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Data Lakehouse architecture

In the context of the European project KATY on precision
medicine, we prototyped a Data Lakehouse by
Integrating research studies that generated molecular
profiling data from cohorts of kidney tumor tissues
taken from patients included in drug clinical trials.
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Data Lakehouse technology

A Data Lakehouse is a data model close to a Data Warehouse allowing to
store structured and unstructured data, of different types and from different
sources in a non-hierarchical way. Unlike a Data Warehouse, a Data Lakehouse

contains the data needed to solve a single problem. Compared to the Data o7 [N o [N —
Lake, the Data lakehouse adds a layer of metadata and governance to = &5 = &5 - :EJ,
secure and finely control access to data.
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The distributed infrastructure of the Data Lakehouse, both in terms of =
storage and calculation, is suitable for managing large data. E 3]" E 3]"
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The Data Lakehouse was developed with the open source Delta Lake i
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aspects will use the Apache Atlas and Ranger software libraries. gp 2 {5 -
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Design strategies have been put in place to minimize latency of the queries T0Tas
and to facilitate the update of the database with new datasets. BT
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Data Queries

Wilcox test to evaluate the statistical association between
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We prototyped of a Data Lakehouse, integrating patient molecular and clinical
data, to support the development of Al models for predicting patient response
to targeted and immuno-therapies.

The queries we implemented as part of the first two use cases allowed us to
validate our data structure.

In perspective, we plan to add a layer of security and data governance and
to integrate additional data collections.
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