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Feature importance methods don’t deal with inter-class 
relationships. 

Global methods (e.g. PFI [1]) summarize the average model 
behavior, making them subject to aggregation bias. 

Local methods (e.g. SHAP [2]) explain one instance. 
A unique ranking is outputted in binary classification only. 

To quantify the model’s performance in separating classes σ and ρ, we merge σ and ρ to then look at 
the improvement in empirical risk 
 

A feature might carry discriminative power to separate just 
two features while being otherwise not relevant. 

We mimick the absence of feature    by permuting it. We assess the new model performance 

Caption. Decision tree fitted on the 
sepal length and sepal width features 
of the Iris dataset

Caption. Merging setosa and virginica Caption. Merging versicolor and virginica Caption. Merging setosa and versicolor 

An interpretable decision tree is 
fitted on the Iris dataset to have 
ground truth 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