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In the Wild TTS 

TTS training benefits from realistic and spontaneous data, yet this 
data is noisy, contains hesitations, fillers and transcriptions are not 
always faithful. Our submission focused on improving the training 
data quality and also studied the effect of the input quality of the 
audio prompt.

Pipeline At A Glance

Models & Training

● F5-TTS2: Fine tuned for 75k steps, learning rate 1e-5, 5k 
warmup, batch 76,800 frames; tokenizer unchanged. 

● F5-TTS tiny: Trained from scratch, 1M steps. Increased number 
of heads to 16 but reducing depth to 12.

● StyleTTS23: Fine tuned for 12k steps, learning rate 1e-4, batch 
16, max len 800, 12k steps; diffusion after first iteration, joint 
training from epoch two.

Prompt Length effect

Longer prompts boost speaker similarity in both models. WER and 
UTMOS had a significant drop when using short prompts for 
StyleTTS2. F5-TTS is more robust to the length variation for WER and 
UTMOS.

Enhanced Prompt effect

Enhanced audio prompts consistently improve perceptual quality and 
intelligibility across both models and test sets, with a larger 
intelligibility gain in StyleTTS2 — likely due to its acoustic encoder 
being more sensitive to prompt quality than F5-TTS's prompt-based 
conditioning. The main trade-off is a slight decline in speaker 
similarity.

Spectral Evidence

Spectrograms confirm bandwidth recovery. F5-TTS (raw) shows 
limited energy above 8 kHz; enhancement extends bandwidth and 
restores high-frequency harmonics. StyleTTS2 already emits >8 kHz; 
enhancement makes high-frequency energy more consistent, which 
translates into fuller spectrum.

Best Submission Pick

We submit F5-TTS with enhanced, long prompts.  It delivers top 
DNSMOS pro (3.47) and strong WER and speaker similarity, excelling 
on zero-shot tracks. 
Strategy: Transfer learning + prompt engineering + enhancement -> 
robust in-the-wild TTS.
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