 

 

 

 

 

Table 11: Polarity Value and Percentage of Polarity of Twitter Data Set of France 

 

Twitter Sentiment Score Description of African countries: In the following tabular form, the 

polarity with their sentiment score and percentage are shown. Sentence Overall Rated is as 

“Positive”. 

 

Polarity Sentiment Score Percentage 

Positive 0.138 13.8 

Neutral 0.755 75.5 

Negative 0.108 10.8 

Polarity Sentiment score Percentage 

Positive 0.136 13.6 

Neutral 0.764 76.4 

Negative 0.10 10.0 

Polarity Sentiment Score Percentage 

Positive 0.134 13.4 

Neutral 0.769 76.9 

Negative 0.098 9.8 
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Table 12: Polarity Value and Percentage of Polarity of Twitter Data Set of African 

Countries 

 

In the figure 12, the graphs depicted below, tell about the juxtaposition of distinct statesmen 

of different countries, offering an outcome, and also depict the mode of HCQs application 

concerning the therapy of COVID-19. Here we can come to this decision that the outcome of 

polarity assessment and subjectivity has a positivity aspect for the application of HCQs for 

the therapy of COVID-19. More experiments are yet to be made on the opinions or 

sentiments with the application of well-developed methodology.    

  

Polarity Sentiment Score Percentage 

Positive 0.183 18.3 

Neutral 0.73 73.0 

Negative 0.086 8.6 
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Figure 12: Sentiment analysis result Twitter comments of different countries 
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Conclusion: 

 

In this research wok, it is shown how the concurrent upshot of scrutinizing distinct countries’ 

statesmen for comprehending the application of drug pattern with regard to COVID-19 is 

witnessed. The prototype has acted on the opinions of the tweets of the outcomes, this 

relative research is executed. This research work shows how VADER sentiment analysis 

approaches to make the prospective work. These outcomes display a concrete association of 

Twitter opinions with up/down in sentiment polarity. Additional experimentation can also be 

executed chain wise to have better outcomes in this area 

In this paper, it will be examined too, what outcomes we will have, applying live instances of 

the consequence created by corona virus infections all over the globe. Profuse incidents with 

numerical approaches to comprehend the patterns common in COVID-19 circumstances, will 

be scrutinized on the basis of historical aspects. In this suggested prototype, views and 

opinions are posted by reviews on tweets will be assessed 
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