MCC9 Data/MC

Zd t ZMC 0.99 Emm BNB v, CCQE (353.89) . Intrinsic (0.07) BN BNB Not 1L1P (2191.88)
a a/ B = BNB Vu MEC (2993) 3NB Other (097) mmm Cosmic Background (1054 92)

MicroBooNE Preliminary

X X

an anomalous excess of

Tlle I.EE or Low Energy Excess Is i ligg 'I'Ile IS an 87 ton active
e, volume Liquid Argon

ks

Events in 5e19 POT

wewamm] clectron neutrinos and o OIS , Time Projection R
el % I antineutrinos measured by . T R NG Chamber (LArTPC) S

=" 1 the MiniBooNE detector, located on

| | . 2 | ok - -
‘A, “ . )‘:« / E . % :
| - £\ Ny | e g - U“ ~MC Stgt Error s(é\,::llgi(:oi)ai 5es
‘ - - 1] N ’ - \ 12
—— Constr. Syst. Error ' il 1} i * : “~ 7 A ‘ N = | : : . :
: . AT ' 3 U A T B e
i 1} U\ e } . y. © 03
collaboration on the s TS TS , € Sdme peamliine asS EskEas i
> (R, h { 5 ' iy A / 00 02 04 06 08 10
g ., ] & } - . i e Cosmic BDT Score
n n : d | " i ' \ < N N
(! \ i - J : Ll -
B X " ¥ : ~ - (A : ™~ " v
2 3 A\l ‘c ; 3 \ ik ! . "’ AY
' i MW M N ) ) & o
. » s 4 4 {
» : | .(-', ,-".

“Hy = WEEE| Fermilab Booster Neutrino MiniBooNE.
I Beamline (BNB).!"

EventsiMeV

anomaly.
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BDT predictions.

When a neutrino event interacts with an argon But why v ’s? Wasn’t the excess in ve’s?
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particles will travel through the detector, ionizing
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10.1e20 POT, we predict to see over 4k v, events!

MicroBooNE can select a
/0% pure sample of our
v, CCQE signal with:

- High statistics

- 2% cosmic background

- High agreement of data
to predicted events

In the coming months,
this will be combined with
a selection of v. CCQE
events to constrain our
measurement of the LEE.
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