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* Sensory prediction: an automatic, pre-attentive process?'?3

« The majority of recent work investigating speech processing has focused on within-modality manipulations of attention*°. These studies suggest that
predictive speech processing is strongly dependent on attention.

* However, it may be that the visual and auditory sensory domains share common attentional mechanisms and demonstrate similar object-based selection

effects’.
* Here we explore whether predictive speech processing is similarly dependent on attention when attention is manipulated cross-modally (across audition and
vision).
®
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Attending to a visual task does not reduce the neural tracking of the
phoneme predictability

No detectable effect of either attentional focus or attentional load on the neural ...0r the temporal processing of speech
tracking of speech features... features
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= p < 0.05, corrected for multiple comparisons using Threshold-Free Cluster Enhancement (5000 permutations), N = 28 Root-mean-square (RMS) of model weights across speech-sensitive electrodes. Weights
participants. extracted from all-features model. Tests for differences between condition-pairs using
Threshold-Free Cluster Enhancement (10,000 permutations) failed to reveal any significant
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