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ABSTRACT

Since the time online retailing format started getting consumer acceptance in India, consumers
now have wider options available for them to buy a product at a discounted price and notably, as
online stores in India are following the product discounting as one of the key drivers for consumer
acquisition, consumers’ perspective towards discount at Brick-and-mortar store has changed. This
change in consumers’ perspective has put the majority of Brick-and-mortar retailers in India into
a quandary and they are losing out their market share slowly to online retailers. From the existing
literature we have found many discounting frameworks suggested by researchers, but they are all
isolated for specific contexts and leave it to retailers to create their own discounting frameworks.
In this work, we have attempted to create an integrated discounting framework for Indian brick-
and-mortar retailers by carrying out multiple experiments with different manipulations and under
different contexts along with taking clues from past research findings, insights and suggestions
along with testing validity and reliability of the proposed framework in the field.

Keywords: Discount, End-of-season sale; Brick-and-mortar store; Offline store; Physical store;
Consumer perspective; Online store; Sales promotion; Discount Framework; Short-Term
Discounts; Long-Term Discounts; Decentralized Discounts.
This ongoing change in penetration is projected
to increase the total internet user base to 657.8

1. INTRODUCTION :

The e-commerce retailing format undoubtedly
making a paradigm shift in the way retailing is
done in India. This new retailing format, e-
commerce is projected to get larger in size to 62.3
billion US$ by the year 2023 which is at 32.34
billion US$ in the year 2019. Such a significant
improvement in the share can be attributed
mostly to rapidly increasing penetration of
smartphones and internet users.

million by the year 2023 which is at 553.7 million
as of the year 2019 in India. Share of buyers using
e-commerce retailing format in India is all set to
become 50.03 percent by 2020 which is at 23.55
percent as of the year 2016 (Statista) [1]. The
overall market size of the Indian Retail industry
which was at 950 billion USS$ in the year 2018
might cross 1.1 trillion US$ by the year 2020
(IBEF) [2]. E-commerce has been able to expand
its market consistently in India. Owing to this
new retailing format consumers now have the
widest product assortment offered to them at
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discounted prices. E-commerce retailing format
has probably crossed a key milestone in
revolutionizing the Indian retail market, and this
trend is expected to continue for many more
years. As per one IBEF’s December 2019 [2]
report on Indian retailing, it is noted that the
union government of India is also working on
various ways to boost consumption in the rural
market of India and e-commerce will have its
significant contribution in achieving this.
Forecast also indicates e-commerce retailing will
be able to capture 7 percent of the overall Indian
retail market by 2021.

In such a short period e-commerce retailing
format in India reached to around 3 percent of the
overall Indian retail market. Growth rate is more
than double as compared to the Brick-and-mortar
stores. Available literature indicates to key
reasons for this as being capable of building the
trust of the consumers in online stores, they have
successfully established their brands in the minds
of the online shoppers through their 365 days
discounts, deals and low-price strategies. Even
though it is very hard to build a sustainable
business model using strategies mainly based on
price wars, it is inevitable that the brick-and-
mortar stores in India will have to ascertain
specific strategies head-on to deal with this
increasing loss of market share to online stores.
Up till the emergence of online stores in India,
brick-and-mortar retailers were following a
season and occasion driven sale promotions
prominently known as end-of-season sale and
festive sale which accounted for close to 40
percent of their annual revenue. But, post the
emergence of online stores in India, the majority
of brick-and-mortar retailers in India are
bewildered with continuous discounts, deals, sale
promotion events, coupons being offered by the
online stores throughout the year and they are not
able to design appropriate sales promotion
programmes.

2. LITERATURE REVIEW :

We have noted that, for many, the choice of store
format was and is one of the important research
subjects among many researchers beginning from
the 70’s of the 20th century. The authors of many
of earlier studies - among others: Monroe &

Guiltinan (1975) [3], Arnold, Oum & Tigert
(1983) [4], Mason, Durand & Taylor (1983) [5],
Keng & Ehrenberg (1984) [6], Louviere & Gaeth
(1987) [7], Spiggle & Sewall (1987) [8], Dawson,
Bloch & Ridgway (1990) [9], Burke et al. (1992)
[10], have studied to rationalize store choice
using different approaches, models and
frameworks with respect to internal and external
factors to the consumer such as (a) store attributes
(b) situational factors, (c) consumers’
households, (d) consumers’ demographics, ()
consumers’ shopping patterns, (f) consumers’
attitudes toward stores, (g) implied importance,
and (h) weightage of price levels. It is also noted
that most of the above said studies were carried
on same store formats (supermarkets and
discount stores).

Weitz (1979) [11], believes that the way in which
sales personnel interact with consumers needs to
be customized to each consumer and this could
possibly be able to determine their success. Saxe
and Weitz (1982) [12], were the first to define
sales personnel’s consumer orientation. This
customer orientation is said to happen when the
sales personnel and consumer together practice
the marketing concept. They have clearly stated
that just the interaction between sales personnel
and consumer does not yield to this orientation, it
needs to encompass most of the marketing
concepts driven centrally by the company. Later,
Brown et al. (2002) [13] narrowed down this
definition and came up with two key constructs,
the first one being sales personnel’s tendency to
ensure consumer needs are met and the second
one being the level of sales personnel’s
enjoyment in doing so. Vandewalle et al (1999)
[14], what can lead to sales personnel enjoy the
process of interaction with consumers and
ultimately selling a product is their strong
orientation to learning.

Gupta and Cooper (1992) [15], have
demonstrated that brand reputation plays an
important role in creating consumer perceptions
over discounting announcements. Hence discount
level alone will not be able to determine the
changes in consumers intent to buy more. We
have also noted that few studies have examined
the relationship between consumer shopping
behaviour and retail pricing format (Bell, Ho &
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Tang, 1998) [16], particularly this relationship is
stronger when one store format is priced higher
than another. Chandon et al (2000) [17],
suggested that the discount types and levels need
to be relevant to the products/category to enhance
consumer preference to buy more.

Shim et. al (2000) [18], using consumer’s
shopping behavioural intentions was able to
determine three different segments of market in
relation to consumer’s shopping behaviour, such
as a) primarily Internet shopper, b) product-
situation specific cross-shopper and c) primarily
store-oriented shopper markets across a)
cognitive and b) sensory products. One of the key
recommendations from the researchers was that
the retailers and mall developers should
understand the greater importance of social
influence on online shoppers and cross-shoppers,
as compared to traditional store shoppers.
Perhaps a competitive strategy could be utilized
whereby promotions portray aspirational and/or
peer members of Internet consumers describing
their positive experiences as mall patrons.

As per Peter and Olson (2002) [19], consumer
preference for a particular retail channel and
format is influenced by many internal and
external factors viz., changes in the overall
industry, the economy, price level, convenience,
time required for shopping, demographics and
personality of consumer. Bhatnagar, & Ratchford
(2004) [20] were able to find an optimal condition
by manipulating total cost and price levels
between different retailing formats which can
influence the consumer choice of retailing
format. Hardesty and Suter (2005) [21] argue
that, post the online retailing format emergence,
consumers’ expectations on lower priced
products has increased.

Diwakar Gupta et. al (2006) [22], argue that it is
very difficult to set clearance prices or discount
levels for liquidating stocks and this problem is
even worse towards the end of EOSS. Most
importantly the impact of change in discount
level towards the end of EOSS have shown
minimal impact on consumer demand. Few
researchers were also able to develop methods of
arriving at optimal prices during EOSS period
and they have also indicated that, even though the
impact of EOSS is positive as far as clearance of

old inventory is concerned it holds valid only for
shorter period of time (Wierenga & Soethoudt,
2010) [23], because these are perceived by the
consumer as an immediate benefit (Yusuf, 2010)
[24]. As per findings of research studies
conducted by Teunter (2002) [25], Wierenga and
Soethoudt (2010) [23],a significant share of
overall sales is contributed by the sales revenue
represented by promotional events and activities
by the retailers.Few researchers have also
indicated that there still exists huge gap in
understanding of the relationship between
consumer purchase behaviour and sales
promotional events both at the theoretical and
practical levels (D’ Austous & Landreville, 2003
[26]; Haans & Gijsbrechts, 2011 [27]).
Mokhtarian and Tang (2009) [28], suggested that
the key influencers in the consumer retail channel
or format choice are the key characteristics of a
retail channel or format as perceived by the
consumer and the same is different at different
stages of consumer’s purchase decision-making
process. Dhruv et. al (2017) [29]. One of the key
components of their organizing framework for
‘future of retailing’ identified by them was
‘visual display and merchandise offer decisions’
along with other four components 1) technology
and tools to facilitate decision making, 2)
consumption and engagement, 3) big data
collection and usage and 4) analytics and
probability.

Ganesha, H.R. et al (2020) [30], concluded that it
is practically impossible to change consumers
perspective towards a discount in favour of
Brick-and-mortar store as the same is widely
influenced by a paradigm shift in the evolution of
various modern retailing formats available now to
consumers to buy required products. It was
evident from their empirical research that Brick-
and-mortar retailer will no more be able to
convert walk-ins into bills unless the discount is
one of the key components of their selling
proposition, but possibly retailer can analyse their
sales data on a consistent basis to determine ideal
levels of discount which can probably gain a
competitive edge over online stores on the
discount component and arrest such huge
degrowth in their store profitability. Ganesha,
H.R. et al (2020) [31], conducted multiple short-
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term discounting experiments and compared the
findings with past ten years empirical data and
concluded that; ‘discounts, if offered to select
consumers on select product/category for a
shorter period of time, could possibly (a) attract
only relevant consumers who were planning to
purchase these products, (b) distract consumers
for whom the product/category on discount offer
is either irrelevant or already being bought, (c)
create a perception in consumers mind about
discount levels available at their Brick-and-
mortar store higher than that of an online store on
a consistent basis, (d) negate the loss or reduced
gross earnings in the discounted product/category
through regular sales from non-discounted
products/categories. And thereby (a) positively
impacting the overall store level profits and (b)
creating sustainable competitive edge with online
stores over the discount component’. Ganesha,
H.R. et al (2020) [32], conducted multiple long-
term discounting experiments and compared the
findings with past ten years empirical data and
concluded that; ‘discounts, if offered to select
consumers on select product/category for a longer
period of time which allows consumers to create
favourable perceptions towards the store, could
possibly (a) attract only relevant consumers who
were planning to purchase these products, (b)
distract consumers for whom the
product/category on discount offer is either
irrelevant or already being bought, (¢) create a
perception in consumers mind about discount
levels available at their Brick-and-mortar store
being usually higher than that of an online store
on a consistent basis, (d) negate the loss or
reduced gross earnings in the discounted
product/category through regular sales from non-
discounted products/categories. And thereby (a)
positively impacting the overall store level profits
and (b) creating a sustainable competitive edge
with online stores over the discount component’.
Ganesha, H.R. et al (2020) [33], conducted a
long-term decentralized discounting experiment
and concluded that; ‘the experiment of
decentralizing the discount offers along with
empowering the sales personnel who are the
closest link between the retailer/brand and the
consumers have clearly shown significant
improvement in overall store profitability. This,

in turn, suppress the fact that it is not just the
discount level, type, duration, coverage, and
advertising discount offer which is important to
attract more consumers and increase their intent
to purchase more, what is also very important is
(a) how does the sales personnel who is dealing
with the consumer directly and has real-time
insights about consumer’s intent, needs and
attitude towards a particular purchase activity
communicate available discount offers to
consumers with confidence, (b) does he/she
believes in a particular discount offer and (c) can
he/she convince the consumer about the benefits
of discount offers which are not real-time. What
is very important is the retailer’s understanding of
existing consumer base, their purchase history,
their purchase behaviour, their response to
different  types, their life-stage needs,
product/category usage frequencies and levels of
discounts previously offered and most of this
information and the decision to offer a relevant
discount to the consumer in real-time is easier
when the sales personnel is empowered to do so’.
From the existing literature we have found many
discounting ~ frameworks  suggested by
researchers, but they are all isolated for specific
contexts and leave it to retailers to create their
own discounting frameworks. In this work we
have attempted to «create an integrated
discounting framework for Indian brick-and-
mortar retailers by carrying out sixteen
experiments under different contexts along with
taking clues from past research findings, insights
and suggestions.

3. OBJECTIVES:

Key objectives of this research were to;

(a) understand the change in overall store
profitability by applying multiple
discounting  frameworks  across;(i)
control group, (ii) experimental group,
(iii) pre-test period, (iv) post-test period,
(v) pre-online stores emergence period
and (vi)post-online stores emergence
period,

(b) analyse all the discounting frameworks
post experimentation,
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(c) shortlist and assign proven discounting
frameworks in relation to the context of
discounting,

(d) design an integrated framework deriving
insights based on the assignment process
and outcomes.

4. METHODOLOGY:

Stage I: One organized Brick-and-mortar retailer
in India was selected who is having stores all over
India across (a) mall stores, (b) high-street
stores,(c) neighbourhood stores,(d) tier 1, 2 and 3
cities, (e) offering multiple-categories and
multiple-brands at mid to high price positioning
catering to pregnant women, new moms, babies,
infants and kids up to 8 years.

Stage II:

i.  Retailer perspective: The entire
population (388 employees) across
various functions/department such as (1)
management and strategy, (2) marketing
and communication, (3) category
management, (4) supply chain
management, (5) finance and accounts,
(6) IT and support functions,(7) human
resource  department,(8) sales and
operations,(9) store sales staff of the
select Brick-and-mortar retailer were
interviewed under controlled
environment through google sheets to
collect information regarding their
perspective towards discounts at brick-
and-mortar  stores pre and post
emergence of online stores.

ii.  Consumer perspective: A random sample
(2712 customers) of customers of the
select Brick-and-mortar retailer were
interviewed under a  controlled
environment  through  close-ended
questions to  collect information
regarding their perspective towards
discounts at brick-and-mortar stores pre
and post emergence of online stores.

Stage III: Data for all the stores was collected
prior to all the experimentations (pre-test).

Stage I'V: Multiple discounting frameworks were
experimented over a period of eleven months
(experimental phase).

Stage V: Results obtained during the

experimentation stage (post-test) analysed using
appropriate statistical methods and compared
with the pre-test period.

Stage VI: The findings from this experimentation
were compared with the results of empirical
research previously carried out on the impact of
changes in retailer and consumer perspective
towards discount post emergence of online stores
in India.

Stage VII: Insights and inferences from the
research findings were used to propose an
integrated discounting framework for Indian
Brick-and-mortar retailers.

Stage VIII: In this stage, the proposed integrated
discounting framework was applied across all the
stores over a period of 30 days to test the validity
and reliability of the framework in the field.

5. DETAILS OF EXPERIMENTS :

Table 1: Key differences and comparisons
across all the experiments.

Key Objective in

Expt:llment Tipe Duration [n\".*ulor‘\' Manage ment Relation to Online
Code (in days)  Coverage Control
Stores

[IEY Pre-onlme 45 All old stocks Centralized Mot applicable
0B Post-oniline 60 Al stocks Centralized  Gain competitive edge
1 Short-term 8 All stocks Cenmalized  Gain competitive edge
2 Short-term 3 Specific categary  Cenmralized  Gain competitive edge
3 Short-tem 3 Specific categary  Centralized  Gain competitive edge
4 Short-tenn 3 Specific categary  Centralized  Gam competitive edge
5 Short-tenn 3 Specific category  Centralized  Gain competitive edge
[ Short-tenn 3 Specific category  Centralized  Gain competitive edge
7 Short-temm 1 All stocks Cenralized  Gain competitive edge
8 Shon-temn 1 Al stocks Centralized  Gain competitive edge
9 Short-tenn 1 Al stocks Centralized  Gain competitive edge
10 Long-tenn 35 Al stocks Centralized  Gain compefitive edge
11 Long-tenm 15 All old stocks Centralized  Gain competitive edge
12 Long-tenn 25 Alloldstocks  Cenmralized  Gain competitive edge
13 Long-term 25 Alloldstocks  Cenmalized  Gain competitive edge
14 Long-tenn 2 Specific product  Centralized  Gain comperitive edge
15 Long-tenm 28 Specific product  Centralized  Gain competitive edge
16 Long-term 43 Specific product  Centralized  Gain competitive edge
17 Long-term 333 Al stocks Decentralized  Gain competitive edge

Tablel: (continued): Key differences and
comparisons across all the experiments.
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Levelof  In-Store ‘I:r?r:?:; .
Experiment Compefition Level Customized fo  Signages & AL I C:n:u;n} “I
Code  with Online Stores ~ Select ~ SMSto Existing - S
with Online
Consumers  Consumers
Stores
04 Not applicable Low Yes;toal  Yes Notapplcable
0B Head-on (direct) Low Yes;toal  Yes Yes
1 Indrect Low Yes;toal  No Yes

2 Head-on (direct) High Yes;toselect  No Yes
Head-on (direct) High Yes;toseleet No  Yes
Head-on (direct) High Yes;tosekct  No Yes
Head-on (direct) High Yes;toselect  No Ves
6 Head-on (direct) High Yes;toseket No  Yes

P I

u-

7 Indrect Low Yesitoal  No Yes
§ Indrect Low Yesitoal  No Yes
9 Indrect Low Yesitoal  No Yes
10 Indrect Low Yesitoal  No Yes
11 Indirect Low Yes;toal  No Yes
12 Head-on (direct) Low Yes;toal  No Yes
13 Head-on (direct) Low Yes;toal  No Ves

14 Matched to onlne High Yes:toseket No  Ves
15 Head-on (drect) High Yes;toseket No  Yes
16 Just above online High Yes;tosekct No  Yes
17 Head-on (mdirect) High No No  Yes

6. KEY FINDINGS AND INSIGHTS :

Based on a qualitative survey of employees
across all the departments of the select retailer,
they strongly believe that, before the emergence
of online stores, discounts at a Brick-and-mortar
store were offered basis the age of the inventory
that too during specific periods (July and
January) widely known as end-of-season sale
(EOSS) which was considered to be a shopping
festival. But, post-online stores emergence, the
discount has become one of the most important
tools for converting walk-ins into bills. Without
offering a discount it is practically impossible to
convince consumers to buy products at their
Brick-and-mortar store irrespective of the age of
the inventory and the type of sale period owing to
which the discounts are now offered to
consumers throughout the year to ensure the
average transaction values are maintained and
possibly stop losing consumers to online stores.
This significant change in consumers perspective
towards discounts is forcing the Brick-and-
mortar retailer to lose gross margins and in turn
store profitability.

Based on a qualitative survey of consumers
shopping at the retail store which has undergone
multiple discounting experimentations, strongly
believe that, before the emergence of online
stores, discounts at a Brick-and-mortar store were
offered basis the age of the inventory that too
during specific periods (July and January) widely
known as EOSS which was considered to be a
shopping festival for which they used to eagerly
await for. But, post-online stores emergence,
discounts are available for them throughout the
year and hence discount has become one of the
most important factors for them to make any
buying decisions. It is practically impossible for
consumers to buy any products at an original
price. This significant change in consumers
perspective towards discounts is forcing them to
not increase their average transaction values per
visit to any Brick-and-mortar store thereby
making the retailer to lose gross margins and in
turn store profitability. Empirical data of ten
years (which includes data for pre and post online
emergence periods) of a select Brick-and-mortar
retailer strongly conforms with most of the
beliefs of consumers and retailers on changes in
consumer perspective towards discount post
emergence of online stores across. But the data
clearly indicates that a) retailer has not followed
any strategical way of offering discounts b)
retailer is carried away by perceptions/beliefs of
store sales staff and consumers, c¢) discounts have
been increased by 2.202 times without any
significant improvement in the conversions and
average transaction values per consumer. Owing
to these changes in consumer perspective towards
discount retailer is now making 4.249 times lesser
profit as compared to pre-online stores
emergence.

Results of multiple short-term discounting
experiments (experiment codesl, 2, 3, 4,5, 6,7,
8 and 9) indicate that the discount levels, discount
types, discount duration and discount coverage
impact consumer attraction and overall store
profitability levels. Some have a positive impact
and some negative. It is important to note that, ten
years of empirical data and these nine
experimentations though indicate a significant
positive correlation (0.269 at 0.01 level 2-tailed
with Sig. value of 0.000) between discount and
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consumer attraction it also shows that the overall
store profitability is significantly correlated
negatively with discounts (-0.665 at 0.01 level 2-
tailed with Sig. value of 0.505).

Results of multiple long-term discounting
experiments (experiment code 10, 11, 12, 13, 14,
15 and 16) indicate that the discount levels,
discount types, discount duration and discount
coverage impact consumer attraction and overall
store profitability levels. Some have positive
impact and some negative. It is important to note
that, ten years of empirical data and these seven
experimentations though indicate a significant
positive correlation (0.407 at 0.01 level 2-tailed
with Sig. value of 0.000) between discount and
consumer attraction it also shows that the overall
store profitability is significantly correlated
negatively with discounts (-0.658 at 0.01 level 2-
tailed with Sig. value of 0.054).

In the decentralized discounting experiment
(experiment code 17), we have found that the real
treatment effect has shown a 3.541 times
improvement in the overall store profitability of
the experimental group over their pre-test period
which is significant. When compared with
different periods indicate that the discount levels
and the way in which the discount is offered to
impact consumer attraction and overall store
profitability levels. In the experimental group
post-test, we have found a significant positive
correlation (0.886 at 0.01 level 2-tailed with t-test
Sig. value of 0.000) between discount and
consumer attraction and a significant positive
correlation between discounts and overall store
profitability (0.774 at 0.01 level 2-tailed with a t-
test Sig. value of 0.145) whereas in the control
group we have found a positive correlation (0.446
at 0.01 level 2-tailed with a t-test Sig. value of
0.000) between discount and consumer attraction
and a positive correlation between discounts and
overall store profitability (0.205 at 0.01 level 2-
tailed with t-test Sig. value of 0.049) which is not
statistically significant.

Table 2: Percent change in key factors across
experiment types over post-online period.

Centralized Decentralized

Factors Discounting Discounting

Average selling price ¥ % W %

Average transaction vahe P 1% ¥ -14%
Average basket sze d 3% * -16%
Discount per cent B 20% 8 4%
Bils per day per square foot ¥ 9% A 8%
Sale quantity per day per square foot W 5% AN 54%
Discount value per day per square foot A% -21% & -29%
Revenue per day per square foot ¥ 1% A 9%
Earning per day per square foot 8 0% A 2%
Profit per day per square foot 8 39% A 1%

Table 3: Percent change in key factors across
experiment types over post-online period.

Factors Short-Term Long-Term

Average selling price 1% ¥ 1%
Average transaction value B 20% W %
Average basket size 0% D T%
Discount per cent ¥ 5% A -20%
Bills per day per square foot 8 26% W 2%
Sale quantity per day per square foot = 25% ¥ 12%
Discount value per day per square foot $ -39% M -20%
Revenue per day per square foot B oso% ¥ 14%
Eaming per day per square foot D % D 3%
Profit per day per square foot D 95% W 53%

Table 4: Percent change in key factors across
experiment types over post-online period.

Fictors Low High
Customization Customization

Average selling price ¥ 2% ¥ 1%

Average transaction value ¥ 1% ¥ %
Average basket size A 3% D 1%
Discount per cent f-15% f-20%
Bills per day per square foot ¥ % 8 2%
Sale quantity per day per square foor W 2% 2 1%
Discount value per day per square foot & -17% fo-20%
Revenue per day per square foot ¥ 5% ¥ 4%
Eaming per day per square foot 2 3% D 3%

Profit per day per square foot ¥ 23% A 3%
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Table 5: Percent change in key factors across

experiment types over post-online period. All
Factors
Stocks
Average selling price 2%
Average tramsaction value 2-1%
Average basket size A 3%
Discount per cent -15%
Bills per day per square foot ¥ 5%

1.200

1.000

0.800

0.600

0.400

0.200

0.000

Sale quantity per day per square foot 2%
Discount value per day per square foot AN-17%
Revenue per day per square foot @ 5%
Eaming per day per square foot 8-3%
Profit per day per square foot W 23%

—Discount per cent Store Revenue (proportion of best revenue)

SRINIVAS

PUBLICATION

Old  Single  Single
Stocks Category Product

8% A% H%
V4% Aun A%
8% A% B
849 W59% DA%
Foie D 1%
R P W%
8- Y49% W-41%
B Rse% 2%
B20% B26%  §-17%
ez 1T W 4%

Chart 1: Annualized discount levels and relative store revenue in proportion to best revenue level. Green
dotted line showing the ideal level of discount for the best possible store revenue and profit level.
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0.000 TV

-0.100

-0.200

-0.300

-0.400

-0.500

——Discount per cent

o —

Store profit (percentage of revenue)

Chart 2: Annualized discount levels and relative store profit as a percentage of store revenue. Green
dotted line showing the ideal level of discount for the best possible store revenue and profit level.

It is evident from multiple statistical analysis that,
the discount is an important factor in attracting
consumers across the experimental group, control
group, pre-test period and post-test period. But as
far as overall store profitability is concerned, the
results show that even though the levels of
discounts were almost similar among multiple
experiments and periods, the improvement in
overall store profitability was different across
multiple experiments in comparison to post-
online period as shown in table 2, 3, 4 and 5.1t is
also clear that there isn’t a single and standard
discounting type which can be applied across
different contexts.

7. PROPOSED INTEGRATED
DISCOUNTING FRAMEWORK :

Based on qualitative and quantitative results from
surveys and multiple experimentations we
propose an integrated discounting framework for
Indian brick-and-mortar retailers to gain a
competitive advantage over online retailers on the
discount component. Any discounting method
before its application, the retailer must categorize

all the products/categories in their offering into(a)
low, (b) medium and (c) high based on (I) explicit
product need and need fulfilment frequency and
(IT) like-for-like availability of product at online
stores which enables consumers to compare
discounts available at online stores for similar
products/brands. Once the categorization of
products/categories is done, the retailer needs to
allocate appropriate discounting methodology as
indicated in the proposed framework 1 which
comprises of; (i) type of control (centralized;
decentralized), (i) consumer orientation
(customised; un-customized), (iii) duration
(short-term; long-term), (iv) coverage (only on
old stocks; on all stocks; on specific category; on
the specific product). Table 6 defines these key
elements further.

With reference to chart 1 and 2 which are plotted
based on 120 different levels of discounts ranging
from 0.005 to 0.408 percent on original product
price are able to showcase an ideal level of
discount shown through a vertical dotted line and
the same is between 0.11 to 0.12 percent on
original product price. This ideal level producing
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the highest level of revenue and store profit was
the result of applying the proposed integrated
discounting framework at all the stores belonging
to the select retailer in the experimentation. The
integrated framework proposed does not in any
manner states that by offering a flat discount
between 0.11 to 0.12 percent on the original
product price yields the highest revenue and store
profit. The suggested ideal level is an annualized
discount percent and not a constant number
throughout a financial year. Retailer can decide to
offer any level of discount as long as the
annualized discount level of the store remains
within the proposed ideal level.

Explicit product need and need fulfilment

Type of
; ; frequency
Discounting ¥
Low Medium High
H Cenfralzed Centralzed Decentralized
i HihrCustomization  High-Customization  High+Customization
Like-for- £ Short-Term Short-Tenm Long-Term
lik b Specific Category 0Old Stocks All Stocks
e £or)
availability
of product
at online Centralized Centralzed
stores i izat i izati
i High-Custormzation  High-Custonmuzation No Discoting
Short-Temm Long-Term
Old Stocks 0Old Stocks

Framework 1: Proposed integrated discounting
framework.

Table 6: Definition of key elements of the proposed integrated discounting framework.

Key elements of the framework

I. Explicit product need and need fulfilment frequency

Definition

Obvious and stated need/frequency of product requirement;
a) low - once in a year. b) medium - once in three months. ¢) once in a maonth

II. Like-for-like availability of product at online stores  Similar product traceable at SKU level

III. Discount type
(i) Centralized Discounting
(ii) Decentralized Discounting
(iif) Short-Term
(iv) Long-Term
(v) Customized
(vi) Un-customized
(vii) All Stocks
(viii) Old Stocks
(ix) Single Category
(x) Single Product

8. CONCLUSION :

Discount is a complex component and makes the
discounting phenomenon furthermore
complicated to understand. It is not just about
understanding the ideal type, duration, consumer
orientation level, product/category coverage and
the level of discount. It is all about understanding
the role of every product/category and consumers
in relation to the overall business goal of the
retailing format and applying different
discounting methods in relation to prevailing
competition as far as the discount component is
concerned.  The  integrated  discounting

Controlled by retailer's head office team

Sales persomnel empowered with maximum limit

one to seven days

one month to one year

Specifically designed and communicated to a relevant group of consumers
Designed and communicated all the potential consumers

Applicable on all the stocks available in the store

Stocks which are aged beyond 180 days in the system

Group of variety of products serving a common consumer purpose
Specific product pertaining toa brand

framework proposed does take this complexity
into consideration and gives clear guidelines in its
application and in a way reduces the implicit
complexity of the discounting phenomenon as a
whole. When we applied the proposed integrated
discounting framework for a period of 30 days
across all the stores of a select retailer, stores
delivered the highest ever revenue and profit at an
annualized discount of just 0.116 percent in turn
providing validity and reliability of the proposed
framework in the field.

9. SUGGESTIONS :

Brick-and-mortar retailers need to clearly
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understand every other retail format’s key
business goal behind using the discount
component as one of the key factors of the sales
proposition. Few may be trying to capture the
bigger market share, few may be trying to show
exponential growth in their revenue to attract
more investors, few may be trying to wrap up
their business and few may be assuming that all
these consumers acquired based on discount as
one of their key components of selling
proposition are going to be loyal to their store
forever. What is very important is the key
business goal of your retailing format and
business, clearly understand your
product/category assortment/offering in relation
to consumers and their needs using both
qualitative and quantitative methodologies and
make modifications to the proposed integrated
discounting framework more often to gain a
competitive edge over any retailing formats on
the discount component.

10. LIMITATIONS :

The main limitation of this research work is the
coverage of the various stakeholders viz.,
consumers and retailers in experimenting with
all the seventeen discounting frameworks. This
might limit the generalizability of the research
findings to other set of retailers and consumers.
The second limitation would be the empirical
validation is restricted to one retail format i.e.,
multi brand and multi category baby care stores
in India and hence the generalizability of the
findings and suggestions to other retail formats.
The third limitation would be our ability to carry
out true experimental design, but most of for the
majority of experiments we have followed pre-
test post-test control group experimental design.
However, it provides significant input regarding
the ways to apply this integrated discounting
framework as the same was derived from
findings multiple experiments spread over
eleven months and validated with actual
empirical transactional data across different
periods over a period of ten years.

11. SCOPE FOR FURTHER RESEARCH :

It is recommended that the proposed integrated
discounting framework to be experimented by
researchers and finetune the framework if

required. Based on the key growth objectives for
a specific period and specific context, brick-and-
mortar retailers can implement this integrated
framework at their select stores and finetune the
same based on real-time findings which can then
be implemented across the entire chain of their
stores.
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