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IMPACT
ONTOLISST provides tools to simplify topic assignment, thus supporting cross-domain 

data curation standardization.
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To improve access to and visibility of social science research

Step 1

Collection of 
thematic 
metadata 
(CVs) from RIs

Step 2

Create 
own 
thesaurus 
(LiSST)

Step 3

Create 
corpus, 
NLP tests

Step 4

Research 
on 
ontologies

Step 5

Dissemination, 
evaluation, 
demo

Challenge addressed
Diverse metadata ontologies used in social sciences impede data discoverability, 

accessibility and interoperability.



Task Title Lead Duration

Task 1 Gathering existing materials: data/metadata/vocabularies CDSP M1-M6

Task 2 Creating LiSST: selection of suitable topics for LiSST HUN-REN CSS KDK M7-M14

Task 3 Creating the corpus HUN-REN CSS POL M15-M16

Task 4 Research on ontologies HUN-REN CSS KDK M17-M24

Task 5
NLP experiments: experiment to develop NLP methods to 
assign LiSST to new data, questions and to variables texts HUN-REN CSS POL M17-M22

Task 6
Dissemination: evaluation of results, demo and metadata 
crosswalk TAU-FSD M20-M24

Task 7 Project management HUN-REN CSS KDK M1-M24

Project Tasks and Timeline

Project period: December 2024 - November 2026



Project Impacts

 



● We will build on existing resources & outputs from 
various sources

● At the moment, we are still collecting our data: 
○ relevant metadata (in DDI format) 
○ multilingual controlled vocabularies

● The main thesaurus that we’ll use is ELSST –  the 
European Language Social Science Thesaurus

● During the project, we will also explore best ways to 
share mappings and CV crosswalks 

Gathering Existing Data/Metadata/Vocabularies

The DDI Alliance is an 
international membership 
organization that creates and 
maintains technical standards 
for describing research data in 
the social, demographic, 
economic, and health sciences.

ELSST is a broad-based, 
multilingual thesaurus for the 
social sciences. It is owned and 
published by CESSDA ERIC and 
its national Service Providers. 
The thesaurus consists of over 
3,400 concepts. 

https://ddialliance.org/
https://elsst.cessda.eu/


● The following have provided metadata for ONTOLISST (thank you!!)
○ CLOSER UK 
○ European Social Survey (Sikt)
○ Generations and Gender Programme 
○ GESIS
○ ICPSR
○ Project partners

● Metadata is usually openly available but for this project, we have asked 
permission to use it. 
○ We will not share the metadata outside the project e.g. for other AI tools.

● Do you know of DDI metadata that would include concepts from ELSST or 
some other (multilingual) thesaurus and that could be used in ONTOLISST? 
Please let us know!

Sources

https://closer.ac.uk/https://closer.ac.uk/https://closer.ac.uk/https://closer.ac.uk/https://closer.ac.uk/https://closer.ac.uk/https://closer.ac.uk/https://closer.ac.uk/https://closer.ac.uk/https://closer.ac.uk/https://closer.ac.uk/https://closer.ac.uk/https://closer.ac.uk/https://closer.ac.uk/https://closer.ac.uk/https://closer.ac.uk/https://closer.ac.uk/https://closer.ac.uk/https://closer.ac.uk/https://closer.ac.uk/https://closer.ac.uk/https://closer.ac.uk/
https://www.europeansocialsurvey.org/
https://www.ggp-i.org/
https://www.gesis.org/en/home
https://www.icpsr.umich.edu/web/about/cms/3799


Project Summary

1. Training an NLP model from on of the provided datasets (CLOSER),

to classify the observations into classes/topics

2. Analyzing the XML-DDI files for useful information

3. Predicting with the trained model from the new data from the files

poltextLAB for ONTOLISST



 



1. Training NLP model to text classification

• Task: 

building a representative example of automated text classification 

with NLP models, with an already existing codebook

• Source material:

UK survey titles and questions coded with the CLOSER codebook, 

~20k unique observations, in English

poltextLAB Demo Project for ONTOLISST

https://ucldata.atlassian.net/wiki/spaces/CLOS/pages/37323020/Topics


• 16 Main Topics:

a. Topic code: 
original CLOSER codes

b. Topic name

c. Code:
codes we used in the 
classification task (labels)

poltextLAB Demo Project for ONTOLISST - CLOSER codebook



• 119 Subtopics (examples):

a. Education subtopics

b. Health care subtopics

poltextLAB Demo Project for ONTOLISST - CLOSER codebook



poltextLAB Demo Project for ONTOLISST - CLOSER Observation Samples

Code 0 = Demographics

Code 5 = Health behavior



• Model training:

a. Training an XLM-Roberta multilingual large language model on the 
dataset, which contains question texts and the related labels from 
CLOSER

b. Training data: 16 901 observations, test data: 4 216 observations

• Model versions:

a. Version 1: training with the main topics

b. Version 2: training with the subtopics 

poltextLAB Demo Project for ONTOLISST - Model Building



Model V1 for 16 major 
topics:

• Model V1 for 16 major 
topics

• F1 score: 0.88
• Human-level score - 

infinitely replicable 
within seconds

• Most bad labels for 
health related 
topics

poltextLAB Demo Project for ONTOLISST - Results

             class



Model V2 for 119 subtopics:

poltextLAB Demo Project for ONTOLISST - Results

             class



Model Version 1 is now available in the BABEL Machine:
https://ontolisstbabel.poltextlab.com/

poltextLAB Demo Project for ONTOLISST - in the BABEL Machine

https://ontolisstbabel.poltextlab.com/
https://docs.google.com/file/d/1HiTNn7PP2TX76t-knEtj81pbdyHxzUaF/preview


This is what the automated email looks like:

AI output from the Babel Machine



This is what the automated email contains as an output csv (sample):

AI output from the Babel Machine for CLOSER labels



2.  Creating compatibility between DDI Files and the Babel AI models

• Now in DDI files:

• Keywords, concepts assigned to surveys

• Observations ("Variables") ordered into classes 

("Variable Groups")

• No standard codebook for this LISST 

• Aim:

Integrating the DDI standard files into the model

            

poltextLAB Demo Project for ONTOLISST 



• First test:

How well does the question-trained model work on "Variables"?

• Example:

Question text:   DDI Variable:

“Can you tell me, what was          “Child age exact”
[child name]’s age last birthday?”

                

poltextLAB Demo Project for ONTOLISST - Including DDI Files



3. Predicting with the question-trained model

• Task:

• Classifying the observations (Variables) with the 
question-trained model (16 classes) and compare the predicted 
labels with the original classes (Variable Groups) from the files

• SIKT - ESS: 20 classes, GESIS: 21 classes
• From the results: 

• We can see that the model stays consistent and assigns similar 
topics to the observations (next slides)

            

poltextLAB Demo Project for ONTOLISST - Including DDI Files



Most dominant predicted labels for ESS topics examples:
 0: 'Media use and trust' - Health and Lifestyle,COVID,Physical Health,Mental Health

 1: 'Justice' - Attitudes and Beliefs,

 2: 'Personal and household characteristics' - Demographics,Family and Social Networks,Pregnancy,

 3: 'Family, work and wellbeing' - Employment,Family and Social Networks, Attitudes and Beliefs,Education,

 4: 'Human values' - Attitudes and Beliefs,

 5: 'Immigration' - Attitudes and Beliefs,Demographics,

 6: 'Climate change' - Attitudes and Beliefs,

 7: 'Welfare attitudes' - Attitudes and Beliefs,Employment,

 8: 'Democracy' - Attitudes and Beliefs

9: 'Personal and social wellbeing' - Mental Health,

 10: 'Timing of life' - Life Events,Family and Social Networks,Attitudes and Beliefs,

 11: 'Justice and fairness' - Employment,Attitudes and Beliefs,

 

ESS Topics vs. Predicted CLOSER Labels 



Most dominant labels for GESIS topics examples:
  0: 'General interest services - use and experience' - Administration, Housing, 

  Physical health

 1: 'General interest services - Consumer protection' - COVID19

 2: 'Demographics 1' - Employment

 3: 'Demographics All'  - Housing,Family and social networks,Employment

 4: 'Employment and social policy 1' - Employment,COVID19

 5: 'Employment opportunities and training'  - Employment

 6: 'Employment and social policy 2'  - Employment

 7: 'National policy items' - Administration

 8: 'Energy - technologies'  - Housing

 9: 'Energy - policy' - Housing,Attitudes and beliefs

 10: 'Energy - consumption and saving' - Housing

GESIS Topics vs. Predicted CLOSER Labels 



                

poltextLAB Demo Project for ONTOLISST - Version 1 Results

SIKT - ESS Variable groups GESIS Variable groups



Conclusions
1. Question-trained NLP models can accurately recognise concepts

in survey questions from a given codebook ("variable groups", "labels")
2. The question-trained model can also classify "DDI standard Variables" 

Benefits for the project
1. Before the final LISST codebook ("ontology") is available: empirically tested 

ideas for the incorporation of already used "variable groups", "concepts" as 
labels

2. After the final LISST codebook: the final trained AI model will be able to 
automatically code question texts,"variables" fast and with good accuracy

poltextLAB Demo Project for ONTOLISST 



More information:  
https://oscars-project.eu/projects/ontolisst-thematic-ontologies-social-science-research-data 

https://oscars-project.eu/projects/ontolisst-thematic-ontologies-social-science-research-data



